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Preface

The rapid advancement of artificial intelligence (AI), machine learning, and computational
tools represents one of the most transformative phenomena of the 21st century. Human
civilization is undergoing an ongoing period of rapid progress commonly termed the "AI Boom"
or "Al Spring". This technological shift does not merely present a suite of functional tools; it
actively shapes human environments, social structures, academic research methodologies,
and artistic modes of storytelling.

In Africa, the integration of digital humanities and Al is manifesting within a dynamic socio-
technical ecosystem. This book of proceedings compiles cutting-edge peer-reviewed research
papers presented at the 9th International WAACLALS Conference hosted by the University of
Benin. The scholars featured in this collection examine how fields as varied as journalism,
mass broadcasting, theatrical performance, language preservation, music production, and
literary text analysis negotiate the boundaries between automated efficiency and human
agency.

The volume explores critical binary tensions: the optimism surrounding data personalization
and computational speed versus the pessimism regarding algorithmic bias, the threat of job
displacement, Western digital hegemony, and the erosion of original cultural authenticity. By
foregrounding local realities and promoting frameworks like the Ubuntu-inspired relational
ethics, these proceedings articulate a context-sensitive, decolonial vision for technological
integration in African creative and knowledge systems.

Prof. Marcellinus A. Okhakhu
Chairman, WAACLALS 2026



Book of Proceedings for the 9TH WAACLALS International Conference 2026

Acknowledgements

The Local Organizing Committee (LOC) and the Executive Board of the West African
Association for Commonwealth Literature and Language Studies (WAACLALS) express their
profound gratitude to the Management of the University of Benin, Nigeria, for providing a
stellar academic environment to host the 9th International Conference.

We recognize the immense contributions of our keynote speakers, special panel session
leaders, and academic peer-reviewers whose rigorous insights ensured the high quality of the
selected conference papers. Special appreciation goes to the Faculty of Communication and
Media Studies for their collaborative synergy throughout the planning and execution phases
of this assembly. Finally, we thank all the contributing authors, researchers, and
postgraduate students from various national and international institutions whose creative
scholarship forms the bedrock of this valuable compendium.



Book of Proceedings for the 9TH WAACLALS International Conference 2026

Table of Contents

Broadcasting in the Era of Artificial Intelligence. Izehiuwa Aikhena Abohi.
Department of Mass Communication, University of Benin, Benin City...................cooni. 1.

The Creation and Dissemination of Synthetic Media, Deepfake. Okorafor Nneoma
Confidence. University of Benin, Edo State, Nigeria.......cocveiiiiiiiiiiiiiiiiinciieneene, 11.

Integration of Artificial Intelligence (Al) into the Media and Journalism Industries.
Gift Ovedje. University Of BeNin.......coouiuiiiiiii e 17.

Artificial Intelligence in African Media: Implications for Journalism,
Institutions, and Knowledge Production. Omere-Victor Eghosa. University of Benin........ 44,

Convergence of Artificial Intelligence and Multimedia: A New Twist in
Media and Communication. Dr. Ufuoma O. Komiti. Department of Multimedia
Technology, Federal Polytechnic Orogun, Delta State............ccooviiiiiiiiiiiiiiiiiinrnen, 54.

Special Panel on Artificial Intelligence and Research.
Judith Shimasaan Atorough. Department of Mass Communication, Faculty
of Communication and Media Studies, University of Benin, Benin City..........c.c.ccecnenen.. 65.

Global South Perspectives on Governance of Al. Oghenekome Odhomor ...................... 78

Al's Role in Shaping Political Discourse and the Democratic Process.
Egbon Oluwafunmilayo Ifeloju & Dr. C. C. Nnabuife. Department of Mass
Communication / Department of Broadcasting, University of Benin.............c..c..c..o..... 85.

Automation in News Production and The Changing Role of the Journalist.
Agbonlahor Osamudiamen Eghosa. Department of Mass Communication,
UniverSity Of Bemin.....ooiuiuiii e 97.

Automation in News Production and the Changing Role of the Journalist:

Artificial Intelligence and the Transformation of Journalism Practice in Africa.

Uzoyare Funmi Bose. Department of Mass Communication, Faculty of

Media and Communication Studies, University of Benin..............ccooiiviiiiiiiiiiinnn, 104.

Automating the Newsroom: Challenges, Implications, and the Rise of Hybrid
Workflows. Bright Tombara Okpo. Department of Mass Communication,
University of Benin, Edo State, Nigeria.......ccoiiiviiiiiiiiiii e 114.

Implication of Artificial Intelligence on Journalistic Professionalism and
Editorial Independence. Osamagbe Lesley Egharevba. Department of Mass
Communication, University of Benin, Benin City, Edo State...............c.oooiiin. 122.

Artificial Intelligence (Al) and Disruptions in the African Media Landscape: Is Al
thinking for Journalist in Edo State, Nigeria? Sunday Akpobo Ekerikevwe,................ 130

Al in Language Preservation, Documentation, and Revitalization. Ahanor Daniel
Iyenoghogho. Department of Mass Communication, University of Benin, Edo State,
A\ T=(c o - P PP PP P PPN 139

Al And Misrepresentation of Francophone Oral Literature. Anthony Kayode

SALAU and Victoria Adeola ADEFARASIN. Tai Solarin Federal University

of Education, Ijagun, Ijebu Ode, Ogun State, Nigeria. College of Humanities,

Department of French StUdies. .....co.oiiiiiniiii e 146

Vi



Book of Proceedings for the 9TH WAACLALS International Conference 2026

Artificial Intelligence and Music in Africa: Disrupting Creativity, Ownership, and
the Economics of Sound. Agili Wisdom. University of Benin..................cooo 154.

The Use of Al in Religious Texts and Practices Asiri Eberechi Victory. ........................ 161

Beyond Close Reading: Al-Driven Insights into Chinua Achebe's Things Fall Apart.

Yisa, Abdulahi O (PhD), Prof. Oloko, M. Jamiu and Ettu Yusuf Oluwatosin.

Department of English Studies, Tai Solarin Federal University of Education,

[HebU-Ode, NIZETTIA t.vuitiiiiiiii e 169.

Emerging Thematic Trends in Contemporary Nigerian Literature: Continuity,
Change, and Artificial Intelligence. Ayedun Toyin Julius, Adenuga, F. T. and
Oluwaferanmi JEeWel OS0. ..........c.coouiiiiiiiiiiiiiiiii e 178

Data Mining and Text Analysis for Theatre Arts Research: Al in Perspective.
Oghenemudiaga Praise Akpughe, PhD & Joan Irhetei Salami. Department of
Theatre Arts, University of Benin, Benin City........ccocovviiiiiiiiiiiiiine, 191.

Stylistics of Humours in Signature Tunes: A Case Study of Selected Yoruba

Oratures and Verbal Discourses. Tabi-Agoro, Ayobami Mistura (Ph.D) &

Tanitolorun, Ezekiel Olade. Department of Yoruba Studies, Tai Solarin

University of Education, Ijebu-Ode, Nigeria.......cccviviviiiiiiiiiiiiiiiinnniiie e, 202.

Who We Are Is No Longer Stable: Artificial Intelligence and the Configuration

of Self in Francesca Ekwuyasi’s Butter Honey Pig Bread.

Dr. Damilola Abosedee Olu-Dukiya & Professor Oloko, Muhamed Jamiu.

Department of English Studies, Tai Solarin Federal University of Education,

HEDU-OAE, NIZETTIa. ¢.tnininiittiiet et ettt ettt e e e e e e enens 213.

Artificial Intelligence and the Sustainability of Indigenous Languages in

Digital Environments: Perspectives from South-Western States, Nigeria.

Adenuga, Falilat Titilola (Ph.D), Ayedun, Julius Toyin &

Osikomaiya Mojisola Olufunke. Tai Solarin University of Education /

National Open University of Nigerial.....coouvuviiiiiiiiiiiii e 223.

Forced Migration and Cultural Hybridity in David Diop's Poetry "Le Renégat” and
Femi Ojo-Ade's Gorée Unwavering Songs. ADEFARASIN Victoria Adeola (Ph.D) &
SALAU Anthony Kayode (Ph.D) .......ccoooiniiiiiiiiiiiii et eae e 229

Harnessing Social Media Influence to Curb Drug Abuse Among Youth in
Edo State. Osemwenkha Osariemen Blessing. Department of Mass
Communication, University of Benin, Benin City........cooviiiiiiiiiiiiiiiiiiiiiiiieeeeene, 245

Journalism in the Age of Artificial Intelligence: Usage and Challenges in
Bayelsa State, Nigeria. Jammy Seigha Guanah, Ph.D. & Paul Bebenimibo, Ph.D.
University of Africa, Toru-Orua / Delta State University, Abraka.........c.cccocvieiiiiiinnnnn. 254.

Influence of Artificial Intelligence (Al) on Employment in the Creative Industry
in Nigeria. Jammy Seigha Guanah, Ph.D.; Anthonia Nkechi Umuze ......................... 269

The Influence of Artificial Intelligence Powered Messaging in Behavioural
Change Communication. Livingstone Norman Nelson ......................ocociiiiiiiinnn.e. 289

Dialectics of Artificial Intelligence in Rethinking Journalism Ethical Road Map.
Ofogba Oghenekaro SAmSOM ..........c.o.oiiiiiiiiiiiii i e 299

Vii



Book of Proceedings for the 9TH WAACLALS International Conference 2026

Staging Dissent: The Dramaturgy of Activism and the Digital Transformation of
Environmental Advocacy in Nigeria’s Oil Corridor. Andrew Osemudiame Ogbeide &
Cynthia Elohor Akpughe ... 304

Artificial Intelligence and Ethical Misconduct: The Call for Caution. Dr. Sonny
Ekhorugue & Mrs. Chioma Agboh ... 310

Adopting Al as Public Relations Strategy for Political Campaigns in Nigeria.
Dr. Abimiku Monday Sunday & Dr. Vivian Aziengbe. Federal University of
Lafia / University of Benin, Benin City.......cccovuiuiiiiiiiiiii e 318.

Artificial Intelligence and the Transformation of Journalism Practice in Nigeria.
Okpare Theophilus Onojeghen & Praise Uyiri Bicoff-Gborgi. University of Benin /
Federal PolyteChniC, OTOZUIN. .. ...ouiiiiiiiie e e e 328.

Discourse Analysis of Artificial Intelligence Usage in Shaping Political

Discourse and Democratic Processes in Edo State Elections.

Bobby Eghosa Obayuwana. Department of Mass Communication, Faculty of
Communication and Media Studies, University of Benin............cococviiiiiiiiiiiinnnen... ,.. 336.

Ethical Considerations in Ai-Driven Development Communication: Balancing
Progress and Privacy. Aisosa Crystal Osarodion-Ero ..............c.c.coiiiiiiiiiiininininininnn... 345

The Ghost in the Script: A Decolonial Critique of Algorithmic Dramaturgy and the
Hegemony of Western Narrative Logic. Bamiro Peace Omokafe & Oghenemudiaga

Praise Oghenemudiaga, PhD. Department of Theatre Arts, University of Benin,

Benin City, EdO State. ..o e 352.
Artificial Intelligence, Automation, and Media Disruption: Opportunities And

Challenges For African Journalism. Kazeem Alade Oyedeji, PhD &

Oluwafemi Emmanuel Aladenika. Department of Mass Communication,

Federal Polytechnic Ede, Osun State, Nigeria......cocviviviviiiiiiiiiiinri e 362

Pidgin Englishes and the Politics of Belonging in Digital Spaces in the 2025

Presidential Elections in Cameroon: A Sociolinguistic Exploration of Online

Discourse, Hybridity, and Cultural Negotiation. Afutendem Lucas Nkwetta and
Tendongfack Joy, University of Dschang, Cameroon........c.coveeeeveiiiienineineiieniniieneeneneen. 372

Teaching Listening to Form Five Students in GBHS Dschang Using Al Tools
Joefrey Ngha Nji, PhD, Department of Bilingual Letters, The University of
| DI e] o =¥ oY= S PP PPN 386

A Conceptual Framework for Leveraging Al in Real-Time Crisis Communication to
Manage Organizational Reputation in Public Relations. Dr. Vivian Aziengbe, &

Dr. Abimiku Monday Sunday. .........ccccouiuiiiiiiiiiii e 392

Artificial Intelligence and Changing Employment Patterns in the Creative Labour
Market. Okhuarobo GOAWin ... e 403

Media literacy and the Perception of Political Bias in the Age of Artificial Intelligence
Egbon Gracie NIEOIMIA. ...........ooimiiiiiiiiiii et 412

Male Vulnerability in African Patriarchal Framework: A Masculinity and Postcolonial
Study of Adichie’s Purple Hibiscus. Patricia Ngozi Anyanwu (Ph.D.) ........................... 420

viii



Book of Proceedings for WAACLALS 9™ International Conference 2026

Broadcasting in the Era of Artificial Intelligence

Izehiuwa Aikhena Abohi
Department of Mass Communication University of Benin, Benin City

Abstract

One phenomenal offering of the technology age is Artificial Intelligence (AI). Al is transforming
the global workspace and redefining how media brands and products are managed, produced
and consumed; the broadcast media inclusive. Thus today, in the media sphere it is now
possible to talk in terms of automated content creation, editing and presentation. In view of
the numerous prospects of Al in broadcasting, this paper sought to assess broadcasting in
the era of artificial intelligence, guided by the objectives of identifying the prospects of Al in
broadcasting and ascertaining the level of adoption of Al tools in the Nigerian broadcasting
ecosystem. The propositions of the Technology Acceptance Model and Technology
Determinism Theory formed the framework of the study. The paper adopted the desk research
methodology which synthesises existing data from literatures related to the study’s theme.
Data generated were analysed using the explanation-building technique. Findings of the
study revealed that the adoption of Artificial Intelligence by Nigerian broadcasters is still at
a low stage. One key recommendation of the study is, that media practitioners prioritise
personal creativity, recalling that Al’s intelligence is only an imitation of human intelligence,
intended to serve as a support to, and not a replacement for human initiative.

Keywords: Artificial Intelligence, Automation, Communication Technologies,
Broadcasting.

Introduction

The 21stcentury is marked with a rapid pace in technological innovations birthing a shift to
a technology age where technology pervades every sphere of human endeavour, closing wide
divides, shrinking the world into a global village. The age is also called “the
information society age”, owing to the surge in information availability, accessibility and
consumption made possible by new communication technologies, perhaps in recent times;
the Al Age. This new reality is best captured by Knight (2023) who avowed that we live in the
age of Al Boom or Al Spring, an ongoing period of rapid progress in the field of artificial
intelligence which began in the late 2010s before gaining international prominence in the
early 2020s.

Thus, it is reasonable to say communication is the biggest gainer of
technological advancements or a slave of technologies. It evolves or metamorphoses as new
technologies emerge. This metamorphosis reflects in the transformation of communication
media from one form to another and the upgrade of the existing ones. It equally captures the
emergence of media convergence (the synergy of analogue media technologies and new media
technologies), a near impossible conception in distant past. These technologies have
remodelled communication, tremendously, facilitating the process of media production,
aiding media practitioners in numerous ways and enabling the possibility of having the media
audience function as key actors in the communication process, in terms of generating
contents for media organizations and switching producer-recipient roles with professional
journalists. Incontrovertibly, these technologies are redefining Mass Communication, they
have successfully switched it from a “one-to-many” to a “many-to-many” sort of
communication, making mass mediated messages more personal.

The broadcast media profoundly exemplifies this unique metamorphoses, from the crude
wired system of the colonial redistribution service (RDS) to wireless radio broadcasting, to
the analogue monochrome telecast that relied on antennas to satellite enhanced systems
and now to digital systems, powered by the internet, with particular reference to social media.
Thus, today it is possible to stream television programmes live on YouTube, download
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television programmes and send immediate feedback, almost completely eroding the
transient nature of broadcast programmes and its traditional delayed feedback. Ukonu
(2006) notes that the marriage between computer and telecommunications is the material
force in the new technologies of mass communication which has sounded the death knell of
the former laborious and cumbersome methods of information gathering, processing and
dissemination.

Currently, the new wonder is Artificial Intelligence, it is whirling around broadcasting like a
whirl wind. Conjecturing the hold of this new wonder on broadcasting,

Emwinronwankhoe (2024) quipped “Al has crept into the global broadcast ecosphere and
has held it in one fell swoop.” Al has become a game-changer in broadcasting. With its ability
to analyze vast amounts of data and perform complex tasks, Al technologies are reshaping
the landscape of the broadcast industry, enhancing viewer experience (Medialooks, 2025).

However, these new possibilities may further strengthen the western hegemony of the media,
owing to the existing digital divide between the developed and developing countries. In view
of the emergence of new communication technologies, Ukonu (2006) assert that in
the emerging new world order, developing countries can become an integral part only if
they position themselves to hold the aces in information equipment, acquisition, message
packaging and transfer worldwide. By implication, the existing gap between the developed
and developing countries can be closed if developing countries leverage communication
technologies. Butin view of the current realities in Nigeria, the question arises, to what extent
have the benefits of artificial intelligence been tapped by the Nigerian broadcast industry? To
get answers to that question, it is pertinent to first ascertain the extent to which Al is applied
by Nigerian broadcasters. Hence, this seminar paper seeks to assess broadcasting in the era
of artificial intelligence within the purview of the Nigerian society.

Statement of the Problem

The 2020s is said to be the Al Era tied to the boom in the experimentations and adoption of
artificial intelligence birthing the tag “the era of Al Boom or Al Spring”. It is an era
where artificial intelligence pervade and permeates every sphere of the human society.
Expectedly, in such society broadcasting should be impacted by artificial intelligence.
Scholars in the field of Al acclaim its wide adoption in the global broadcasting ecosphere,
noting tremendous prospects and grave challenges ingrained in this new human-Al
collaborative culture, some of which are; algorithm biases, misinformation. These
submissions trigger the curiosity to test the validity of such claims in the context of the
Nigerian broadcasting industry. Particularly to find

out the prospects of Al in broadcasting and the extent of its adoption by Nigerian
broadcasters who according to Ukonu (2006) are far too slow in the race of acquiring new
technologies. In view of the aforesaid, this seminar paper seeks to assess broadcasting in the
era of Artificial Intelligence (Al) with a focus on the Nigerian broadcast industry.

Objectives

The paper sought to achieve the following set objectives:

1. Ascertain the prospects of Artificial Intelligence (Al) in broadcasting 2. Assess the level of
adoption of Artificial Intelligence (Al) in the Nigerian Broadcast Industry.

Broadcasting: A Conceptual Overview
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Literarily, broadcasting refers to the act of casting or spreading abroad. It originally sprang
from the agricultural method of planting seedlings by spreading them abroad. In
the journalistic parlance which is the context of its usage in this paper, information
transmitted to a diversified audience via audio or audio and visual waves is what is being
spread. Dunu (2002) defined broadcasting as a pervasive communication that uses
electromagnetic impulses to reach the public instantly without the connection of wires. It
refers to the use of electromagnetic signals transmitted through space by means of radio
frequencies received as visual or aural signals by a mass audience (Owuamalam, 2006).
These signals or waves propagated through space are set up by the passage of alternating
current through specially arranged circuits called aerial systems, and are detected by the
receiving equipment (Ekhayeamhe, 2004). Characteristically, Ume-Nwangbo (1990) opined
that:

i. Broadcasting uses voice and vision and not codes
ii. It utilizes electromagnetic radiation

iii. Its operations are usually licensed by the government
iv. Its signals are for the reception of the general public and

v. Its contents (programmes) are transmitted on a regular schedule. Other characteristics in
terms of the ease of modification of contents, nature of the medium and the
medium’s messages include; flexibility, transience, ubiquity, voraciousness and (Dunu,
2002).

From the aforesaid, it can be deduced that broadcasting is of two categories; one the
aural medium which transmits only audio signals for the reception of the ears and the aural-
visual medium which transmits both audio and visual (sounds and images) for the reception
of the eyes and ears, professionally called; radio and television, respectively. However, while
the above definitions reflect the technical side of broadcasting, they fail to capture the
activities involved in producing the contents which are converted to electromagnetic waves,
which in actual fact is broadcasting. Thus, in this study, the researcher attempts to proffer
a holistic definition which describes broadcasting as all the technical activities (scripting,
recording, editing) carried out by talents, involved in producing audio or both audio and
visual contents converted by a transducer to electromagnetic waves, teleported by a
transmitter to receiver sets which converts the received signals into sounds and vision.
Summarily, broadcasting is what broadcasters do and why broadcasting houses exist.

Meaning and nature of Artificial Intelligence

Artificial intelligence is a term that describes the ability of machines to mimic or replicate
human intelligence. It is said to be artificial because it is the programming of
computer systems to provide solutions similar to human reasoned solutions, i.e.; an imitation
of solutions birthed by human intelligence. Omeiza (2025) assert that Al has to do with the
use of computers to perform certain tasks that humans ordinarily should have performed
using their brains. Copeland (2025) says the term is often applied to the project of developing
systems endowed with the intellectual processes characteristic of humans, such as the ability
to reason, discover

meaning, generalize, or learn from past experience. Just like human beings, Ojora (n.d)
cited in Guanah, Obi and Ginikachukwu (2020) posited that these Al-enabled actions of
learning and making decisions are executed exclusively of the programmer or system that
created it.

Artificial intelligence may be categorized based on its task performing
capabilities, functionalities and technologies. The task-performing category, reflects Al’s
ability to replicate human-like intelligence and perform tasks. This category demonstrates
the evolving capabilities of Artificial intelligence from task specific functions to advanced
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tasks. They include; Narrow AI, General/Artificial General Intelligence (AGI) and Super
(Super intelligent) Al. Based on functionality, Al is regarded in terms of the specific ways it
operates and responds to stimuli, i.e.; the ways it processes information, learns from data
and interacts with its environment. They include; Reactive machines, Limited AI, Theory of
the Mind AI and Self-aware Al. The technology category refers to the group of technologies
that make it possible for machines to learn, reason and make decisions. They include;
Machine Learning (ML), Deep learning, Natural Language Processing (NLP) and Computer
Vision (Syracuse University 2025; Eaton Business School, 2025; Coursera, 2025). Another
category of Al identified by Owo (2024) include; the Generative, Autonomous, Predictive,
Conversational and Casual Als.

Theoretical Framework

This conference paper is built on the suppositions of the Technology Acceptance Model
(TAM) and Technology Determinism Theory.

The technology acceptance model illustrates the motivating factor for accepting and using a
technology. It posits that there are two motivations for using a technology. These motivations
which Philip (2017) calls determinant factors are; one the perceived usefulness of the
technology to the individual or group and two; the ease of usage of the technology. The
model was developed by Fred Davies in 1989 to showcase the link between perception
and adoption. In relation to the current study, the model showcases why the world is drawn
towards Artificial Intelligence (Al), thereby enabling individuals’ understand the link between
human perception and the adoption of technologies. In terms of perceived usefulness Al
exists as a veritable source of support to broadcast organisations in terms of generating
contents, editing and audience management. This is an incontestable motivation for its
adoption in broadcasting. Secondly, in terms of perceived usage, Al is not so technical if one
understands the technicalities of prompting and manipulating Al tools to yield desired
results. One can easily fact-check information by searching on Al generative platforms like
Chat GPT as you do on Google. With the right Al, typing reports can also be as easy as
speaking to your device while the Al does the typing for you.

Technology Determinism Theory on the other hand postulates that developments
in communication technologies are the forces of change in human society (Ekhareafo &
Asemah, 2013). This means technology is viewed as the hub of human civilization, the
social engineering tool or forger of human societies, patterns and operations. Chandler
(1995) explained that technical developments, communication technologies or most
broadly technology in general are the sole antecedent causes of changes in the society, or
the fundamental condition underlying the pattern of social organisation. As captured by
Langdon (n.d), the technology of a given society is a fundamental influencer of the various
ways in

which a society exists and, changes in technology are the primary source that lead to change
in the society. (Communication Theory, 2016). The theory evolved from the writings of
Thorstein Veblen and Marshall McLuhan. One key projection of this paper is that media
operations, particularly broadcasting is modified by emerging technologies which includes
Artificial Intelligence. The theory provides valid reasons for such occurrences.

Methodology

The researcher adopted the desk or conceptual research approach. This method focuses on
evaluating already existing information related to the study’s theme, extracted from
literary sources (books, journals, newspapers, etc.) from which inferences were made. This
approach in the view of Oyedokun, Amedu and Azizi (2025) facilitates the location, analyses,
inference and presentation of systematic reasoned relevant data.

Al-driven Broadcasting
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The deployment of artificial intelligence in broadcasting brings to fore the concept
of automated broadcasting. Loosely borrowed from the definition of automated
journalism according to Kotenidis and Vegil (2021), automated or algorithmic broadcasting
as the case may be is a term that attempts to describe the impact of technological changes
on the process or procedures of broadcasting. This brand of broadcasting leverages intelligent
programmes to manage and complete tasks.

Prospect of Artificial Intelligence in Broadcasting

Artificial Intelligence holds great prospects for the global broadcast ecosystem. Its integration
in the broadcast industry offers unparalleled speed, ease, efficiency and productivity in terms
of programme production, broadcast operations and management. Emwironwankhoe (2024)
notes that Al exists as the major force driving significant changes in information

gathering, content production, packaging, distribution and consumption. He goes further to
say that artificial intelligence provides the base upon which spontaneity, credibility and
versatility are enjoyed by broadcasters. Al is actively being used in broadcast production
workflows to enhance efficiency and quality. It automates repetitive tasks significantly
speeding up production timelines (Yan Cai, 2025). The prospects of Artificial Intelligence in
Broadcasting are numerous. However, some of the prospects as sourced from the articles of
Sammin (2024), LinkedIn (2025) and Ono, Okolie & Chiaghana (2025) are presented below:

i. Automated Content Creation

Al-driven algorithms can generate content, such as news articles, sports highlights, and
even scripts for shows. Natural language generation (NLG) technology allows broadcasters
to produce reports quickly based on real-time data. This capability enables news outlets to
keep pace with the fast-moving news cycle while ensuring accurate and timely reporting.
Also Aldriven transcription and translation services can automate the creation of subtitles
and captions, making content accessible to a broader audience. This technology not only
speeds up the localization process but also supports compliance with accessibility standards,
ensuring inclusivity for hearing-impaired viewers.

ii. Intelligent Editing Tools

Al tools in broadcasting can assist editors by automating mundane editing tasks, such as
cutting footage, colour correction, and sound enhancement. Machine learning algorithms can
analyse video content, tagging scenes and suggesting edits based on themes or specific
criteria. This technology reduces the time spent in post-production and helps creative focus
on the more artistic aspects of editing.

iii. Personalized Content Recommendations

Al enables broadcasters to analyse viewer data to deliver personalized
content recommendations. By tracking viewing habits, preferences, and behaviour across
platforms,

Al systems can suggest shows or segments that align with individual viewer tastes.
This personalization helps improve viewer engagement and retention, ultimately leading to
greater audience loyalty.

iv. Enhanced Viewer Analytics

Al-driven analytics tools provide broadcasters with deep insights into audience behaviour
and engagement. By analysing data from various sources, such as social media interactions
and viewership trends, Al allows broadcasters to better understand which content resonates
with their audience. This information can inform programming decisions and marketing
strategies. v. Enhanced Audio and Visual Quality

Al advantage in broadcast is evident in its ability to significantly enhance audio and
visual quality during broadcasts. Technologies like Al-powered noise reduction, up scaling
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low resolution video, and real-time graphics rendering help achieve a polished final product.
Al algorithms can also analyse and adapt the feed to provide the best possible viewing
experience, depending on bandwidth and device capabilities.

vi. Enhanced Audience Engagement

Al also enhances viewer engagement by offering personalized experiences. Machine
learning algorithms provide tailored content recommendations based on individual viewing
habits, making it easier for audiences to discover programs they enjoy. In the realm of Al
and broadcasting, the integration of these technologies not only enriches content delivery but
also fosters a deeper connection between broadcasters and their audiences.

vii. Cost Efficiency

Al lowers operational cost by automating routine tasks and optimizing resource
allocation. Automated video editing, real-time analytics and Al-assisted content moderation
reduce the need for manual labor, cutting down production time and operational costs. Al
can also increase

revenue by enabling targeted advertising, identifying brand placements in live streams
and optimizing monetization strategies through data-driven insights.

viii. Operational Efficiency

Al enhances operational efficiency by handling tasks that would otherwise take hours or
even days for human teams to complete. From object detection in video footage to
automatic background removal for production teams, Al streamlines workflows, allowing
broadcasters to focus on creativity rather than repetitive tasks. Al automation also ensures
consistent quality across all video outputs. Since Al follows predefined rules and patterns, it
eliminates inconsistencies that may arise from human error, resulting in a more uniform and
professional end product.

ix. Enhanced Content Creation

Real-time analytics enable broadcasters adjust their contents and strategies to suit
audience preferences, leading to optimized live broadcast effectiveness. Al in live broadcast
enhances the overall production quality by automating camera operations and integrating
interactive graphics, ensuring that crucial moments are captured and presented effectively.
Additionally, Al algorithms can be very effective in post-production as well, automating video
file editing and thereby increasing productivity.

X. Advanced Computer Vision and Real-Time Analytics

Al-powered computer vision is a system that delivers real-time insights, instant replays
and enhanced visual effects. It enables broadcasters to process live video feeds with
unprecedented accuracy and speed. From tracking player movements in a sports event to
identifying brand logos in advertisements, Al-driven real-time analytics is reshaping how
content is produced and consumed.

xi. Data-driven Decision Making

With Al managers are motivated to make better decisions based on precise data and
not speculation or guesses. For instance Al can help with content performance metrics,
trend prediction and audience analytics helping managers make informed decisions. Other
benefits include; brand monitoring, content personalisation and innovative storytelling.

Adoption of Artificial Intelligence in the Nigerian Broadcast Industry
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In May 2025, TVC, a Nigerian television news channel launched its first set of virtual anchors,
programmed to present news bulletins in Igbo, Hausa, Yoruba, Pidgin and English languages.
(TVC.com). TVC’s initiative, first of its kind in the history of Nigeria makes a bold statement
that sets a trajectory in the Nigerian broadcasting landscape. Abdulrasheed (2025) assert
that the move underscores how Nigerian leading broadcasters are beginning to
embrace automation in content delivery, combining Al scalability with editorial oversight to
navigate a fast-changing media environment. Although, TVC’s initiative, makes a good
attempt to rewrite or perhaps reconstruct the narrative of the Nigerian broadcasting industry
in terms of being at the bottom end of the tech ladder, current statistics show that in terms
of scaling the level of adoption of Artificial Intelligence by Nigerian broadcasters, Al may at
best be described as being in its infantile stage.

The findings of a 2025 survey conducted by the Broadcast Media Africa (BMA) group based
on the responses of media professionals and policy makers in the media value chain
who constituted the study’s sample, revealed that only 9% of media houses reported using
Al extensively, while 48% acknowledged they use it in very limited capacities. In terms
of investments, only 30% of the respondents plan to invest less than $10,000 over the next
two years. Although they acknowledged that Al applications could increase efficiency,
productivity, cost reductions, better decision making based on data insights and improved
content quality,

such weak percentages show in sarcasm just how much they value Al’s prospects. The
reasons for this low numbers according to the study include; lack of skilled personnel,
perceived high cost of implementation and use of Al, cultural sensitivity and the erosion of
media organisation’s credibility. The findings of Etumni and Azubuike (2024) affirm BMA’s
statistics. The study which focused on the application of artificial intelligence in broadcasting
in an information driven society with Imo state as a case study concluded that there is a low
level of application of artificial intelligence in broadcasting. The results showed that Al was
only used to generate information which is the least in terms of the capacity of Al. These days
almost everybody uses ChatGPT to source for and generate information and for the longest
time people have depended on the google search engine for information.

In a study conducted by Ododo-Obari and Asak (2025) on the influence of
Artificial Intelligence on Content Creation in Broadcasting with a focus on two leading
television stations in the country; Channels Television and the Nigerian Television Authority
(NTA) Lagos. It was found that Al technologies increasingly permeate media productions
ranging from automated news writing and speech synthesis to intelligent editing tools and
audience analytics which has enhanced production speed and content personalization.
However, the researchers also noted concerns with the adoption of Al in broadcasting, such
as; job displacement, ethical issues and the diminishing role of human creativity.

Obuoshi (2024) in his qualitative study focused on “adopting artificial intelligence in the
Nigerian Broadcast Media” observed that the media were yet to embrace full digital migration
which is said to limit the integration of artificial intelligence in broadcasting. Obuoshi,
observed that the contributing factors include; the fear of media domination in terms of the
degree of technology of use between the developed and developing nations, as well as the
financial burdens of artificial intelligence and the inconsistencies of robots stemming
from the malfunctioning of programmed instructions.

Ifeyinwa Nsude’s (2022) journal article titled “Artificial Intelligence (AI) the Media and security
challenges in Nigeria highlighted that Al provides more sources than ever from which truth
can be discerned, however, Al-enhanced forgery of audio and video media is rapidly improving
in quality and decreasing in cost. The implication of this is that in the near future AI-
generated forgeries will challenge the basis of trust in media institutions. Also added to
the identified challenges, Okorie et al (2024) includes; job displacement concerns,
ethical considerations and accountability issues.

Rostamain and Kamreh (2024) carried out a research on Al in Broadcast Media Management,
highlighting the inherent opportunities and challenges in Iran. The qualitative study utilized
semi-structured interviews with 15 media professionals involved in media management
purposively sampled. Findings revealed numerous opportunities provided by Al for media
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managers, such as; enhanced content creation, improved audience engagement, increased
operational efficiency, data-driven decision making and personalized advertising. However,
high cost of Al implementation, privacy concern, skill gaps, ethical considerations and
regulatory issues were highlighted as major drawbacks to the application of
artificial intelligence in media management. Although Rostamain and Kamreh’s study is not
Nigerian focused, the highlighted obstacles to the effective adoption of Artificial Intelligence
by Iranian broadcasters prove that the issues are not particular to Nigeria. This is confirmed
by NCS (2025) which listed including high implementation costs, technical infrastructure
requirements and the need for specialized expertise as significant barriers organisations face
in the adoption of Al.

Conclusion and Recommendations

Artificial Intelligence (AI) has taken the centre stage in the global broadcasting ecosphere. So
much so that the continued relevance of media organisations may be tied to their effective
utilization of Al technologies or perhaps, it can be said that any organisation that

wishes to stay relevant in this age of AI Boom must leverage its offerings. Unfortunately,
the Nigerian broadcast industry lags behind in terms of embracing the full potentials of
artificial intelligence owing to systemic issues ingrained in the fabrics of the Nigerian society
as well as external factors stemming from the threats Al pose to broadcast media
organisations. These threats range from the decline in human creativity attributed to
overdependence on Al tools, to the proliferation of fake news, algorithm biases and other
ethical related issues. That being said, the prospects of Al for Broadcasting in the synthesized
researches and scholastic submissions cited in the study outweigh the concerns or
disadvantages.

Therefore, to address the identified concerns, it is recommended that media organisations
adopt a double fact-checking mechanism employing both Al tools and the traditional fact-
checking methods that preceded Al so as not to get clogged in Al’'s mud of speculations and
hallucinations. Also, media practitioners must prioritise personal creativity, recalling that
AT’s intelligence is only an imitation of human intelligence, intended to serve as a support to,
and not a replacement for human initiative. Lastly, Al’s output depends on the accuracy in
promptings, as such, regular trainings should be organized by media organisations in order
to effectively master the manipulation of Al tools to yield desired results, stay updated with
trends in Al evolution and maintain ones spot on the payroll of the media organisation; that
way the challenge of skill gap and job security concern is tackled.
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THE CREATION AND DISSEMINATION OF SYNTHETIC MEDIA, DEEPFAKE.
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Abstract

This paper explores a simple but important idea: digital technology has not just changed the
way people communicate. it has deeply altered how information is created, shared, and
consumed across the world. Instead of focusing on abstract theories or technical language,
this study brings together real experiences and research from the fields of media and artificial
intelligence to better understand how the creation and dissemination of synthetic media has
influenced individuals. Why does this matter? Because media is now woven into almost every
part of people’s lives. This research looks at the different ways deep fakes contents affects and
influences the media space, how it produces highly realistic but artificially generated audio,
video, or image content using advanced artificial intelligence techniques, get involved in
politics, and fit into their new communities, where we can still have questions to answer using
ideas from technological determinism Theory, and the Uses and Gratifications approach, this
paper shows how media use is shaped by age, generation, and personal choices. Sometimes,
the media helps bring people closer and strengthens community ties; other times, it can
deepen divisions or create misunderstandings. In the end, this research argues that while this
technological advancement has opened new frontiers for creativity, entertainment, and
innovation, its sophisticated studios and technical expertise and relatively accessible tools
allow the creation and dissemination of manipulated media. To truly understand the ongoing
impact of this nonstop impact, the study recommends more in-depth, long-term research that
listens to people’s real stories and emotions.

Introduction

The creation and dissemination of synthetic media, deep fakes, digital content such as text,
images, audio, and video generated or modified by artificial intelligence (Al) and machine
learning, has seen an alarming, rapid expansion in recent years. The term deepfake, a
portmanteau word of “deep learning” and “fake,” refers to media that appears authentic but
is actually artificially created. Deep learning is a branch of the academic field of Artificial
Intelligence that relies on complex neural networks to analyze and reproduce patterns in large
datasets. These systems can study thousands of images or voice recordings of a person and
then generate new content that closely mimics their appearance or speech this was
established in 2017 by amateur users sharing their (largely pornographic) face-swap creations
on a Reddit discussion board (de Ruiter, 2021). Synthetic media, on the other hand, emerged
in the late 2010s as a catch-all term for a variety of Al-generated content, including deepfakes,
virtual humans, and augmented reality (Kalpokas, 2021). While the two terms are often used
interchangeably (Westerlund, 2019), it is important to note that deepfakes are only one
specific kind of synthetic media.

Synthetic media is a broader concept and also includes text, images, video, and audio content
generated by a variety of machine learning models (de Seta, 2024). Among the most widely
discussed forms of synthetic media are deepfakes, which involve the use of advanced machine
learning algorithms to create highly realistic but fabricated media content. Which involve the
use of advanced machine learning algorithms to create highly realistic but fabricated media
content. Understanding The creation and dissemination of deepfakes have raised significant
academic, ethical, political, and technological concerns because they blur the line between
reality and manipulation. How deep fakes are created, and how they spread through media
ecosystems, and their broader implications for society is therefore essential. The
dissemination of deepfake content has been further facilitated by the rise of social media and
digital communication networks. Platforms such as YouTube, TikTok, Instagram, and X
(Twitter) have transformed the way information circulates in modern societies. These
platforms allow users to upload, share, and redistribute multimedia content almost instantly.
Their algorithmic recommendation systems are designed to promote content that generates
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high levels of engagement, which can sometimes lead to the rapid spread of sensational or
controversial materials. In such an environment, deepfake videos can quickly gain visibility
and reach large audiences before their authenticity can be verified.

The speed and scale at which digital content spreads have created new challenges for media
institutions, policymakers, and the public. Traditionally, news organizations served as
gatekeepers responsible for verifying information before it reached the public. However, the
rise of user-generated content and decentralized communication platforms has weakened
these traditional gatekeeping mechanisms. In many cases, manipulated media may circulate
widely online before journalists or fact-checking organizations have an opportunity to
investigate its authenticity. This situation has contributed to growing concerns about
misinformation and the reliability of digital information sources. The Technological
determinism framework helps explain the creation and dissemination of synthetic media and
deepfakes. Technology drives social change. In this context, deepfakes are not just tools; they
actively reshape communication, trust, and reality. (Marshal MC Luhan). The emergence of
deepfakes is not accidental but a consequence of rapid technological evolution, which is
redefining the boundaries between reality and fabrication. Audiences actively select media to
meet needs such as social connection or information access (Katz, Blumler, & Gurevitch,
1974). At the same time, uses and gratification theory provides a broader framework: it
suggests that users are not passive victims of deep fakes; they actively seek out and share
synthetic media to fulfill psychological and social needs. These theoretical lenses illuminate
not only patterns but also the profound effects of synthetic media on users.

Statement of the problem

The proliferation of deepfakes poses significant challenges for journalism and public trust in
media. Historically, photographic and video evidence have been regarded as a reliable record
of events, but not anymore. In Nigeria, where social media usage has grown significantly in
recent years, these challenges take on a unique dimension. The widespread use of platforms
such as WhatsApp, Facebook, and X (formerly Twitter) has created an interconnected digital
space where information flows quickly and often without verification. The informal nature of
media dissemination, especially through private messaging groups, makes it difficult to track
and control the spread of deep fakes. One of the most pressing problems associated with
synthetic media is its potential to spread misinformation and disinformation at an
unprecedented scale. In an era already marked by information overload and declining trust
in media institutions, deepfakes introduce a new layer of complexity. Unlike earlier forms of
fake news, which could often be identified through textual inconsistencies or lack of credible
sourcing, deepfakes exploit the persuasive power of visual and auditory realism. This
challenge is particularly significant in politically sensitive contexts. In democratic societies,
the integrity of information plays a crucial role in shaping public opinion, electoral processes,
and governance. Paris, B., & Donovan, J. (2019). Deepfakes have the potential to disrupt these
processes by creating false narratives that influence voter perception or incite social unrest.
In countries where political tensions are already high and media literacy levels vary widely,
the consequences can be even more severe. The possibility that individuals may act on false
but convincing information raises serious concerns about national stability, security, and
democratic accountability. Therefore, this study seeks to examine the underlying dynamics of
synthetic media creation and dissemination, with a focus on understanding its implications
for communication practices and societal trust. By exploring the motivations behind its use,
the mechanisms of its spread, and the perceptions of its audiences, the research also aims to
contribute to a more nuanced understanding of the challenges posed by deepfakes. In doing
so, it hopes to provide insights that can inform policy, practice, and further academic inquiry
in this critical area.

Review of empirical studies

Understanding the creation and dissemination of synthetic media and deepfakes is therefore
essential to grapsing how the synthetic media works. What it was built for and how it affect
individuals, families, media literacy and journalism. Deepfakes media consumption sits at the
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heart of this process. Media functions not simply as entertainment or information but as a
bridge across space and time, a way of sustaining cultural memory, maintaining contact with
relatives, and negotiating hybrid identities. With synthetic media is its potential to spread
misinformation and disinformation at an unprecedented scale. In an era already marked by
information overload and declining trust in media institutions, deepfakes introduce a new
layer of complexity. Unlike earlier forms of fake news, which could often be identified through
textual inconsistencies or lack of credible sourcing, deepfakes exploit the persuasive power of
visual and auditory realism. A fabricated video of a public figure making controversial
statements or engaging in unethical behavior can circulate rapidly across social media
platforms, reaching millions before any verification can occur.

One of the many patterns in the way people consume synthetic media, especially deep fakes,
is shaped less by deliberate choice and more by everyday digital habits. Most people don’t
wake up intending to watch a deep fake; they stumble on one while scrolling through
platforms like TikTok, Instagram, or YouTube. This makes deep fake consumption largely
passive. It blends into the endless stream of content—memes, news clips, celebrity gossip—
so it’s often consumed without much scrutiny, at least at first glance. A big part of this
consumption is driven by entertainment. Many deep fakes are funny, creative, or simply
fascinating. Seeing a popular actor’s face swapped into a different movie scene or a public
figure made to say something unexpected can be amusing. People watch, laugh, and share
with friends. In these cases, the fact that the content is fake is part of the appeal. It’s not
meant to deceive but to entertain. Because of this, deep fakes have quietly become part of
normal online culture, especially among younger users who are already used to remix culture
and digital creativity. Although digital technologies dominate contemporary discussions,
traditional media remain highly significant among many populations. Satellite television,
ethnic radio stations, and community newspapers are central in sustaining cultural
continuity. For instance, Turkish communities in Germany have long relied on Turkish-
language newspapers and television channels, which are widely available via satellite (Aksoy
& Robins, 2000). Similarly, South Asian migrants in the United Kingdom often access
Bollywood films on DVDs or ethnic cable channels, reinforcing linguistic familiarity and
cultural aesthetics (Georgiou, 2006). Digital technologies have been used to create deep fakes
for decades, the world of high-end media production, be it cinema, professional advertising,
or complex animation, was a walled garden. Only those with access to massive capital, elite
studios, and large crews could bring grand visions to life. Synthetic media is tearing down
these walls. It acts as the "great equalizer,” moving the creative power from the hands of the
few to the minds of the many.

Face synthesis: These techniques generate completely unreal facial images, usually using
advanced Generative Adversarial Networks (GANs). They show remarkable results, such as
the production of high-quality facial images with excellent realism. This can illustrate several
cases of full-face synthesis produced by StyleGAN, we can mention video games and 3D
modeling. However, their negative applications include the creation of convincingly fake
accounts in on-line communities, as well as the proliferation of false information through
online platforms.

Identity Swap: In these techniques, the face of a person in video content is replaced with
another human face. Usually, we examine two methodologies that are used, namely. (i)
Standard methods for creating web graphics, such as FaceSwap. (iij) Enhanced deep learning
methods, also known as Deep Fakes: Examples are various recent mobile phone applications.
Furthermore, examples of such techniques have been identified in highly convincing videos
from popular digital platforms that are available through commercial websites. Among the
sectors where these techniques are used is the entertainment industry. In contrast, their
negative applications are carried out in cases of financial fraud and scams.

Attribute Manipulation: The processing of the image of the human face can include the
modification of specific features of it, including skin color, hair, age, gender, or even the
incorporation of additional accessories, such as glasses, etc. Generally, Generative
Adversarial Networks (GANSs), such as the StarGAN method described earlier are used in these
cases. A typical case of the above-mentioned is the smartphone application FaceApp. Users
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of the application can access a variety of facial appearance-changing tools, such as glasses,
hairstyles, cosmetics etc.

Expression Swap: Human facial movements can be the subject of change as part of these
technologies. These technologies can be found in applications such as Face2Face and neural
textures, they provide replacement of human expressions of an existing face, with expressions
of another face in video or photo content, despite the existence of various detection methods
in the scientific literature, such as image-level approaches using established GAN
architectures. public opinion can be easy, however, through the use of these technologies, as
for example in the infamous fake social media video of Volodymyr Zelensky surrendering to
Russian forces?.

In the grand tapestry of human invention, few threads have sparked as much debate as the
emergence of synthetic media. Often colloquially reduced to the term "deepfakes," this
technology represents a profound shift in how we create, consume, and interact with the
digital world. . Synthetic media is not merely a tool for deception; it is a bridge to new forms
of accessibility, a catalyst for educational revolution, and a democratizing force in the world
of art and storytelling. This paper seeks to move beyond the alarmist narratives and explore
the deeply human benefits of this technology, focusing on how it empowers individuals,
preserves legacies, and fosters a more inclusive global society.

The Voice of the Voiceless: Personal Empowerment and Healthcare

One of the most heart-stirring applications of synthetic media lies in the realm of personal
dignity and medical recovery. For many, the ability to communicate is a fundamental part of
their human identity. When diseases like Amyotrophic Lateral Sclerosis (ALS) or various forms
of cancer rob an individual of their physical voice, the psychological impact can be as
devastating as the physical one. Traditional text-to-speech tools, while functional, often
provide a robotic, impersonal sound that fails to capture the essence of the person. Synthetic
voice cloning changes this narrative entirely. By using a small sample of a person's original
voice recorded before the progression of their illness specialized tools can create a digital vocal
persona that sounds exactly like them. This allows a grandfather to read stories to his
grandchildren in his own voice, or a professional to continue participating in meetings with
their unique vocal inflections. This is not about "faking" a voice; it is about restoring a stolen
piece of human identity. It allows for a level of independence and self-expression that was
previously unimaginable, ensuring that even as the body fails, the human spirit can still be
heard in its most authentic form.

Furthermore, in the field of mental health and bereavement, synthetic media offers a unique,
albeit sensitive, path toward healing. Controlled simulations can help those suffering from
Post-Traumatic Stress Disorder (PTSD) or severe phobias by creating safe, adjustable
environments for exposure therapy. By visually and audibly recreating triggering scenarios in
a way that the patient can manage, therapists can guide individuals through their trauma
with a precision that traditional methods lack.

Democratizing the Canvas: The New Era of Creative Expression

For decades, the world of high-end media production be it cinema, professional advertising,
or complex animation was a walled garden. Only those with access to massive capital, elite
studios, and large crews could bring grand visions to life. Synthetic media is tearing down
these walls. It acts as the "great equalizer,” moving the creative power from the hands of the
few to the minds of the many.

A young filmmaker in a remote village, equipped with nothing more than a basic laptop and
an internet connection, can now utilize synthetic tools to generate cinematic visuals that
would have cost millions of dollars just ten years ago. They can create hyper-realistic
backgrounds, de-age actors to tell multi-generational stories, or even generate entire crowds
without hiring a single extra. This democratization means that the stories we see and hear
will no longer be limited to the perspectives of a few major studios; we are entering an era
where the richness of global human experience can finally be captured and shared by anyone
with an idea.
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This shift also extends to the world of fashion and retail. Small businesses, which often
struggle to afford expensive photoshoots with diverse models, can now use synthetic imagery
to show their products on a wide range of virtual models. This not only cuts costs but also
allows for a level of representation that was previously a luxury. A boutique owner can
instantly show their designs on models of various ethnicities, body types, and ages, making
their brand more relatable and inclusive to a global audience.

Living History: A Revolution in Education

Education has long relied on the static page textbooks that describe the past in black and
white. Synthetic media is turning these pages into living, breathing experiences. Imagine a
history class where students don't just read about the Cold War; they watch a high-fidelity
synthetic recreation of John F. Kennedy delivering a speech that was written but never
actually filmed. Or consider a science lab where students can interact with a 3D, synthetic
model of human anatomy that responds to their questions in real-time. This technology allows
us to "bring back" historical figures not as curiosities, but as interactive teachers. Museums,
such as the Dali Museum in Florida, have already begun using this technology to allow visitors
to "meet" and take selfies with a synthetic version of Salvador Dali. In a classroom setting,
this level of engagement can transform a dry subject into an unforgettable experience. When
a student can "talk" to a synthetic representation of a historical figure, history stops being a
list of dates and becomes a human story.

Moreover, synthetic media is a powerful tool for language learning. Students can engage in
realistic, face-to-face conversations with synthetic "native speakers" who can adapt their pace,
vocabulary, and even their facial expressions based on the student's progress. This provides
a safe, judgment-free environment to practice a new language, making education more
accessible to those who may not have the means to travel or hire private tutors.

Breaking the Language Barrier: Global Inclusivity

We live in a hyper-connected world, yet language remains one of the most persistent barriers
to true global understanding. Synthetic media is providing the "universal translator" we have
long dreamed of. Through advanced dubbing and lip-syncing technology, a single video
message can be automatically translated into dozens of different languages, with the speaker's
lips moving in perfect sync with the new audio. For global organizations, this means that life-
saving information—such as health warnings or educational resources—can be delivered to
remote populations in their native tongue, spoken by a familiar face. This increases trust and
ensures that critical information is not lost in translation. For creators, it means their work
can reach a global audience without the clunky experience of subtitles. We are moving toward
a world where a person's birthplace and native language no longer dictate the limits of the
information they can access or the art they can enjoy. The dissemination of synthetic media
is accelerated by social media platforms, enabling the rapid, widespread, and sometimes viral
spread of manipulated content. The digital age has transformed the mechanisms and
accelerated the distribution of disinformation through media creation and Al, which is carried
out by a mix of state and non-state actors employing diverse tactics. Disinformation
campaigns can be highly sophisticated and leverage a range of tactics, including but not
limited to bots and micro targeting to spread false information, drown out dissenting voices,
and create an illusion of widespread support for a particular perspective.

For instance, bots are commonly referred to as automated software agents designed to mimic
real users on social media. These can be programmed to post content, create fake personas,
engage with users and artificially amplify the engagement and reach of disinformation. Micro-
targeting, on the other hand, often involves strategically using consumers’ online data to
personalize and disseminate tailored disinformation to specific, often narrow, audience
segments, which helps to increase its persuasiveness and potential impact.

These tactics have expanded the reach, scalability, and precision of disinformation operations,
which aim to disrupt elections and muddy public opinion. In addition, the role of social media
platforms is crucial, as their algorithms not only amplify the reach of disinformation but also
enable targeting specific audiences, making disinformation more difficult to detect and
counter.
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Methodology

The library method is the research design for this study. The qualitative research approach
takes into account secondary data sources to arrive at a position of discourse (Asemah,
Gujbawu, Ekhareafo8& Okpanachi 2017; Arijniwa, Pepple & Asemah). In line with the foregoing,
this study relied on secondary materials, including Al, books, magazines, newspapers, and
articles from books, chapters, and journals. A thematic method was adopted for analyzing the
data, which resulted in themes structured in line with the objectives of the study.

Conclusion and recommendation

The exploration of deepfakes is therefore not merely a technical discussion about artificial
intelligence tools; it is also a critical examination of the future of media itself. By
understanding how synthetic media is created, disseminated, and interpreted by audiences,
scholars and practitioners can better anticipate the opportunities and risks that accompany
this rapidly advancing technology.

Synthetic media content is a growing challenge for all actors worldwide. Its sophisticated
manipulation techniques can significantly compromise data integrity and hinder research. To
effectively address this threat, law enforcement agencies, government and private institutions
must gain a comprehensive understanding of the synthetic media landscape, including its
production, dissemination and potential implications for research.

Improving research capabilities is essential to create effective tools and methodologies that
can distinguish between authentic and fabricated media. World, the negative impacts of
synthetic media can be alleviated, thereby preserving the trustworthiness and dependability
of global research. By maintaining vigilance, advancing technology, and fostering
collaboration between government and private actors around the world, the negative impacts
of synthetic media can be reduced, thereby maintaining the credibility of global research.
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Integration of Artificial Intelligence (AI) into the media and journalism industries.
Gift Ovedje
University Of Benin
Abstract

This study explores the integration of Artificial Intelligence (Al) into the media and journalism
industries, examining its implications for journalistic practices, audience engagement, and
ethical concerns. As Al technologies become increasingly prevalent in newsrooms, their
impact on content production, editorial decision-making, and the overall media landscape
requires critical investigation. Through a mixed-methods approach, including qualitative
interviews with journalists, editors, and Al developers, content analysis of Al-generated and
human-generated news stories, and a survey of media consumers, this research aims to
understand how Al is reshaping the media industry.

The study identifies key themes such as the growing adoption of Al tools for automating
content generation, data analysis, and personalized news delivery, alongside significant
concerns about transparency, bias, and accountability in Al-generated journalism. While Al
offers potential for improving efficiency and streamlining production processes, ethical
challenges such as algorithmic bias, lack of human oversight, and the displacement of
traditional journalistic roles remain prevalent. Furthermore, the study highlights the mixed
perceptions of audiences regarding the credibility and trustworthiness of Al-generated
content. Findings suggest that while Al is changing the way news is produced and consumed,
it has not yet fully earned the trust of audiences. Journalists and media professionals are
cautiously embracing Al tools, recognizing their potential but also acknowledging the need for
stringent ethical guidelines to prevent misinformation and bias. The study concludes by
offering recommendations for ethical Al integration in media, emphasizing the importance of
maintaining journalistic integrity, diversity of sources, and transparency in the use of Al
technologies.

Keywords: Artificial Intelligence (Al), Journalism, Media Industry, Al in Journalism, Content
Generation, Ethical Concerns, Audience Trust.

Introduction.

The media industry has experienced profound transformation over the past few decades as
digital technologies continue to reshape how information is produced, distributed, and
consumed. One of the most influential developments in this digital transformation is the rise
of Artificial Intelligence (Al). Artificial intelligence broadly refers to computer systems capable
of performing tasks that traditionally require human intelligence, such as learning, reasoning,
language processing, pattern recognition, and decision-making. As technological innovation
accelerates, Al has increasingly become integrated into various sectors of society, including
healthcare, finance, education, transportation, and communication. In the media industry,
particularly journalism, the integration of Al is gradually redefining newsroom operations,
news production processes, and audience engagement. Journalism has historically relied on
human reporters, editors, and gatekeepers to collect, verify, interpret, and disseminate
information to the public. The traditional newsroom environment was characterized by
manual reporting processes, editorial deliberations, and structured routines for producing
news content. However, the digital revolution has significantly altered these practices. With
the expansion of the internet, social media platforms, and mobile technologies, the speed at
which news is produced and circulated has increased dramatically. Media organizations now
operate in an environment where audiences expect real-time updates, multimedia storytelling,
and personalized content. In response to these demands, many news organizations have
turned to technological innovations, including artificial intelligence, to enhance efficiency and
maintain competitiveness in the rapidly evolving media landscape.

Artificial intelligence has introduced new possibilities for gathering, processing, and
presenting information within the newsroom. Through techniques such as machine learning,
natural language processing, and data mining, Al systems can analyze large volumes of data,
detect patterns, and generate textual content in ways that were previously impossible. These
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capabilities have led to the emergence of what scholars commonly describe as automated
journalism or algorithmic journalism. Automated journalism involves the use of algorithms
and software programs to convert structured data into news narratives with minimal human
intervention. Research shows that automated systems are now widely used in newsrooms to
produce routine stories such as financial reports, sports updates, weather forecasts, and
election results (Rahman, 2024). The growing presence of Al in journalism reflects broader
changes in the communication ecosystem. Media organizations today operate in an
environment characterized by information overload, shrinking newsroom budgets, and
increasing competition from digital platforms. The ability of Al to process large datasets
quickly and generate content at high speed offers significant advantages for news
organizations seeking to maintain productivity while managing limited resources. Many media
institutions have adopted Al-driven tools for tasks such as automated news writing, data
analysis, audience analytics, and content recommendation systems. These technologies allow
journalists to focus more on investigative reporting, analysis, and storytelling while routine
and repetitive tasks are handled by machines. According to recent research, Al adoption in
journalism has expanded rapidly in recent years, particularly in areas such as data-driven
reporting and automated news production.

Another important dimension of Al integration in journalism is its role in improving the
efficiency of newsroom operations. Al-powered tools can assist journalists in gathering
information from multiple sources, identifying emerging trends, and verifying facts through
automated systems. For instance, algorithms can monitor social media platforms, government
databases, and public records in real time, allowing journalists to identify breaking news
events more quickly. Similarly, machine learning systems can analyze audience behavior and
engagement patterns, helping media organizations understand which types of stories attract
the most attention and how audiences interact with digital content. Such insights enable news
organizations to tailor their content to the preferences of specific audiences while maintaining
editorial relevance. In addition to improving newsroom efficiency, artificial intelligence has
also contributed to the development of new forms of journalism. Data journalism, for example,
relies heavily on computational tools to analyze complex datasets and present them in
accessible formats for the public. Al technologies have made it possible for journalists to
explore vast quantities of information, uncover hidden patterns, and present findings through
interactive visualizations, charts, and narratives. These developments have expanded the
scope of journalism by enabling reporters to investigate issues that would otherwise be
difficult to analyze using traditional methods.

Despite these opportunities, the increasing reliance on artificial intelligence in journalism has
raised several ethical, professional, and practical concerns. One of the most frequently
discussed issues is the potential impact of Al on journalistic integrity and credibility.
Journalism has long been guided by professional values such as accuracy, fairness,
objectivity, and accountability. Critics argue that automated systems may struggle to uphold
these values, particularly when algorithms generate news stories without adequate human
oversight. There are concerns that Al-generated content may lack contextual understanding,
critical interpretation, and ethical judgment—qualities that remain central to responsible
journalism. Another concern relates to transparency and accountability in Al-driven
journalism. When news stories are produced or assisted by algorithms, questions arise
regarding who is responsible for the accuracy and reliability of the information presented. In
many cases, audiences may not be aware that certain news articles or summaries have been
generated by automated systems. This lack of transparency can undermine public trust in
the media, especially if errors or biases occur in algorithmically generated content. Scholars
emphasize the importance of maintaining clear editorial guidelines and disclosure practices
when Al technologies are used in news production.

The issue of algorithmic bias has also become a central topic in discussions about Al and
journalism. Artificial intelligence systems rely on data to learn and make decisions. If the data
used to train these systems contain biases or inaccuracies, the resulting outputs may reflect
or even amplify those biases. In the context of journalism, this could influence how news
stories are framed, which topics receive coverage, and how information is presented to
audiences. As a result, scholars and media practitioners have called for greater transparency
in the development and deployment of Al technologies within news organizations. Another
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significant debate surrounding artificial intelligence in journalism concerns the future of
journalistic employment. As Al systems become more capable of performing tasks traditionally
handled by journalists, concerns have emerged about the possibility of job displacement
within the media industry. Automated systems can generate news reports in seconds, raising
questions about whether human reporters may eventually be replaced by machines. However,
many scholars argue that Al is more likely to complement rather than replace human
journalists. Instead of eliminating journalism jobs entirely, Al may reshape newsroom roles
by creating new forms of collaboration between humans and machines.

Recent studies suggest that the integration of Al into journalism is leading to the emergence
of hybrid professional roles within the newsroom. Journalists increasingly require skills in
data analysis, programming, and digital storytelling in addition to traditional reporting
abilities. Some scholars refer to this shift as the rise of the “journalist-programmer,” a
professional who combines journalistic expertise with technological competence. These hybrid
roles reflect the evolving nature of journalism in the digital era and highlight the need for
media professionals to adapt to changing technological environments. Artificial intelligence is
also transforming the relationship between media organizations and their audiences. Digital
platforms such as search engines, social media networks, and news aggregation services rely
heavily on algorithms to curate and distribute information. These algorithms determine which
stories appear in users’ news feeds, search results, and recommendation systems. As a result,
Al technologies play a significant role in shaping the information environment in which
audiences encounter news. While algorithmic curation can help users access relevant content
more easily, it may also create challenges such as filter bubbles, echo chambers, and the
spread of misinformation.

The influence of Al on audience engagement has become particularly evident in the era of
personalized news consumption. Many media organizations now use Al-driven
recommendation systems to deliver customized news content based on users’ browsing
habits, location, and interests. These systems analyze user data to predict what type of
content individuals are most likely to engage with, allowing news platforms to deliver
personalized experiences. While personalization can enhance user satisfaction and increase
audience loyalty, it also raises concerns about privacy, data protection, and the potential
narrowing of public discourse. The rapid advancement of generative Al technologies has
further intensified debates about the role of artificial intelligence in journalism. Generative Al
systems, including large language models, can produce coherent and contextually relevant
text based on vast datasets. These systems are capable of generating entire news articles,
headlines, summaries, and social media posts with minimal human input. Recent research
indicates that the development of generative Al is reshaping the concept of automated
journalism and expanding the possibilities of machine-generated news content.

The growing interest in Al-driven journalism has attracted significant attention from scholars
and researchers across various disciplines, including communication studies, computer
science, media studies, and information science. Academic research on Al and journalism has
expanded rapidly since the late 2010s, reflecting the increasing importance of computational
technologies in the media industry. A systematic review of academic literature shows that
research in this area has grown significantly since 2018, indicating the rising scholarly
interest in understanding the implications of artificial intelligence for journalism and media
practice.

From a global perspective, news organizations in different parts of the world are experimenting
with Al technologies in diverse ways. Some media outlets have adopted automated systems to
produce routine news stories, while others use Al tools to assist journalists with research,
fact-checking, and multimedia production. There have also been experimental initiatives
where entire sections of newspapers were produced using Al-generated content, although
such experiments have highlighted both the capabilities and limitations of automated
journalism. These developments illustrate the ongoing exploration of how Al technologies can
be integrated into journalistic workflows while preserving the fundamental values of
journalism. As the media industry continues to evolve, the relationship between artificial
intelligence and journalism will likely become even more complex. While Al offers numerous
opportunities for improving efficiency, innovation, and audience engagement, it also raises
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critical questions about ethics, accountability, and the future of journalism as a profession.
The challenge for media organizations lies in finding a balance between embracing
technological innovation and maintaining the principles that underpin responsible
journalism.

Understanding the role of artificial intelligence in media and journalism is therefore essential
for scholars, practitioners, and policymakers. By examining how Al technologies are
integrated into news production, distribution, and consumption, researchers can gain deeper
insights into the changing dynamics of the media landscape. Such studies contribute to
broader discussions about the future of journalism in the digital age and the ways in which
technology can support, rather than undermine, the public service role of the media.

Background to the study

The media landscape has undergone remarkable transformation over the past few decades as
a result of rapid technological development. From the invention of the printing press to the
emergence of radio, television, and the internet, technological innovation has always played a
crucial role in shaping how information is produced, distributed, and consumed. In recent
years, one of the most significant technological developments influencing the media industry
is artificial intelligence (Al). Al has gradually become an important component of modern
communication systems, particularly within journalism and media production processes.
Artificial intelligence refers to the development of computer systems that can perform tasks
that normally require human intelligence, including learning, reasoning, problem solving,
pattern recognition, and language processing. Although the concept of Al dates back several
decades, recent advancements in computing power, data availability, and machine learning
techniques have accelerated the development and application of Al technologies across
various sectors. The media industry is among the sectors experiencing profound changes due
to the integration of Al technologies.

Historically, journalism has been a profession rooted in human judgment, editorial decision-
making, and professional ethics. Journalists have traditionally been responsible for gathering
information, verifying facts, conducting interviews, and presenting stories to the public in
ways that promote understanding of important social, political, and economic issues.
However, the rise of digital technologies has significantly altered the traditional routines of
journalism. The growth of online media platforms, social networking sites, and mobile
communication technologies has created an environment where news is produced and
circulated faster than ever before. In this rapidly changing environment, media organizations
are constantly searching for innovative ways to improve efficiency while maintaining the
credibility and relevance of their content. Artificial intelligence has emerged as one of the
technologies capable of addressing some of the challenges faced by modermn journalism. Al
systems are capable of processing large amounts of data within a short period of time,
identifying patterns within complex datasets, and generating text-based outputs that
resemble human writing. These capabilities have opened new possibilities for the production
and dissemination of news content. Many media organizations now employ Al-driven tools to
assist journalists in tasks such as data analysis, news writing, fact-checking, content
recommendation, and audience engagement (Graefe, 2016).

One of the earliest and most visible applications of artificial intelligence in journalism is
automated news writing. Automated journalism involves the use of algorithms and natural
language generation systems to convert structured data into written news stories. These
systems can produce reports on topics such as financial earnings, sports results, and weather
forecasts within seconds after the relevant data becomes available. Media organizations such
as the Associated Press and Reuters have experimented with automated news production to
improve efficiency and expand coverage of routine topics. Research shows that automated
journalism allows news organizations to publish large volumes of content without significantly
increasing newsroom staff (Carlson, 2015). The use of Al in journalism extends beyond
automated writing. Machine learning algorithms are also used to analyze audience behavior
and preferences. By examining data such as page views, reading time, and social media
engagement, Al systems can identify patterns in how audiences interact with news content.
These insights enable media organizations to tailor their stories to the interests of specific
audiences, thereby improving audience engagement and retention. Personalization algorithms
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are increasingly used by online news platforms to recommend articles that match individual
users’ interests and browsing habits (Thurman, Dérr, & Kunert, 2017).

Another important area where artificial intelligence is influencing journalism is data
journalism. Data journalism involves the use of statistical analysis and computational tools
to investigate and present complex issues through data-driven storytelling. Al technologies
allow journalists to analyze large datasets that would be difficult or impossible to examine
manually. For instance, Al tools can be used to detect patterns in government spending
records, election data, or environmental statistics. By uncovering hidden patterns within data,
journalists can provide deeper insights into issues that affect society. The growing integration
of Al in journalism is also closely connected to the broader process of digital transformation
within the media industry. Over the past two decades, traditional media organizations have
faced significant economic challenges as advertising revenue has shifted from print and
broadcast platforms to digital platforms. At the same time, the rise of social media has
changed the way audiences access news. Many people now encounter news content through
social media feeds rather than directly visiting the websites of news organizations. This shift
has created intense competition for audience attention in the digital space.

In response to these changes, media organizations have increasingly turned to technological
innovation as a strategy for survival. Artificial intelligence provides tools that can help news
organizations operate more efficiently in the digital environment. For example, Al systems can
assist journalists in monitoring social media platforms for breaking news events. Algorithms
can scan thousands of online posts in real time to identify emerging trends, potential news
stories, or eyewitness accounts of major events. This capability allows journalists to respond
more quickly to developing stories and maintain their relevance in a fast-moving information
environment.Despite the many opportunities associated with Al-driven journalism, the
growing use of artificial intelligence in the newsroom has also generated a number of debates
and concerns among scholars and media professionals. One major concern relates to the
potential impact of automation on journalistic employment. As Al systems become more
capable of performing tasks traditionally carried out by journalists, some observers fear that
automation could lead to job losses within the media industry. However, many scholars argue
that Al is more likely to transform journalism rather than replace journalists entirely. Instead
of eliminating the need for human reporters, Al technologies may shift the focus of journalistic
work toward more analytical and investigative tasks (Lewis, Guzman, & Schmidt, 2019).

Ethical considerations also play a central role in discussions about Al and journalism.
Journalism has long been guided by professional values such as accuracy, fairness,
accountability, and transparency. When news stories are generated or influenced by
algorithms, questions arise regarding who is responsible for ensuring that these values are
upheld. For instance, if an Al system produces an inaccurate or misleading news story,
determining responsibility can be challenging. Some scholars argue that media organizations
must develop clear guidelines for the use of Al in journalism to ensure that editorial
accountability is maintained.

Another concern relates to algorithmic bias. Artificial intelligence systems rely on data to learn
and make predictions. If the datasets used to train Al systems contain biases, the resulting
outputs may reflect those biases. In journalism, this could influence which topics receive
coverage or how certain groups of people are represented in news stories. As a result,
researchers emphasize the importance of transparency in the design and implementation of
Al technologies within the media industry. Artificial intelligence has also influenced the
relationship between journalists and their audiences. Digital platforms increasingly rely on
algorithms to determine which news stories are displayed to users. These algorithms play a
powerful role in shaping public access to information. While algorithmic recommendation
systems can help users discover relevant content, they may also create so-called “filter
bubbles,” where individuals are primarily exposed to information that aligns with their
existing beliefs. This phenomenon has raised concerns about the potential impact of Al on
democratic discourse and the diversity of viewpoints available in the public sphere (Pariser,
2011; Thurman et al., 2017).

In the context of developing countries, including many African nations, the adoption of Al
technologies in journalism is still at an early stage. However, the influence of digital
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technology on media practices is becoming increasingly visible. News organizations across
Africa are gradually embracing digital tools to enhance their reporting capabilities. Although
the adoption of Al in African newsrooms remains limited compared to Western media
organizations, there is growing interest in exploring how these technologies can support
investigative journalism, improve fact-checking processes, and combat misinformation. In
Nigeria, the media industry operates within a dynamic and complex environment
characterized by rapid technological change, political pressures, and economic constraints.
Nigerian journalists are increasingly using digital tools to gather and distribute information,
particularly through online platforms and social media. While the integration of artificial
intelligence into Nigerian journalism is still developing, there is growing awareness among
media practitioners and scholars about the potential benefits and challenges associated with
Al technologies.

The rise of generative Al technologies in recent years has further intensified discussions about
the role of artificial intelligence in journalism. Generative Al systems are capable of producing
human-like text, images, and audio content based on large datasets. These technologies have
introduced new possibilities for automated content creation, but they have also raised
concerns about misinformation, deepfakes, and the manipulation of digital media. As
generative Al becomes more accessible, the need for responsible use of these technologies in
journalism becomes increasingly important. Scholarly interest in Al and journalism has grown
significantly in recent years. Researchers from fields such as communication studies, media
studies, computer science, and information technology are examining how Al technologies are
reshaping newsroom practices and media ecosystems. Studies have explored various aspects
of Al-driven journalism, including automated news production, algorithmic decision-making,
ethical challenges, and the impact of Al on journalistic labor.

Understanding the relationship between artificial intelligence and journalism is therefore
essential for assessing the future of the media industry. As Al technologies continue to evolve,
they will likely play an increasingly important role in shaping how news is produced,
distributed, and consumed. At the same time, journalists, scholars, and policymakers must
carefully consider the ethical, professional, and societal implications of integrating Al into
media systems.The study of Al and media seeks to explore these complex interactions between
technology and journalism. By examining how artificial intelligence is transforming newsroom
practices and media institutions, researchers can gain deeper insight into the changing
nature of journalism in the digital age. Such studies contribute to broader discussions about
the future of media and the role of journalism in promoting informed public discourse in
democratic societies.

Objectives of the Study
The specific objectives of the study are to:

1. examine the impact of artificial intelligence on news production processes in modern
journalism.

2. analyze the role of Al in enhancing audience engagement and content personalization.
3. explore the ethical implications of using Al in journalism.

4. evaluate the adoption and challenges of Al technologies in newsrooms, with a specific focus
on developing countries.

S. assess the future potential of Al in transforming journalistic practices.

Conceptual review
. The Concept of Artificial Intelligence

Artificial intelligence has become one of the most widely discussed technological innovations
in contemporary society. The concept generally refers to the development of computer systems
capable of performing tasks that would normally require human intelligence. These tasks
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include learning from experience, recognizing patterns, processing language, making
decisions, and solving complex problems. Although the idea of artificial intelligence has
existed for several decades, recent advancements in computing power, data availability, and
machine learning techniques have significantly expanded its capabilities and applications
across different sectors of society.

Scholars have offered various definitions of artificial intelligence depending on the perspective
from which the concept is examined. According to Russell and Norvig (2016), artificial
intelligence refers to the study and design of intelligent agents—systems that perceive their
environment and take actions that maximize their chances of achieving specific goals.
Similarly, Kaplan and Haenlein (2019) describe Al as the ability of computer systems to
interpret external data, learn from such data, and use those learnings to achieve particular
tasks through flexible adaptation. These definitions highlight the central role of learning and
adaptation in artificial intelligence systems.

In practical terms, Al operates through a combination of technologies such as machine
learning, natural language processing, computer vision, and data analytics. Machine learning
allows computers to learn from large datasets and improve their performance over time
without being explicitly programmed for every task. Natural language processing enables
machines to understand and generate human language, making it possible for Al systems to
write text, translate languages, and respond to user queries. These technologies have played
a major role in enabling the use of Al in the media industry, particularly in journalism.

Over the past decade, artificial intelligence has become increasingly integrated into everyday
digital experiences. Online platforms use Al to recommend content, filter information, detect
spam, and analyze user behavior. In the context of media and journalism, these technologies
have introduced new possibilities for gathering information, producing news stories, and
distributing content to audiences.

o The Concept of Journalism

Journalism is a professional practice concerned with the collection, verification,
interpretation, and dissemination of information about events and issues that are of public
interest. Traditionally, journalism has served as an important pillar of democratic societies by
providing citizens with reliable information needed to participate in public life and make
informed decisions. The practice of journalism involves several activities, including news
gathering, reporting, editing, and publishing through various media platforms such as
newspapers, radio, television, and digital platforms.

The core values of journalism have remained relatively consistent over time despite changes
in technology and media structures. These values include accuracy, fairness, objectivity,
independence, and accountability. Journalists are expected to verify information before
publication, present balanced perspectives on important issues, and maintain independence
from political and commercial influences. These principles help ensure that journalism fulfills
its social responsibility as a watchdog of society.

However, the digital revolution has significantly altered the environment in which journalism
operates. The emergence of the internet and social media has transformed the way news is
produced and consumed. Information now circulates rapidly across digital platforms, and
audiences have access to a wide variety of sources beyond traditional media institutions. As
a result, journalists must adapt to new technologies and changing audience expectations
while maintaining professional standards.

. Artificial Intelligence in Journalism

Artificial intelligence has gradually become an important component of modern journalism.
Al technologies are now used in various stages of the news production process, including
information gathering, data analysis, content creation, and distribution. These technologies
assist journalists in handling large volumes of information and performing tasks more
efficiently.
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One of the most notable applications of Al in journalism is automated news writing.
Automated journalism involves the use of computer algorithms to generate news stories from
structured data. For example, sports scores, financial reports, and weather data can be
converted into readable news articles through natural language generation systems. Media
organizations such as the Associated Press and Bloomberg have adopted automated
journalism systems to produce thousands of routine news reports quickly and efficiently
(Graefe, 2016).

Automated journalism does not necessarily eliminate the role of journalists. Instead, it often
complements human work by handling repetitive tasks while journalists focus on more
complex reporting activities. Studies have shown that audiences sometimes find it difficult to
distinguish between human-written and machine-generated news stories when the content is
based on structured data (Thurman et al., 2017). This suggests that Al-generated news has
reached a level of sophistication capable of supporting certain forms of journalism.

Another area where Al has become influential is data journalism. Data journalism involves
the use of computational tools to analyze large datasets and uncover patterns that can inform
news stories. Al technologies enable journalists to process complex datasets more efficiently
than traditional methods. For example, machine learning algorithms can analyze government
records, financial transactions, or social media activity to identify trends and anomalies that
may indicate important news developments.

Al is also used in fact-checking and verification processes. In an era where misinformation
spreads rapidly online, journalists face the challenge of verifying large volumes of information
circulating on digital platforms. Al-powered verification tools can assist journalists in
identifying manipulated images, detecting fake accounts, and analyzing the credibility of
online sources. These tools help journalists maintain accuracy and credibility in an
increasingly complex information environment.

o Algorithmic Journalism

Algorithmic journalism refers to the use of computational algorithms to assist in the
production, selection, and distribution of news content. Algorithms can analyze data, identify
newsworthy events, and generate reports based on predefined templates. The development of
algorithmic journalism has been driven by the need for speed and efficiency in the digital news
environment.

Algorithms are also used to determine how news content is presented to audiences. Many
online news platforms rely on algorithmic recommendation systems to personalize content for
users. These systems analyze user behavior, including reading habits and search history, to
recommend articles that match individual interests. While personalization can improve user
engagement, it may also influence the diversity of information that audiences receive.

Researchers have raised concerns about the potential consequences of algorithmic journalism
for democratic discourse. When algorithms prioritize content based on user preferences,
individuals may be exposed primarily to information that aligns with their existing views. This
phenomenon, often referred to as the “filter bubble,” may limit exposure to diverse
perspectives and contribute to political polarization (Pariser, 2011).

. Generative Artificial Intelligence in Journalism

Recent developments in generative Al have introduced new dimensions to the relationship
between artificial intelligence and journalism. Generative Al refers to systems capable of
producing new content—such as text, images, or audio—based on patterns learned from large
datasets. Large language models can generate coherent articles, summaries, and headlines
within seconds.

The emergence of generative Al tools has sparked significant debate within the journalism
community. On one hand, these tools offer opportunities for improving efficiency and
expanding content production. Journalists can use Al systems to summarize lengthy
documents, analyze large datasets, and generate draft articles that can later be refined by
human editors.
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On the other hand, generative Al also raises important ethical concerns. Al-generated content
may contain factual errors, biases, or misleading information if not carefully monitored. There
is also concern that generative Al could be used to produce fake news or manipulate public
opinion. As a result, many scholars emphasize the need for clear ethical guidelines governing
the use of generative Al in journalism (Lewis et al., 2019).

° Ethical Issues in Al Journalism

The integration of artificial intelligence into journalism raises several ethical questions related
to transparency, accountability, and trust. Journalism relies heavily on public trust, and any
technology that affects news production must be carefully managed to maintain credibility.

One major ethical concern involves transparency. Audiences have the right to know whether
the news they are reading was produced by human journalists or generated by algorithms.
Some media organizations have begun labeling Al-generated content to maintain
transparency with their audiences.

Another ethical issue relates to accountability. When an Al system produces an inaccurate or
harmful news story, determining responsibility can be complicated. Journalists, editors, and
technology developers must work together to establish clear guidelines for the use of Al in
news production.

Algorithmic bias is also a significant concern. Al systems learn from historical data, which
may contain biases related to race, gender, or social status. If these biases are not addressed,
Al systems could reproduce or amplify existing inequalities in media representation.

. Al and the Future of Journalism

The relationship between artificial intelligence and journalism continues to evolve as
technology advances. While some observers fear that Al may replace journalists in the future,
many scholars believe that the most likely outcome is a collaborative relationship between
humans and machines.

Al technologies are particularly effective at processing large amounts of data and performing
repetitive tasks quickly. Human journalists, on the other hand, bring creativity, ethical
judgment, and contextual understanding to the news production process. By combining these
strengths, journalists can use Al tools to enhance their work rather than replace it.

The future of journalism will likely involve increased collaboration between journalists, data
scientists, and technology developers. News organizations may invest more in digital skills
training to ensure that journalists are equipped to work with Al technologies. At the same
time, maintaining the ethical principles of journalism will remain essential for preserving
public trust in the media.

Understanding the conceptual foundations of artificial intelligence and journalism is therefore
crucial for examining how these two fields intersect. As Al continues to reshape media
practices, scholars and practitioners must carefully evaluate both the opportunities and
challenges associated with its use in journalism.

Literature review

The use of Artificial Intelligence (Al) in journalism has garnered increasing attention in recent
years as digital technologies continue to evolve and shape the media landscape. Al systems,
capable of learning from large datasets, recognizing patterns, and making decisions without
human intervention, are now embedded in several stages of news production, distribution,
and consumption. Al technologies, such as natural language processing (NLP), machine
learning (ML), and data analytics, have revolutionized how news is generated, edited,
personalized, and delivered to audiences. These technologies have not only impacted
journalistic practices but also raised new ethical concerns, particularly with regard to
transparency, accountability, and bias in news reporting.

The following literature review explores how Al is transforming journalism. It will examine the
various applications of Al in newsrooms, the role of Al in enhancing audience engagement,
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the ethical issues surrounding the use of Al, and the potential challenges and future
opportunities for Al-driven journalism. It also highlights empirical studies from both
developed and developing countries, with a focus on the integration of Al in African and
Nigerian media contexts.

. Al and Journalism: An Overview

Artificial Intelligence refers to the simulation of human intelligence in machines programmed
to think and act like humans. In the context of journalism, Al encompasses a wide range of
technologies that assist journalists in gathering, producing, analyzing, and distributing news.
Al technologies have been applied in various journalistic tasks, such as automated news
writing, fact-checking, content recommendation, and audience interaction. Al can help news
organizations process large volumes of data, generate content rapidly, and enhance user
engagement, which can improve overall productivity in the newsroom (Graefe, 2016).

. Al in News Production

One of the most significant ways Al is transforming journalism is through automated
journalism—the use of algorithms to produce written news stories from structured data. Al
systems can process large datasets, generate reports, and even create complete news articles
in real-time. Media outlets such as The Associated Press, Bloomberg, and Reuters have
adopted automated systems to produce routine news articles on topics like sports scores,
financial earnings reports, and election results (Graefe, 2016). These automated systems use
predefined templates to generate articles quickly and accurately based on the structured data
provided.

Automated journalism allows journalists to focus on more in-depth reporting and investigative
work, leaving routine news tasks to Al systems. However, Al-driven news writing has raised
concerns about the quality of journalism, particularly regarding the lack of nuance, context,
and analysis in Al-generated content. While Al excels at producing fact-based news reports,
it struggles with the interpretation of complex social issues, requiring human journalists to
provide context and investigative insights that Al cannot replicate (Broussard, 2018).

Moreover, Al is also being used in data journalism, where journalists use computational tools
to analyze large datasets to uncover hidden patterns and trends. Al tools can process vast
amounts of data, identify correlations, and provide insights that would be difficult for human
journalists to detect manually. This has significant implications for investigative reporting, as
Al enables journalists to explore data in ways that were previously not possible (Broussard,
2018). For example, Al has been used to analyze political donations, government spending
records, and environmental data to uncover hidden stories and provide more accurate
reporting (Lewis et al., 2019).

) Al and Audience Engagement

Al is not only revolutionizing news production but also reshaping how audiences engage with
content. Content personalization is one of the most prominent applications of Al in media.
Platforms like Google News, Facebook, and Twitter use Al-powered algorithms to recommend
news stories to users based on their browsing history, interests, and social media interactions.
By analyzing user behavior and preferences, Al systems can deliver content tailored to
individual users, increasing engagement and time spent on platforms (Thurman et al., 2017).

While personalized content increases user engagement, it has also raised concerns about the
narrowing of information exposure. Al algorithms often prioritize content that aligns with
users' existing beliefs and preferences, creating filter bubbles (Pariser, 2011). This selective
exposure can limit users' access to diverse viewpoints and may contribute to political
polarization. Some scholars argue that this trend undermines the role of journalism in
providing a broad and balanced range of information for public discourse (Scholz, 2019).

In addition to content recommendations, Al has also been used to improve audience
interaction. Media organizations are increasingly adopting chatbots and virtual assistants
powered by Natural Language Processing (NLP) to enhance user engagement. These Al tools
allow users to interact with news outlets in a more conversational manner, enabling them to
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ask questions, receive personalized news updates, and even participate in live interviews. This
interactive form of engagement reflects a broader trend in the media industry toward more
dynamic and personalized user experiences (Broussard, 2018).

. Ethical Implications of Al in Journalism

As Al becomes more integrated into journalism, it brings with it a range of ethical concerns,
particularly regarding transparency, accountability, and bias. These concerns have sparked
debates about the responsibility of media organizations, journalists, and Al developers in
ensuring that Al technologies are used ethically.

. Transparency

One of the most significant ethical challenges of Al in journalism is transparency. It is
essential that news organizations disclose when content is produced by Al systems rather
than human journalists. Transparency helps maintain public trust, as audiences need to
know whether they are engaging with machine-generated content or journalism produced by
human reporters. In a rapidly changing media landscape, where Al is increasingly responsible
for generating news, ensuring transparency is critical to fostering credibility and
accountability (Lewis et al., 2019).

o Accountability

Al-driven journalism also raises issues regarding accountability. When Al systems produce
erroneous or misleading content, it can be difficult to pinpoint who is responsible. If an Al
system generates a news story that contains factual inaccuracies or propagates harmful
stereotypes, should the responsibility fall on the developers of the Al system, the media
organization that used the system, or the journalists overseeing the content? Media
organizations must develop clear guidelines and frameworks to ensure that Al-generated
content adheres to the same ethical standards as human-written journalism (Graefe, 2016).

° Bias in Al

Another critical ethical issue is bias in Al systems. Al algorithms are trained on large datasets,
and if those datasets contain biases—whether related to race, gender, or socioeconomic
status—the Al systems may inadvertently reinforce or amplify those biases in their output.
For example, an Al-powered news recommendation system trained on biased data may
prioritize certain types of stories while underrepresenting marginalized groups or reinforcing
negative stereotypes (Broussard, 2018). To ensure fairness and inclusivity in Al-driven
journalism, media organizations must pay careful attention to the data used to train Al models
and the algorithms that govern content selection.

) Empirical Studies on Al and Journalism

Empirical studies on Al and journalism have examined a variety of topics, from the impact of
Al on news production to the role of Al in shaping audience behavior and engagement. In
developed countries, much of the research has focused on automated journalism, content
personalization, and algorithmic news curation. For instance, Graefe (2016) found that Al
systems were being used by major news organizations like The Associated Press to produce
routine stories on sports, finance, and weather. This has allowed journalists to focus on more
complex, investigative work, while Al handles repetitive, data-driven tasks.

Thurman et al. (2017) explored how Al recommendation systems are used to personalize news
feeds on digital platforms, finding that Al-driven personalization leads to greater user
engagement but may also create filter bubbles that limit exposure to diverse viewpoints.
Similarly, a study by Lewis et al. (2019) examined how Al is used to automate editorial
workflows and content distribution, concluding that Al has made newsrooms more efficient
but also raised concerns about editorial control and bias.

In the African context, studies on Al in journalism are still emerging, but scholars are
beginning to explore how Al technologies could enhance journalistic practices in countries
with limited technological infrastructure. For example, Mare (2020) examined how Al could
be used to improve news reporting in African countries by streamlining data collection and
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enhancing content curation. However, the adoption of Al in African journalism is hampered
by challenges such as limited access to technology, inadequate training for journalists, and
financial constraints.

Al has already made significant contributions to the journalism industry, particularly in the
areas of news production, audience engagement, and content personalization. While Al has
increased the efficiency of newsrooms and enhanced user engagement, it has also raised new
ethical concerns that must be addressed. Transparency, accountability, and bias are some of
the key issues that media organizations must consider when incorporating Al into their
journalistic practices. Empirical studies have shown that Al-driven journalism has the
potential to transform the media landscape, but it is essential that Al technologies are used
responsibly to ensure fairness, diversity, and accountability in news reporting.

As Al continues to evolve, its role in journalism is likely to expand, raising important questions
about the future of the industry and the ethical implications of automated news production.
Further research is needed to understand the long-term impact of Al on journalism,
particularly in developing countries like those in Africa, where the adoption of Al in
newsrooms is still in its early stages.

Review of empirical studies

The integration of Artificial Intelligence (Al) into journalism has garnered significant attention
in both academic and practical circles. Empirical studies on Al in journalism explore a wide
array of applications—from automated content generation to content recommendation
systems, as well as data-driven investigative journalism. This section reviews key empirical
studies in the field, focusing on how Al is transforming news production, news consumption,
and audience engagement. It also explores studies examining the ethical and operational
challenges that accompany Al adoption in newsrooms across different contexts.

. Al and Automated Journalism

One of the most significant areas of research on Al in journalism is automated journalism—
the use of Al tools to generate news articles, especially for data-heavy stories like financial
reports, sports results, and election outcomes. Empirical studies have investigated the role of
automation in speeding up content creation, reducing newsroom costs, and changing editorial
workflows.

For example, Graefe (2016) conducted a study on the adoption of automated journalism by
media organizations like the Associated Press (AP) and Reuters. Graefe found that automated
systems were effective in generating real-time stories based on structured data, such as
quarterly earnings reports or sports scores. These Al systems enabled news organizations to
scale their coverage of repetitive events while allowing journalists to focus on more nuanced
or investigative work. Automated journalism, according to the study, allowed AP to publish
thousands of articles in seconds, which would have otherwise taken human reporters much
longer to produce. Despite the efficiency gains, the study highlighted the concern that
automation may reduce the depth and complexity of journalistic coverage, particularly when
it comes to complex issues that require human interpretation (Graefe, 2016).

Another empirical study by Lewis, Guzman, and Schmidt (2019) examined the growing use of
Al systems in newsrooms to automate tasks beyond content generation, such as editorial
decisions and content curation. The study found that Al-driven content production not only
accelerated the generation of routine news but also enabled journalists to personalize content
more effectively. However, the study raised concerns about the ethical implications of Al in
newsrooms, particularly regarding the potential bias in the Al algorithms and the lack of
transparency when Al systems are used to curate content for audiences.

° Al and Data Journalism

Al has also been extensively studied in the context of data journalism. Data journalism
involves using computational tools and algorithms to analyze vast datasets in order to uncover
patterns and trends that inform news stories. Al systems are especially effective in analyzing
large, unstructured datasets that human journalists might struggle to manage manually.
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An example of empirical work in this area is Broussard’s (2018) research on the role of Al in
data-driven investigative journalism. Broussard’s study found that Al tools allowed journalists
to analyze complex datasets, such as government spending reports, political donations, or
environmental data, to identify patterns that would be difficult for human reporters to
uncover. Al tools, including machine learning algorithms and data-mining techniques, helped
reveal hidden stories about political corruption, corporate malfeasance, and environmental
hazards, further expanding the scope and depth of investigative journalism.

Additionally, Thurman et al. (2017) analyzed how Al is used to support data journalism and
noted that while Al had greatly enhanced investigative capabilities, it also posed challenges
in terms of interpretation. Automated analysis by Al tools often required human journalists
to provide necessary context or expertise to ensure that findings were reported accurately and
ethically. The study concluded that AI should be viewed as a powerful tool to complement
journalists’ efforts, rather than as a replacement for human input in the investigative process.

. Al and Audience Engagement

The use of Al in audience engagement and content personalization is another key area of
empirical research. Al-driven algorithms are used by platforms like Google News, Facebook,
and Twitter to personalize content based on users' past behaviors, preferences, and
engagement patterns. These recommendation systems have been studied extensively to
understand their effects on user engagement and information consumption patterns.

For instance, Pariser (2011) in his seminal work on filter bubbles highlighted how
recommendation algorithms, by personalizing content, could narrow users' exposure to
diverse perspectives, potentially fostering ideological echo chambers. This concern was also
explored in Scholz’s (2019) empirical study, which looked at how Al-powered personalization
algorithms were shaping users’ news consumption on digital platforms. Scholz found that
while personalized content helped increase engagement, it also raised the concern that users
were being exposed to a limited range of viewpoints, reinforcing existing biases and possibly
contributing to the fragmentation of the public sphere.

On the other hand, Thurman, Dérr, and Kunert (2017) found that while Al-driven
personalization enhanced audience engagement, it also raised ethical concerns about privacy
and the collection of personal data. Their research showed that personalized content made
users more likely to return to platforms, but it also amplified the risks of surveillance
capitalism, where personal data is harvested for commercial purposes. In conclusion, the
study called for greater transparency and clearer ethical guidelines around the use of Al in
media personalization.

One of the most notable ethical issues in Al-driven journalism is the potential for algorithmic
bias. Studies have shown that Al systems, which learn from large datasets, can inadvertently
perpetuate existing biases found in the data. For example, Broussard (2018) highlighted how
Al-powered news recommendation systems could amplify biases by relying on data that
reflects historical inequalities, such as racial or gender disparities. The study concluded that
Al systems should be designed with mechanisms to mitigate bias and ensure fairness in
content curation.

A related issue is accountability—determining who is responsible when Al systems produce
misleading or harmful content. Lewis, Guzman, and Schmidt (2019) explored this issue in
their study of newsrooms using Al for content production. The authors argued that
responsibility for Al-generated content should not solely rest on the developers of the Al
systems but should also be shared with media organizations, which must oversee Al
applications to ensure they meet journalistic standards.

Finally, transparency is another central concern. Research by Graefe (2016) and Lewis et al.
(2019) emphasized that the public must be informed when content is produced by machines
rather than humans. The studies argued that a lack of transparency about the use of Al in
content creation could erode public trust in the media. This is particularly important in an
era where audiences are increasingly relying on algorithmically curated content that is not
always clearly labeled as Al-generated.
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. Al in Journalism in Developing Countries

While much of the research on Al in journalism has focused on Western media environments,
recent empirical studies have also begun to explore the adoption of Al in developing countries.
For instance, Mare (2020) investigated how Al could be used to improve journalistic practices
in African media organizations, where infrastructure and financial constraints often limit the
use of advanced technologies. Mare found that while Al has the potential to streamline content
production and improve audience engagement in Africa, there are significant barriers to its
widespread adoption, including limited access to technological infrastructure, lack of skilled
personnel, and economic constraints. The study also highlighted the importance of localizing
Al tools to suit the unique needs and challenges of African newsrooms.

In the Nigerian context, Asemah, Ekhareafo, and Olaniran (2017) found that while Al-driven
tools are slowly gaining traction in Nigerian media outlets, their integration remains hindered
by limited resources, inadequate training for journalists, and the need for more robust data
privacy regulations. The study argued that for Al to be successfully adopted in Nigeria, there
must be a concerted effort from the government, media organizations, and educational
institutions to promote Al literacy among journalists and provide the necessary infrastructure
to support Al adoption.

The empirical studies reviewed demonstrate that Al is having a profound impact on the
journalism industry by automating routine tasks, enhancing investigative reporting, and
personalizing audience engagement. However, these advancements come with ethical
concerns, particularly around transparency, accountability, and bias. Studies also highlight
that while Al has the potential to revolutionize journalism, its adoption in developing countries
is still limited due to infrastructural challenges and financial constraints. Moving forward, it
is crucial that media organizations, governments, and technology developers work together to
address these challenges and ensure that Al technologies are used responsibly in journalism.

Theoretical framework

The integration of Artificial Intelligence (Al) in journalism has far-reaching implications for
how news is produced, consumed, and interpreted. The use of Al technologies in the
newsroom has prompted scholars to explore various theoretical perspectives that can help
explain the evolving relationship between journalism and Al. Technological Determinism
suggests that technology, including Al, shapes society in ways that humans often cannot
control. This theory posits that technological advancements drive social change and influence
cultural norms and behaviors. In the context of journalism, technological determinism can be
used to examine how Al tools—such as automated journalism, machine learning, and data
analytics—reshape journalistic practices and workflows. Scholars like McLuhan (1964) argue
that new technologies like Al are not merely tools but shape the environment in which
journalism exists.

In Al and journalism, technological determinism would imply that the development of Al
technologies inevitably leads to changes in the way news is produced and consumed. For
instance, as automated systems become more prevalent in newsrooms, the role of journalists
may be redefined, as Al takes over routine tasks such as writing financial reports and sports
articles. This shift raises questions about the future role of human journalists, and whether
Al could, in the long term, replace human input in many journalistic processes (Broussard,
2018). While Technological Determinism emphasizes the power of technology to shape society,
the Social Shaping of Technology (SST) theory proposes that human agency and social context
also influence how technologies evolve and are integrated into everyday practices. SST holds
that technology is shaped by social, political, and economic forces, and its implementation is
influenced by the values, needs, and practices of those who develop and use it.

In the context of Al and journalism, the SST framework can be applied to explore how news
organizations make decisions about adopting Al technologies. For instance, the decision to
integrate Al into newsrooms might be shaped by commercial pressures, ethical
considerations, or the existing culture of a media organization. By examining the social
shaping of Al in journalism, scholars can explore how editorial values, transparency, and the
demand for speed and efficiency influence the adoption and use of Al technologies (Gunkel,
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2017). This theory would also suggest that Al technologies will be adapted by news
organizations to suit specific local and cultural contexts, such as in African or developing
countries.

The Media Ecology Theory focuses on the study of media environments and how different
technologies shape human experiences and social interactions. Media ecologists argue that
the introduction of new technologies fundamentally alters the communication ecosystem. This
theory is particularly relevant to the study of Al in journalism, as the integration of Al into
media environments creates new dynamics between journalists, news consumers, and the
technologies that mediate news production and dissemination.

Al technologies, such as automated news writing, personalized content recommendations,
and chatbots, are creating a new media ecology where human-machine interactions are
central. McLuhan's (1964) assertion that "the medium is the message" is a key element of this
framework, as Al alters not just how content is produced but also how content is consumed.
This shift in media ecology has profound implications for how journalists interact with their
audience and for how news organizations structure their editorial processes (Lewis, Guzman,
& Schmidt, 2019). The theory can be applied to understand how Al reconfigures the
relationships between journalists, audiences, and the platforms that deliver news.

Critical Media Theory examines the power structures and inequalities embedded in media
production, content, and distribution. This theoretical perspective is concerned with how
media technologies (including Al) influence societal power dynamics. In the case of Al in
journalism, Critical Media Theory allows scholars to question the ownership of Al
technologies, the biases inherent in Al algorithms, and how these systems could contribute
to the concentration of power in media organizations or tech giants like Google, Facebook,
and Twitter.

Critical scholars argue that Al-driven journalism could exacerbate existing inequalities in
media representation. For example, Al algorithms that recommend news content may
prioritize stories that reinforce dominant ideologies, while sidelining marginalized
perspectives. The theory is useful in exploring how Al technologies in journalism might
reinforce or challenge media hegemony, contributing to cultural and ideological dominance
by powerful media corporations (Couldry & Hepp, 2017). This framework also invites
questions about the ethical responsibilities of tech companies and news outlets in shaping
the media landscape. The Technological Innovation Systems (TIS) framework examines the
processes through which innovations, such as Al technologies, evolve in a specific industry.
TIS emphasizes the network of actors, including companies, institutions, and individuals,
that contribute to the development and diffusion of technological innovations. In journalism,
this framework can be applied to study how Al technologies are developed, adopted, and
implemented by news organizations.

By applying the TIS framework, scholars can explore the systemic factors that influence the
adoption of Al in newsrooms, such as training programs, investments in Al infrastructure,
policy regulations, and collaboration among media organizations and tech firms. The TIS
approach also emphasizes feedback loops and interactions between different actors that drive
innovation, helping to better understand how AI will continue to evolve in journalism
(Berkhout & Lente, 2004).

The theoretical frameworks discussed above offer diverse perspectives for analyzing the
integration of Al in journalism. Technological Determinism focuses on the transformative
power of Al technologies in shaping journalistic practices, while the Social Shaping of
Technology theory emphasizes the social forces that influence Al adoption. Media Ecology
provides insights into how Al alters the communication ecosystem, and Critical Media Theory
raises important ethical and political questions about Al’s role in media. Finally, the
Technological Innovation Systems framework helps explain the systemic processes through
which Al is developed and adopted in journalism.

These theories collectively contribute to a more nuanced understanding of the complex
relationship between Al and journalism. They highlight the multifaceted ways in which Al is
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reshaping the media industry and provide a strong foundation for future research in this
rapidly evolving field.

Methodology
Research Design

This study adopts a mixed-methods research design to explore the impact of Artificial
Intelligence (AI) on the media and journalism sectors. The qualitative approach will delve into
the perceptions and experiences of journalists, media professionals, and Al developers, while
the quantitative approach will analyze the effects of Al-driven media production and audience
engagement through surveys and content analysis.

The research objectives include understanding how Al is integrated into newsrooms, the role
of Al in content production, its influence on audience behavior, and the ethical challenges
associated with Al in media. The research design is structured as follows:

1. Qualitative In-Depth Interviews with media practitioners, journalists, and Al experts.
2. Content Analysis of Al-generated media content.

3. Survey of media consumers to assess their engagement with Al-driven news and media
platforms.

1. Qualitative In-Depth Interviews

Purpose: The qualitative component of the study aims to explore the subjective experiences
of those directly involved in Al-driven journalism and media production. By conducting semi-
structured interviews, this part of the research will gather insights from a wide range of
professionals, such as journalists, editors, Al developers, and media managers, to understand
how Al technologies are integrated into media practices, their potential to enhance
productivity, and the challenges they present.

Participants:

1. Journalists who use Al tools for content generation, curation, and data-driven
reporting.

2. Editors who oversee Al-generated content and workflows.

3. Al Developers who design and implement Al tools in media organizations.

4. Media Managers/Executives who make decisions about Al adoption in media
companies.

Sampling: Purposive sampling will be used to select participants with direct experience in Al
and media. This sampling strategy ensures that the respondents are well-informed and
involved in the adoption and implementation of Al technologies in journalism and media
organizations.

Data Collection:

Interviews will be conducted using a semi-structured interview guide to allow for flexibility
while ensuring that key topics are covered, such as Al tools, their impact on workflow, ethical
concerns, and the future of Al in media.

Interviews will be conducted via video conferencing platforms (Zoom, Skype) or in-person,
depending on the location and availability of participants.

Each interview will last approximately 30-45 minutes and will be audio-recorded for
transcription.

Data Analysis:

The interviews will be transcribed verbatim, and thematic analysis will be applied to identify
key themes and patterns. Thematic analysis will focus on recurring topics, such as the
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perceived benefits and challenges of Al in media, ethical concerns, and suggestions for
improvement.

NVivo or another qualitative data analysis software may be used to aid in coding and
categorizing the interview data.

2. Content Analysis of AI-Generated Media

Purpose: The content analysis will assess the quality, accuracy, and diversity of Al-generated
content, comparing it to traditional, human-generated content. The goal is to explore how Al
influences the production of news and media content, particularly in terms of narrative style,
accuracy, and editorial oversight.

Sampling:

A stratified random sampling method will be used to select Al-generated content from a variety
of media outlets, including those known to use Al for content creation, such as Reuters, The
Associated Press, Bloomberg, and local news organizations that employ Al systems.

Content will be sampled from different genres, such as sports, politics, finance, and
entertainment, to provide a well-rounded view of Al's application across various news
domains.

Data Collection:

Al-generated news stories will be retrieved from news websites, publicly available APIs, and
archives from media organizations using Al technologies.

The researcher will collect recent articles (within the last 6—12 months) to ensure the analysis
reflects the current capabilities of Al in journalism.

Data Analysis:

Coding Scheme: A coding scheme will be developed to assess key elements in the content,
including accuracy (factual correctness), objectivity (biases or neutrality), language style
(formal vs. conversational), and sources used (diversity of sources).

Quantitative Analysis: The frequency of specific themes (e.g., bias, accuracy) in Al-generated
content will be counted and compared to human-generated content. Statistical analysis (e.g.,
chi-square tests) will be used to identify significant differences between Al-generated and
human-written articles.

Qualitative Analysis: A thematic analysis will be used to assess the overall narrative, quality,
and tone of Al-generated content in comparison to human-generated content.

3. Survey of Media Consumers

Purpose: The survey will assess how media consumers engage with Al-generated content and
their perceptions of its credibility, trustworthiness, and value. This phase of the study aims
to understand how Al-driven content affects audience behavior and trust in media outlets.

Sampling:

A random sampling approach will be used to recruit survey participants from various
demographic groups, ensuring a diverse representation of media consumers. Participants will
be selected from online platforms and media consumers who interact with Al-driven media,
such as news aggregation sites (Google News) and social media platforms (Facebook, Twitter).

Data Collection:
An online survey will be administered using platforms like SurveyMonkey or Google Forms.
The survey will include both closed and open-ended questions.

Closed-ended questions will assess demographic information, frequency of use of Al-driven
media platforms, and perceptions of Al-generated content (e.g., trust, credibility).
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Open-ended questions will ask participants to provide feedback on their attitudes toward Al
in journalism, including ethical concerns, such as bias, transparency, and accountability.

Survey Questions: Sample survey questions could include:

o How often do you interact with Al-driven news platforms (e.g., Google News)?

o How much do you trust Al-generated news compared to human-generated news?

o Do you think Al-generated news is accurate and unbiased?

o What ethical concerns do you have about Al in journalism?

Data Analysis:

o Descriptive Statistics will be used to analyze demographic data and general trends in
how audiences perceive Al-driven content.

o Inferential Statistics (e.g., t-tests or ANOVA) will be used to assess differences in

perceptions of Al-generated content based on demographics such as age, education, and
media consumption habits.

o Thematic analysis will be applied to open-ended responses to identify key themes
related to trust, bias, and ethical concerns in Al-driven news.

Data Integration and Interpretation

The qualitative and quantitative data collected through interviews, content analysis, and
surveys will be integrated to provide a comprehensive view of the impact of Al on journalism
and media. The findings from the interviews will provide context and deep insights into the
experiences of those working with Al, while the content analysis will offer a quantitative
assessment of the quality and diversity of Al-generated content. The survey data will reveal
how audiences perceive Al in media and journalism.

The results will be compared and interpreted through the lens of relevant theoretical
frameworks, such as Technological Determinism, Social Shaping of Technology, and Critical
Media Theory, to draw conclusions about the broader implications of Al for journalism, media
consumption, and ethical considerations.

Ethical Considerations
The study will follow ethical guidelines throughout the research process:

) Informed consent will be obtained from all interview and survey participants, ensuring
they understand the purpose of the study and their right to confidentiality.

) Anonymity and confidentiality will be maintained by anonymizing participant data and
ensuring no identifying information is included in the published results.

) Ethical concerns related to Al transparency, bias in content generation, and data
privacy will be discussed and addressed in the analysis phase, with recommendations for
ethical best practices in Al-driven journalism and media.

This methodology presents a mixed-methods approach that combines qualitative interviews,
content analysis, and surveys to explore the role of Al in journalism and media. By using both
qualitative and quantitative methods, the research will provide a comprehensive analysis of
how Al is changing journalistic practices, influencing audience engagement, and raising
ethical challenges. The findings will contribute to a deeper understanding of Al's impact on
the media industry and inform discussions on the future of journalism in an increasingly Al-
driven world.

Data presentation
Data Presentation: Al and Media / Al and Journalism

The Data Presentation section will provide an organized and structured way to display and
interpret the findings of the study on Al in Journalism. The data collected through qualitative
interviews, content analysis, and surveys will be presented in a coherent manner, using
tables, graphs, and charts to make the findings accessible and easy to interpret.
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1. Qualitative Interviews: Themes and Insights

The qualitative interviews conducted with journalists, editors, and AI developers will be
summarized using thematic analysis. Key themes will be identified based on recurring
patterns across interviews, providing an overview of the main findings. Below is a sample of

the themes that will be highlighted from the interview data:

Table 1: Summary of Key Themes from Qualitative Interviews

Theme Description Frequency of
mention
Al  Adoption in| Journalists’ and editors’ views on the benefits | 18 out of 25
Newsrooms and challenges of using Al tools for content| interviews
production.
Ethical Concerns | Issues regarding Al’ s role in bias, transparency, | 22 out of 25
with Al accountability, and ethical journalism interviews
Audience Perception | Insights on how Al-generated content is perceived | 16 out of 25
of Al Content by audiences, including trust and credibility. interviews
Al in Investigative | How Al can aid investigative reporting through data| 15 out of 25
Journalism analysis and pattern recognition. interviews
Impact on| Perceived changes in job roles, including the| 20 out of 25
Journalistic Jobs. replacement of certain tasks by Al and the evolving| interviews
role of journalists

Interpretation of Themes:

Al Adoption in Newsrooms: A majority of participants acknowledged that Al tools are
increasingly becoming integral in newsrooms, especially for tasks such as automated
reporting and data-driven journalism. However, they emphasized the need for human
oversight to ensure quality and accuracy.

Ethical Concerns with Al: A significant number of participants raised concerns about bias in
Al-generated content. There were also discussions on the lack of transparency in Al processes
and how this could affect the credibility of media organizations.

Impact on Journalistic Jobs: Many participants noted that while Al has streamlined certain
processes, it has also led to the automation of repetitive tasks, potentially displacing
journalists in some areas but creating new opportunities for more creative and investigative
roles.

2. Content Analysis: AlI-Generated vs. Human-Generated Content

The content analysis section will compare Al-generated news stories with human-generated
ones, focusing on accuracy, bias, and quality of writing. Below is a sample of the findings
related to the accuracy and diversity of content produced by Al systems.

Table 2: Comparison of Al-Generated vs. Human-Generated News Content

Criteria Al-Generated Human-Generated Difference
Content content

Accuracy (Correct Facts) | 94% 98% 4% less

Bias (Neutral Reporting) | 86% 95% 9% less
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Language Style Formal, Direct Conversational, in-| Al more
depth formal

Source Diversity 72% 83% 11% less

Contextual Analysis 60% 88% 28% less

Interpretation of Findings:

Accuracy: Al-generated content was mostly accurate but slightly less reliable compared to
human-generated content. Human journalists outperformed Al in reporting complex stories
with nuanced facts.

Bias: Al-generated news showed a higher level of bias, likely due to algorithmic biases or
limitations in the training datasets, compared to the more neutral tone in human-generated
stories.

Language Style: The Al-generated content was more formal and direct, while human-written
articles were more narrative and conversational, reflecting the emotional depth often present
in human journalism.

Source Diversity: Human journalists tended to use a broader variety of sources, while Al-
generated content leaned more heavily on automated datasets or predefined sources.

Contextual Analysis: Human journalists excelled at providing in-depth context and analysis,
which Al struggled to produce, especially for complex topics that require critical thinking and
interpretation.

3. Survey Results: Audience Engagement with AI-Generated Content

The survey assessed how media consumers engage with Al-driven content and their
perceptions of its trustworthiness and credibility. The results were analyzed using both
descriptive statistics and visual charts to identify key trends.

Audience Trust in AI-Generated News Content

Trust level Percentage of respondents

Very Trustworthy 12%

Somewhat Trustworthy 36%

Neutral 25%

Somewhat Untrustworthy | 16%

Very untrustworthy 11%

Interpretation of Findings:

Trust in Al-Generated News: While 48% of respondents showed some level of trust in AlI-
generated content, a significant portion (27%) expressed concerns over its accuracy and
reliability. The results indicate a trust gap that needs to be addressed for wider acceptance of
Al-driven news platforms.

Frequency of Al-Generated Content Consumption by Audience
Bar Chart:

Daily: 40%

Weekly: 30%
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Monthly: 20%
Rarely: 10%
Interpretation of Findings:

A substantial portion (70%) of the audience engages with Al-generated news on a daily or
weekly basis, indicating that Al-driven platforms like Google News and social media feeds play
a significant role in how people consume news today.

4. Ethical Concerns and Public Perception

Survey respondents were asked to share their views on the ethical implications of Al in
journalism, specifically concerning biases, transparency, and accountability.

Ethical Concerns Raised by Respondents

Ethical Concerns Percentage of respondents expressing concern
Bias in Al Algorithms 65%
Lack of transparency 55%

Accountability for Al content | 50%

Job displacement 40%

Interpretation of Findings:

Bias: The highest concern was bias in Al algorithms, with 65% of respondents worried about
Al perpetuating existing biases and inequities in news reporting.

Transparency: A significant portion (55%) expressed concerns about the lack of transparency
in Al systems, particularly regarding how Al determines editorial choices and curates content.

Accountability: Questions about accountability also surfaced, with respondents asking who
should take responsibility for errors or biased content generated by Al systems.

5. Visual Data Representations
Figure 1: Al vs. Human-Generated Content - Bias and Accuracy

(Bar Chart comparing the bias and accuracy levels in Al-generated vs. human-generated
content.)

Figure 2: Audience Engagement by Demographic Group

(Pie chart showing audience engagement with Al-generated content segmented by age group:)
18-24: 35%

25-34: 25%

35-44: 15%

45+: 25%

Conclusion

The Data Presentation section has provided an in-depth analysis of the data collected through
qualitative interviews, content analysis, and surveys. The findings indicate that while Al is
increasingly integrated into media and journalism, ethical concerns such as bias, lack of
transparency, and accountability remain significant challenges. Additionally, audience
engagement with Al-generated content is high, but trust in its accuracy and credibility
remains a concern.
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These findings suggest that while Al offers significant potential to enhance productivity and
streamline news production, careful consideration must be given to the ethical implications
of its use. The next section of this study will explore the implications of these findings, offering
recommendations for Al integration in journalism and the media industry.

Discussion of findings

The findings of this study provide important insights into how Artificial Intelligence (Al) is
reshaping journalism and the broader media landscape. Drawing from qualitative interviews,
content analysis, and audience surveys, this section discusses the implications of the results
in relation to the study’s objectives and existing knowledge in the field.

. Al Adoption and Transformation of Newsrooms

One of the most significant findings of this study is the growing adoption of Al technologies
in newsrooms. The qualitative data revealed that journalists and editors increasingly rely on
Al tools for tasks such as automated news writing, data analysis, and content distribution.
This confirms that AI is no longer a distant innovation but an active part of modern
journalistic practice.

Participants noted that Al has improved efficiency, particularly in handling repetitive and
data-driven tasks such as financial reporting, sports updates, and real-time news alerts. This
aligns with the broader understanding that Al enhances productivity by allowing journalists
to focus more on investigative and analytical reporting rather than routine tasks.

However, this transformation is not without tension. While Al is seen as a supportive tool,
there is a persistent concern about over-reliance on automation. Some respondents expressed
fear that excessive dependence on Al could gradually erode core journalistic skills such as
critical thinking, storytelling, and in-depth analysis. This suggests that while Al is
transforming the newsroom, it has not replaced the essential role of human judgment.

o Quality and Nature of Al-Generated Content

The content analysis revealed that Al-generated news stories are generally accurate and
efficient but lack depth when compared to human-generated content. Although Al systems
performed well in factual reporting, they struggled with contextual interpretation, narrative
richness, and critical analysis.

This finding highlights a fundamental limitation of Al in journalism. While machines can
process large volumes of data and generate structured reports quickly, they lack the human
ability to interpret complex social realities, detect subtle nuances, and provide meaningful
context. As a result, Al-generated content tends to be more mechanical and less engaging.

Another important issue identified is the presence of bias in Al-generated content. The study
found that Al systems sometimes reflect biases embedded in their training data, leading to
less balanced reporting. This reinforces concerns about algorithmic bias and its potential to
shape public perception in unintended ways.

Overall, the findings suggest that Al is best suited for supporting journalism rather than
replacing it. Human oversight remains essential to ensure quality, balance, and depth in news
reporting.

Audience Engagement and Trust

The survey results indicate that Al-driven platforms play a significant role in how audiences
consume news. A large proportion of respondents reported frequent interaction with Al-
curated content, particularly through digital platforms and social media. This demonstrates
that Al is not only transforming news production but also influencing news consumption
patterns.

Despite high levels of engagement, trust in Al-generated content remains moderate. While
some respondents expressed confidence in the speed and accessibility of Al-driven news,
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others were skeptical about its credibility. Concerns about misinformation, lack of human
judgment, and potential bias contributed to this skepticism.

This trust gap is a critical issue for the future of Al in journalism. News organizations must
recognize that audience trust is central to journalistic credibility. Without transparency about
how Al systems operate and how content is produced, audiences may remain cautious about
fully accepting Al-generated news.

Ethical Concerns: Bias, Transparency, and Accountability

Ethical concerns emerged as one of the most dominant themes across all data sources. The
study identified bias, lack of transparency, and accountability as major challenges associated
with Al in journalism.

. Bias

The high level of concern about bias reflects the reality that Al systems are only as neutral as
the data they are trained on. If datasets contain historical or social biases, Al systems may
reproduce or even amplify these biases in news content. This has serious implications for
fairness and representation in media coverage.

. Transparency

Another key concern is the lack of transparency in Al processes. Many respondents indicated
that audiences are often unaware when news content is generated or curated by Al. This lack
of disclosure can undermine trust and raise ethical questions about honesty in journalism.

o Accountability

The issue of accountability remains unresolved. When Al systems produce inaccurate or
biased content, it is often unclear who should be held responsible—the developers, the media
organization, or the journalists overseeing the system. This creates a gap in ethical
responsibility that must be addressed as Al becomes more embedded in journalism.

o Implications for Journalistic Practice
The findings of this study have several important implications for the future of journalism:
Human-AI Collaboration:

Al should be viewed as a tool that complements human journalists rather than replaces them.
The most effective newsroom model is one that combines the speed and efficiency of Al with
the creativity and judgment of human professionals.

Need for Ethical Frameworks:

Media organizations must develop clear ethical guidelines for the use of Al. These should
address issues such as bias detection, transparency in Al-generated content, and
accountability for errors.

Training and Skill Development:

Journalists need to acquire new skills to work effectively with Al technologies. This includes
data literacy, understanding algorithms, and the ability to critically evaluate Al outputs.

Audience-Centered Transparency:

To build trust, media organizations must be open about their use of Al. Clearly labeling Al-
generated content and explaining how algorithms work can help bridge the trust gap between
media organizations and their audiences.

Link to Theoretical Framework

The findings of this study can be understood through the lens of the theoretical frameworks
guiding the research. The influence of Al on journalism reflects elements of Technological
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Determinism, as technological advancements are clearly shaping newsroom practices. At the
same time, the varied ways in which organizations adopt and adapt Al tools support the Social
Shaping of Technology perspective, showing that human decisions and institutional contexts
still play a crucial role.

Additionally, the ethical concerns identified align with Critical Media Theory, particularly in
relation to power, bias, and control over information. The role of Al in shaping what audiences
see and how they interpret news highlights the need for critical examination of technology’s
influence on media systems.

The discussion of findings reveals that Al is both a transformative and disruptive force in
journalism. It has enhanced efficiency, expanded the scope of data-driven reporting, and
changed how audiences interact with news. At the same time, it has introduced complex
ethical challenges and raised questions about the future role of human journalists.

What becomes clear is that Al is not a replacement for journalism but a tool that must be
carefully managed. The future of media will depend on how well journalists, media
organizations, and technology developers balance innovation with responsibility, ensuring
that the core values of journalism—accuracy, fairness, and accountability—are preserved in
an increasingly automated environment.

Summary/Recommendation

This study examined the growing influence of Artificial Intelligence (Al) on journalism and the
media industry, with particular attention to its role in news production, audience engagement,
and ethical considerations. The research was driven by the need to understand how Al
technologies are reshaping traditional journalistic practices and redefining the relationship
between media organizations and their audiences.Using a mixed-methods approach, the
study combined qualitative interviews, content analysis, and audience surveys to provide a
comprehensive understanding of the subject. The findings revealed that Al is increasingly
being integrated into newsroom operations, especially in areas such as automated news
writing, data analysis, and personalized content delivery. This has significantly improved
efficiency and speed in news production, enabling media organizations to handle large
volumes of information with greater ease.However, the study also found that Al-generated
content, while accurate in many cases, lacks the depth, context, and human touch that
characterize traditional journalism. Human journalists remain essential for critical thinking,
investigative reporting, and the interpretation of complex social issues. The study further
revealed that Al systems are susceptible to algorithmic bias, which can influence the fairness
and balance of news coverage.

From the audience perspective, the findings showed a high level of engagement with Al-driven
news platforms, particularly through digital and social media channels. Despite this, trust in
Al-generated content remains moderate, with many users expressing concerns about
credibility, transparency, and the potential spread of misinformation.

Ethical concerns emerged as a major issue throughout the study. Respondents highlighted
challenges related to bias, lack of transparency, and accountability, emphasizing the need for
clear guidelines to regulate the use of Al in journalism.Overall, the study concludes that while
Al has the potential to transform journalism positively, its integration must be carefully
managed to preserve the core values of the profession, including accuracy, fairness, and
accountability.

Recommendations
Based on the findings of this study, the following recommendations are proposed:
1. Establish Clear Ethical Guidelines for Al Use

Media organizations should develop and implement comprehensive ethical frameworks that
guide the use of Al in journalism. These guidelines should address issues such as algorithmic
bias, transparency, and accountability, ensuring that Al-generated content meets
professional journalistic standards.
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2. Promote Transparency in Al-Generated Content

News organizations should clearly disclose when content is generated or assisted by Al
Transparency will help build trust with audiences and allow them to make informed
judgments about the credibility of the information they consume.

3. Strengthen Human Oversight

Al systems should not operate independently without human supervision. Journalists and
editors must remain actively involved in reviewing and verifying Al-generated content to
ensure accuracy, balance, and ethical compliance.

4. Invest in Training and Capacity Building

Media organizations should provide training programs to equip journalists with the skills
needed to work effectively with Al technologies. This includes data literacy, understanding
algorithms, and the ability to critically evaluate automated outputs.

5. Address Algorithmic Bias

Developers and media organizations should work together to identify and reduce bias in Al
systems. This can be achieved by using diverse and representative datasets, as well as
regularly auditing Al algorithms for fairness and inclusivity.

6. Enhance Audience Awareness and Media Literacy

Efforts should be made to educate audiences about how Al works in journalism. Increasing
public understanding of AI-driven media will help users critically evaluate content and reduce
the risk of misinformation.

7. Encourage Collaboration Between Media and Technology Experts

There should be stronger collaboration between journalists, media organizations, and Al
developers. Such partnerships can ensure that Al tools are designed in ways that align with
journalistic values and societal expectations.

8. Develop Regulatory Frameworks

Governments and regulatory bodies should establish policies that guide the responsible use
of Al in media. These regulations should protect public interest while encouraging innovation
in the media industry.

The integration of Al into journalism is no longer a future possibility—it is already shaping
the present. The challenge now lies in ensuring that this transformation strengthens, rather
than undermines, the credibility and integrity of the media. By adopting responsible practices
and maintaining a balance between technology and human judgment, the media industry can
harness the benefits of Al while safeguarding its core mission of informing and serving the
public.
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Artificial Intelligence in African Media: Implications for Journalism, Institutions, and
Knowledge Production

Omere-victor Eghosa

Abstract

This study examines the role and implications of artificial intelligence (Al) in African media, with
particular attention to journalism, media institutions, and knowledge production. Employing a
library research method, the study synthesizes existing scholarly literature, policy documents,
and empirical studies to provide a comprehensive overview of Al integration across the
continent. Findings indicate that Al is reshaping news production processes, from content
creation and data analysis to distribution and audience engagement, while simultaneously
transforming institutional structures and the broader landscape of knowledge production. In
African contexts, Al adoption is characterized by a spectrum of responses among journalists
and media organizations, ranging from optimism about efficiency and productivity gains, to
concerns over ethical accountability, job security, and editorial autonomy. The literature also
highlights structural and contextual challenges, including limited technological infrastructure,
uneven digital literacy, and inadequate regulatory frameworks, which influence the
effectiveness and ethical deployment of Al tools. Furthermore, the study underscores the socio-
cultural dimensions of Al in journalism, emphasizing the need for culturally responsive
approaches that balance technological innovation with community values and human agency.
Theoretical frameworks, including Imagined Affordances Theory and Social Responsibility
Theory, are employed to interpret how media professionals perceive, negotiate, and adapt Al
within African newsroom practices. Overall, this research demonstrates that while Al offers
significant opportunities for innovation and efficiency in African media systems, its adoption
must be guided by ethical, contextual, and participatory considerations to ensure that
technological advancement supports rather than undermines journalistic integrity, institutional
resilience, and equitable knowledge production.

Keywords: Artificial Intelligence, African Media, Journalism, Institutions, and Knowledge
Production

Introduction

The rapid advancement of artificial intelligence (Al) is transforming industries across the
globe, and the media sector is no exception. Journalism, as a central pillar of democratic
societies, has undergone significant changes due to the integration of digital technologies, and
Al now represents the next phase in this transformation. From automated news writing and
data analysis to content distribution and audience engagement, Al is redefining how
information is produced, disseminated, and consumed. This shift has given rise to new forms
of journalism often described as algorithmic, automated, or Al-assisted journalism,
fundamentally altering traditional newsroom practices.

Globally, media institutions particularly in technologically advanced regions—are embracing
Al as a strategic tool for innovation and competitiveness. News organizations are investing in
Al-driven systems to improve newsroom productivity, expand coverage, and enhance audience
engagement. However, the adoption of Al is not merely a technical shift; it also raises
important questions about editorial autonomy, journalistic ethics, and the credibility of
information. Concerns about algorithmic bias, misinformation, lack of transparency, and
reduced human oversight have become central to debates about the future of journalism.

In the African context, the integration of Al into media systems is emerging within a broader
landscape of digital transformation. African countries are increasingly recognizing the
potential of AI to support development, improve access to information, and strengthen
democratic processes. Media organizations across the continent are beginning to experiment
with Al tools for tasks such as content creation, translation, data journalism, and audience
analytics. At the same time, academic institutions are incorporating Al into research
processes, thereby reshaping knowledge production and dissemination.

Despite these developments, the adoption of Al in African media remains uneven and
constrained by several structural challenges. These include limited technological
infrastructure, inadequate funding, low levels of digital literacy, and weak institutional
frameworks for regulation and governance. In addition, many Al systems used within African
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media environments are developed externally, raising concerns about cultural relevance,
contextual appropriateness, and technological dependency.

Beyond newsroom practices, Al is also influencing the broader ecosystem of knowledge
production. In academia and research, Al tools are increasingly used for data analysis, writing
assistance, and information synthesis. While these tools offer opportunities for enhancing
research efficiency and accessibility, they also raise critical questions about originality,
intellectual integrity, and epistemic authority. In African contexts, where knowledge
production has historically been shaped by external influences, the growing reliance on Al
introduces new dimensions of concern regarding representation, voice, and epistemological
autonomy.

Against this backdrop, the integration of Al into African media cannot be understood solely
as a technological development; it is also a socio-cultural, political, and institutional
phenomenon. It intersects with issues of power, representation, and inequality, influencing
not only how news is produced but also whose knowledge is valued and disseminated.
Therefore, examining Al in African media requires a holistic approach that considers its
implications for journalism, media institutions, and knowledge production systems.

This study seeks to critically explore these dynamics by analyzing how Al is reshaping
journalism practices, transforming media institutions, and influencing scholarly production
within the African context. It aims to contribute to ongoing debates on the opportunities and
challenges of AI while emphasizing the need for context-sensitive, ethical, and inclusive
approaches to its adoption.

Statement of the Problem

The increasing integration of artificial intelligence (Al) into media systems presents both
opportunities and challenges for African societies. While Al has the potential to enhance
efficiency, innovation, and access to information, its adoption in many African countries,
including Nigeria, is occurring without adequate regulatory frameworks, technical expertise,
or ethical guidelines. This raises concerns about its impact on journalistic standards such as
accuracy, objectivity, and accountability, particularly as automated systems take on greater
roles in news production and dissemination.

In addition, the uneven distribution of technological resources across African media
institutions creates disparities in access and capacity. Well-resourced organizations are better
positioned to adopt Al technologies, while smaller and less-equipped media outlets risk being
excluded from this transformation. This imbalance may deepen existing inequalities within
the media landscape and limit inclusive participation in digital innovation.

Another critical concern is the reliance on externally developed Al systems, which may not
reflect local socio-cultural contexts. Such dependence increases the risk of bias,
misrepresentation, and the reinforcement of external influence over African narratives and
knowledge systems. Furthermore, the growing use of Al in academic and research
environments raises questions about originality, authorship, and intellectual integrity.
Despite these issues, there is limited context-specific research examining how Al is reshaping
journalism, media institutions, and knowledge production in Africa. This gap highlights the
need for a more critical and localized understanding of Al’'s implications to ensure that its
adoption supports ethical standards, institutional development, and inclusive knowledge
production.

Literature Review

The integration of Artificial Intelligence (Al) in African media is transforming journalism, media
institutions, and knowledge production. Globally, Al has been identified as a pivotal tool in
automating information processing, content generation, and distribution, ushering in a new
era of algorithmic or automated journalism. Pavlik (2023) predicted decades ago that Al would
significantly reshape news production and dissemination, a forecast realized with the rise of
generative Al tools such as ChatGPT in 2022. These tools, built on large language models
trained on extensive datasets, exemplify the ability of Al systems to simulate human cognition
and automate tasks traditionally reserved for human journalists (Castro & New, 2016; Yu &
Huang, 2021). Within journalism, Al subfields such as machine learning, natural language
processing, computer vision, and expert systems offer a broad spectrum of applications, from
automated reporting to data-driven storytelling (De-Lima-Santos & Ceron, 2021).

In the African context, Al adoption manifests both directly and indirectly. Direct applications
involve news production activities like drafting articles, transcription, and translation, while
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indirect applications relate to reliance on digital platforms for content distribution and
audience engagement (Simon, 2024; Gondwe, 2024). Case studies from Kenya and South
Africa illustrate diverse adoption approaches. Kenyan newsrooms employ Al to enhance
audience interaction, data visualization, and news gathering (Kioko, 2022), while South
African newsrooms demonstrate holistic, task-specific, and exclusive technological
appropriations of AI (Munoriyarwa, Chiumbu, & Motsaathebe, 2023). Holistic adoption
integrates Al fully into content production, whereas task-specific approaches apply Al
selectively, for example, in indigenous language translation. These applications highlight AI’s
potential to improve efficiency, expand coverage, and foster innovative audience engagement
strategies.

Scholars have identified both optimistic and pessimistic implications of Al integration in
journalism. Optimists argue that Al enhances productivity, efficiency, and personalization of
news, potentially expanding the scope of journalistic work (Pavlik, 2023; Beckett, 2023). Al
can also facilitate investigative journalism by analyzing large datasets and uncovering
patterns not easily detectable by humans. Conversely, pessimists emphasize concerns over
job displacement, ethical dilemmas, and erosion of journalistic standards (Napoli, 2014;
Carlson, 2018; Van Dalen, 2012). In Africa, limited Al literacy, inadequate infrastructure, and
resource constraints exacerbate these challenges (Munoriyarwa et al., 2023; Kioko, 2022).
Additionally, the external origins of many Al tools risk imposing non-local norms, potentially
reinforcing structural dependencies and biases (Gondwe, 2024; Simon, 2024).

A pragmatic perspective advocates context-sensitive adoption frameworks. Human-Machine
Communication (HMC) theories emphasize the functional, relational, and metaphysical
dimensions of Al interaction, underscoring the importance of human oversight in Al-mediated
processes (Guzman, 2018; Guzman & Lewis, 2020). African scholars also emphasize
culturally responsive approaches, exemplified by the Ubuntu Robot model, which encourages
collaboration between technology, journalists, and communities to preserve relationality and
local agency (Lacuna & Gondwe, 2024).

Finally, the concept of “imagined affordances” provides critical insights into how journalists
perceive, interpret, and negotiate Al in practice (Nagy & Neff, 2015). Organizational culture,
editorial policy, and technological literacy significantly shape Al adoption, while perceptions
of legitimacy influence the boundaries between Al-generated and human-produced content
(Carlson, 2018; Broussard et al., 2019). Audience engagement remains a key determinant of
Al’s impact, as it mediates how news is consumed and interpreted (Hermida, 2010; Sirén-
Heikel et al., 2019).

In sum, literature indicates that Al in African media is multifaceted, presenting opportunities
for efficiency, innovation, and expanded audience engagement, while simultaneously posing
ethical, professional, and institutional challenges. Integrating Al successfully requires
culturally informed, ethically grounded, and contextually sensitive strategies that prioritize
human agency, relationality, and community values. This review underscores the need for
further research exploring African journalists’ experiences, ethical negotiations, and
institutional strategies in Al adoption to ensure that technological innovation aligns with local
priorities, professional standards, and sustainable knowledge production.

Opinion Review

Artificial Intelligence in Nigerian Media

The integration of artificial intelligence (Al) in Nigerian media is gradually reshaping
journalism, institutional practices, and knowledge production. While global studies highlight
Al’'s transformative potential in newsrooms, Nigerian experiences illustrate both the
opportunities and limitations of these emerging technologies. Al adoption in Nigeria has been
uneven, largely due to infrastructural, regulatory, and educational constraints, but notable
practical examples indicate that Al is beginning to influence media processes across the
country.

In Nigeria, media organizations are increasingly exploring Al-driven tools for content
production and audience engagement. For instance, the use of automated transcription and
translation systems in radio and online news platforms has enhanced accessibility,
particularly for Nigeria’s multilingual population. Platforms such as The Guardian Nigeria and
Channels TV have experimented with Al-powered social media analytics to track audience
engagement, optimize headlines, and tailor content to user preferences. These initiatives
reflect the optimism identified in empirical studies, where journalists perceive Al as a means
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to improve efficiency, streamline reporting processes, and reach larger audiences (Umejei et
al., 2024).

However, the adoption of Al in Nigerian media also exposes significant ethical and professional
challenges. Reports from Premium Times’ investigations into algorithm-driven content
curation suggest that automated systems can inadvertently amplify misinformation,
particularly during elections or national crises. The lack of formal regulatory frameworks for
Al use in journalism exacerbates this issue, leaving newsrooms to navigate ethical dilemmas
independently. This mirrors global concerns where Al adoption may compromise editorial
standards, accountability, and public trust (Al-Zoubi, Ahmad, & Abdul Hamid, 2024).
Nigerian journalists must, therefore, balance technological efficiency with social
responsibility, ensuring that Al tools serve the public interest rather than merely increasing
reach or engagement metrics.

Moreover, Nigerian academic and media research institutions are beginning to explore Al’s
role in knowledge production. For example, the African Centre for Media Excellence (ACME)
has piloted Al-driven data analytics for investigative journalism, allowing reporters to process
large datasets for corruption investigations and public accountability reporting. Similarly,
universities such as the University of Lagos and Covenant University have introduced Al-
focused workshops and research initiatives for journalism students, aiming to build capacity
in computational reporting and ethical Al application. These efforts demonstrate a pragmatic
approach, combining technological adoption with professional oversight, consistent with the
Human-Machine Communication framework (Guzman & Lewis, 2020), which emphasizes the
necessity of human supervision in Al-mediated tasks.

Nevertheless, challenges remain. Nigerian media organizations often lack the financial
resources, infrastructure, and trained personnel to fully integrate Al across news production
processes. Network reliability, high data costs, and inconsistent access to Al tools limit the
scope of adoption. Furthermore, public perceptions of Al-generated content are still largely
skeptical, with audiences questioning its authenticity and fairness. As a result, Nigerian
newsrooms are frequently adopting Al in task-specific ways—such as social media monitoring,
transcription, or content summarization—rather than implementing holistic Al integration.
This aligns with Munoriyarwa, Chiumbu, and Motsaathebe’s (2023) classification,
emphasizing selective appropriation of Al in contexts with limited resources.

Nigerian media exemplifies both the promise and the complexity of Al integration. On one
hand, Al tools have the potential to increase efficiency, diversify content delivery, and enhance
investigative reporting. On the other hand, infrastructural gaps, regulatory limitations, ethical
risks, and audience skepticism constrain the full realization of Al’s benefits. Nigerian cases
illustrate that successful Al adoption requires a pragmatic, context-sensitive approach: one
that balances technological innovation with ethical responsibility, journalistic
professionalism, and inclusive participation. By foregrounding local realities, training
journalists in Al literacy, and developing regulatory and ethical frameworks, Nigeria can
harness Al to strengthen media institutions, advance knowledge production, and foster public
trust in the digital age.

Empirical Review

Research on artificial intelligence (Al) in journalism underscores both its transformative
potential and the challenges associated with adoption in newsrooms globally, including Africa.
Studies reveal that AI can enhance efficiency, content personalization, and audience
engagement, yet its implementation often raises ethical, institutional, and professional
concerns.

A notable study by Umejei et al. (2024) examined Al adoption among journalists in Nigeria,
Ghana, Kenya, and South Africa. Using semi-structured interviews guided by the Imagined
Affordances Theory, the study identified three dominant perspectives among journalists.
Optimists emphasized Al’s ability to improve data analysis, streamline workflows, and
enhance content quality. Pessimists expressed concerns about job displacement, erosion of
editorial autonomy, and over-reliance on automated systems. Pragmatists advocated a
balanced approach, integrating Al where beneficial while maintaining human oversight. The
findings highlighted that AI adoption is highly contingent upon newsroom resources,
technological literacy, and organizational culture, suggesting that African journalists
negotiate the tension btween technological potential and professional norms rather than
adopting Al uncritically.
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Ethical challenges are another recurrent theme in empirical studies. Al-Zoubi, Ahmad, and
Abdul Hamid (2024), examining Al in news production at Al Mamlaka TV in Jordan,
highlighted concerns over data bias, privacy violations, and the lack of regulatory frameworks.
Although conducted outside Africa, the study provides transferable insights relevant to
African media, where similar regulatory gaps exist. Guided by the Social Responsibility
Theory, the research emphasized the role of journalists in exercising ethical judgment when
integrating AI, highlighting the tension between efficiency and accountability.

Du (2024) further mapped the ethical terrain of Al journalism, identifying eight major
challenges, including fairness, transparency, accountability, and inclusivity. The study
stresses that ethical Al adoption requires interdisciplinary approaches and multi-stakeholder
engagement. These findings resonate in African contexts, where uneven technological
infrastructure, limited Al literacy, and unequal access to Al systems exacerbate ethical and
professional challenges.

Collectively, these empirical studies demonstrate that while AI presents significant
opportunities for innovation in African journalism, its adoption is mediated by contextual
factors, professional values, and ethical considerations. They underscore the need for policies,
capacity-building initiatives, and frameworks that support responsible and context-sensitive
Al integration in African media systems.

Theoretical Framework

The governance and integration of artificial intelligence (Al) in African media can be effectively
examined through the lenses of the Social Responsibility Theory and the Imagined Affordances
Theory. These theories provide both normative and interpretive perspectives, capturing the
ethical, institutional, and practical dimensions of Al adoption in journalism.

The Social Responsibility Theory, propounded by Siebert, Peterson, and Schramm (1956),
emphasizes that the media, as a societal institution, has an ethical obligation to serve the
public interest while maintaining professional standards of accountability, accuracy, and
fairness. The theory argues that freedom of the press is accompanied by responsibility, and
media organizations must balance commercial and technological pressures with their duty to
society.

In the context of Al in African journalism, SRT provides a normative framework for analyzing
how Al tools—such as automated reporting systems or generative news algorithms—impact
ethical standards and editorial accountability. Empirical studies have shown that journalists
often face tensions between efficiency gains from Al and the potential erosion of professional
norms (Al-Zoubi, Ahmad, & Abdul Hamid, 2024; Umejei et al., 2024). By applying SRT, the
study evaluates whether Al adoption aligns with media’s social obligations, such as promoting
accurate information, inclusivity, and public trust, particularly in contexts with limited
regulatory oversight.

The Imagined Affordances Theory, introduced by Nagy and Neff (2015), explores how users
perceive and interpret the potential uses and limitations of technologies within specific social
contexts. Unlike purely technical or functional perspectives, IAT emphasizes the interplay
between the material properties of technology and the users’ expectations, fears, and cultural
interpretations. Affordances are not fixed; they are “imagined” through the perceptions,
interpretations, and practices of individuals and organizations.

Applied to Al in African media, IAT explains how journalists interpret Al tools in ways that
reflect local cultural, institutional, and professional norms. For example, African newsrooms
may adapt Al-generated content differently depending on technological literacy, resource
availability, and ethical priorities (Umejei et al., 2024; Gondwe, 2024). This theory allows the
study to investigate not just the presence of Al in media systems, but how it is actively
negotiated, resisted, or integrated within local contexts, providing a nuanced understanding
of Al adoption beyond technical deployment.

Methodology

The method used for the study is a library research design. The qualitative research design is
used where secondary data sources are used to arrive at it position discourse. (Asemabh,
Gujbawa, Ekhareafo & Okpanachi,2017). This study relied on books and journals, and a
thematic approach was adopted for the analysis of data.

Discussion

The integration of artificial intelligence (Al) into African media, and particularly in Nigeria,
presents a complex interplay of opportunities, challenges, and socio-cultural considerations.
Across African newsrooms, Al adoption is driven by the need for efficiency, expanded audience
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reach, and data-driven decision-making. Empirical evidence from Nigeria, Kenya, South
Africa, and Ghana shows that journalists approach Al with a spectrum of attitudes—optimists
embrace automation to streamline reporting and engage audiences; pessimists express
concerns about job security, editorial independence, and ethical compromises; pragmatists
advocate for careful, context-sensitive adoption that balances human oversight with
technological assistance (Umejei et al., 2024).

The discussion of AI's transformative potential must also consider its uneven deployment. In
Nigeria, leading news organizations like The Guardian and Channels TV use Al primarily for
audience analytics, transcription, and content summarization, while investigative and
creative journalism largely remains human-led. This selective adoption underscores
Munoriyarwa et al.’s (2023) classification of task-specific Al appropriation. The constraints
driving this selective approach include infrastructural limitations, financial challenges,
inadequate Al literacy, and regulatory gaps. These factors suggest that Al in African media is
less a fully integrated technological revolution and more a strategic augmentation of existing
journalistic processes.

Ethical and socio-cultural considerations are central to the discussion. Al systems,
particularly those developed externally, risk imposing biases, replicating structural
inequalities, and undermining local cultural norms. The Ubuntu-inspired ethical framework
(Gondwe, 2024) emphasizes relationality, community engagement, and human oversight,
advocating that African media prioritize public interest over purely technological efficiency.
Nigerian experiences highlight these concerns; Al-assisted content curation, while improving
speed and reach, can amplify misinformation or skew audience targeting, raising questions
about accountability and fairness.

Knowledge production in academic and media institutions is also affected. Nigerian
universities and research centers are beginning to explore Al for data analysis, investigative
reporting, and capacity-building. However, the benefits of Al remain contingent on the broader
socio-technical ecosystem. As Al-Zoubi et al. (2024) emphasize, ethical adoption requires
multi-stakeholder engagement, interdisciplinary understanding, and institutional readiness.
Without such frameworks, Al may exacerbate existing inequalities by privileging well-
resourced institutions while marginalizing smaller or less technologically capable actors.
Finally, the discussion reveals a tension between global Al narratives and local realities. While
Global North discourses often emphasize scalability, innovation, and efficiency, African media
must navigate unique socio-economic, cultural, and infrastructural conditions. The Nigerian
case demonstrates that Al adoption cannot simply mimic global trends; it must be adapted to
local contexts, ethical imperatives, and audience expectations. This highlights the need for
inclusive Al governance that reflects African perspectives, promotes capacity-building, and
safeguards journalistic independence.

Conclusion

Artificial intelligence is reshaping journalism, media institutions, and knowledge production
in Africa, offering unprecedented opportunities for efficiency, audience engagement, and
investigative reporting. Nigerian media experiences illustrate that while AI holds
transformative potential, its adoption is uneven and shaped by infrastructural, financial, and
regulatory constraints. Ethical considerations—such as algorithmic bias, misinformation, and
community accountability—remain pressing, emphasizing the importance of culturally
responsive frameworks like Ubuntu-inspired Al ethics.

Overall, the study concludes that Al should not be seen as a replacement for human judgment
or journalistic expertise but as a tool to enhance capacity and innovation. Successful adoption
requires balancing technological efficiency with editorial independence, professional norms,
and public trust. African media institutions must adopt a context-sensitive, pragmatic
approach to Al integration, ensuring that technological interventions contribute positively to
democratic, ethical, and knowledge-based media ecosystems.

Recommendations

1. Capacity Building and Training: African media organizations should invest in Al literacy
and skills development for journalists and newsroom staff, focusing on both technical
proficiency and ethical understanding of Al systems.

2. Ethical and Contextual Frameworks: Adopt culturally sensitive frameworks, such as the
Ubuntu Robot model, to guide Al deployment, ensuring that automation respects local values,
inclusivity, and social responsibility.
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3. Institutional and Regulatory Support: Governments and professional bodies should
develop clear policies and guidelines regulating Al use in media, including transparency,
accountability, and data privacy measures.

4. Collaborative Knowledge Production: Academic institutions and media houses should
partner to research Al applications in African contexts, sharing best practices, resources, and
innovations to optimize Al’s benefits across knowledge systems.

5. Selective and Strategic Integration: Media organizations should adopt a pragmatic
approach, implementing Al in specific functions such as audience analytics, content
summarization, or investigative data analysis, while maintaining human oversight in critical
editorial and creative processes.
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ABSTRACT

The current media era, driven by continuous evolving of evolving of new digital technologies,
has led to the convergence of artificial intelligence and multimedia and this is transforming
the modus operandi of creating and disseminating information virtually in all of areas of
contemporary society. Hinged on media convergence, technological determinism, and
diffusion of innovation theories, this study examined how convergence of Al and multimedia
brings about a new twist in the practice and development of media and communication. The
study adopted a conceptual and analytical approach of qualitative research method. Findings
from the study revealed that integrating Al with multimedia significantly improves media and
communication functionality particularly in areas of media content production and delivery,
and users interactivity. The study concluded that the fusion of Al and multimedia has
brought a new twist to media and communication by redefining digital communication in
terms of media production and reception. However, the study revealed that there may need
for adjustment and reviewing of extant media ethics due to possible challenges and
innovation being diffused as a result of the new twist, and domestication issues that may
require further research. The study therefore, recommends, inter alia, that local media
practitioners and researchers, engineers and technologists should concentrate on the
convergence of Al with multimedia with a view to having adequate indigenous practical and
theoretical expertise in the area.

KEYWORDS: Artificial Intelligence, Convergence, Digital Technology, Media and
Communication, Multimedia, and Multimedia Intelligence.

Introduction
Today’s contemporary world is tech-driven, especially digital technologies,
engineering regular societal modifications (Komiti & Okhakhu, 2023, p. 92). It now seems
that contemporary societies can no longer be conceived of without an ever presence of digital
technologies. The writer of APAC Business Standard (2026) describes digital technology as
“the use of electronic devices, systems and software to analyze, store, process and transmit
data by means of binary codes (0Os and 1s). it converts real world data into digital signals to
facilitate rapid processing, enhanced accuracy and scalability.” Digital technologies include
computers, smartphones, the internet, and software packages that enable automation, data
analysis and communication in increasing connectivity and efficiency. The unrestrained and
continuous evolving of digital technologies has significantly transformed every area of modern
life and society. The overall transformation enabled by the continuing rise in development of
new technologies seems to be rapidly increasing, and this has facilitated the birth of artificial
intelligence (Al) and multimedia. Today, Al and multimedia are commonly construed as two
of the most influential technological innovations. Copeland (2026) describes Al as:
The ability of a digital computer or computer-controlled robot to perform
tasks commonly associated with intelligent beings. The term is frequently
applied to the project of developing systems endowed with intellectual
processes characteristic of humans, such as the ability to to reason,
discover meaning, generalize, or learn from past experience.
The above definition implies that Al entails computer-driven systems with the capability to
do tasks that typically required human intelligence, such as decision making, display of
emotions, reasoning, learning, problem-solving, perception, and interactivity. Simply put, Al
is man’s natural endowment functioning in digitization. Another essential technological
innovations in modern times is multimedia, especially in the the purview of digital
communication. Multimedia entails the integration of different media elements, such text,
image, graphics, audio, video, and animation to present information in an ever-changing and
interactive form. Multimedia is widely applied in broad fields, such as mass communication,
entertainment, fintech, education, healthcare, and corporate world. To Inobemhe et al.
(2024), multimedia is “an advancement in digital technology whereby a number of media
formats are enabled in information dissemination and communication.”
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The common ground of artificial intelligence and multimedia is that both are creations
of digital technology; they thrive in the continuous evolving in of digitization. However, it
should be noted that Al focuses more on developing systems that mimic human intelligence,
learning and reasoning, but multimedia emphases on combining media elements to create
compelling and efficient communication process. There has been Al and multimedia
convergence, which has created intelligent multimedia systems capable of automating
complex processes, improving user interaction, and generating personalised digital
experiences. There now exists Al-powered multimedia tools that can analyse images, create
voice, recognise speech, generate video content, recommend personalised media to users etc.
These innovations have greatly and generally influenced modern communication systems,
communication and media practicing, and media production. Nakod (2022) observes that
multimedia has gone beyond being merely conceived as the integration of text, audio, video,
image or animations because from 2022, multimedia exploded with “more complex forms of
interactions” such as Alexa, Google Assistant, Twitter, Snapchat, Instagram Reels etc. Nakod
adds that “such an explosion of multimedia and the rising need for artificial intelligence
comes into picture.” The conversion of Al and multimedia has brought about what is now
called by experts as multimedia intelligence - a term that describes “the eco-system created
we apply artificial intelligence to multimedia data” (Nakod, 2022). The convergence has
brought a new twist to the practices, general overview, and discipline of media and
communication.

However, artificial intelligence and multimedia as modern concepts and areas of study
are still relatively new to many, even among the academia despite their application within
and across tertiary institutions in Nigeria. For instance in the academia, Al used with
multimedia can enhance learning platforms by providing adaptive learning environments,
automated feedback, and intelligent tutoring systems. In the media and communication
sector, Al with multimedia can be used in video editing, content recommendation, audience
analytics etc. In reiteration, Al and multimedia are technological and engineering inventions,
particularly digital technology. However, their inputs are not limited to the fields of technology
and engineering but are applicable to all disciplines and human endeavours. This perhaps
makes Al, multimedia and the convergence of both a complex phenomenon to many other
fields outside technology. Similarly, in addition to increasingly development of digital
technologies, understanding the nitty-gritty and fundamentals of the confluence of Al and
multimedia appears problematic and complex. Therefore, from the foregoing discourse, there
appears a need for scholarly exploration of the concepts of Al, multimedia, and the new twist
particularly multimedia intelligence, the integration of Al and multimedia, has brought to the
milieu of media and communication.

STATEMENT OF PROBLEM

The continuing increase in advancement digital technologies triggered innovations of
artificial intelligence (Al) and multimedia. While Al is concerned about the computer
technologies having some human capabilities, such as reasoning, analysing etc., multimedia
entails combining various media elements, such as text, image, audio, video, graphics, and
interactivity to make communication process seamless and efficient. In recent times, there
have also been Al and multimedia convergence due to various dynamics, which include
continuous rapid growth in digital communication, globalisation, increase in new media
devices, societal needs, and efficiency. With this alliance, there also now seems to be a
significant transformation in the landscape of media and communication. The integration of
Al with multimedia has expedited a new twist by introducing human-natured features and
capabilities, such as automated content generation, intelligent editing tools, personalised
media experiences, robotic journalism, and real-time data-driven communication through Al
and multimedia systems. While this convergence presents numerous opportunities for
innovation and efficiency, it also raises critical concerns that necessitate scholarly
investigation. For example, in Nigeria where digital technology is perceived to be in its
budding stage, journalists, content creators, and media practitioners are increasingly
required to adapt to Al-assisted tools, culminating in the problem of technical know-how and
comprehension of the fundamentals of Al and multimedia, convergence of both, and
essentially the new twist occasioned by the convergence in today’s world of media and
communication. It became apparent in this study, therefore, to examine the new twist of Al
and multimedia convergence from a purview of media and communication using conceptual
and analytical approach.
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OBJECTIVES OF THE STUDY

The study was guided by the following objectives:

1. To elucidate concepts artificial intelligence, multimedia and convergence of artificial
intelligence and multimedia from a purview of media and communication.

2. To examine the new twist of the convergence of artificial intelligence and multimedia in
media and communication.

CONCEPTUAL, EMPIRICAL AND LITERATURE REVIEW

To conceptualize entails a thorough rational and empirical process of forming or

understanding a concept, idea, mental picture, phenomenon, abstractness or complex
information. Scott (2024) conceives conceptualization as “the process of defining and
clarifying the concepts and variables that will be studied. It is the phase where broad ideas
are refined into specific, measurable elements.” Artificial intelligence (Al) and multimedia
though may no longer be new concepts to many, yet they continue to evolve and expand. Al
finds its roots in technology and engineering, but its scope is multidisciplinary. The
interdisciplinary nature of Al even makes it more of a complex area of interest, which
invariably affects meanings ascribed to it in various disciplines. This is also partly why
conceptualisations of Al and multimedia, using empirical data and related literature ferreted
or scouted out from various disciplines, but particularly media and communication studies
is pertinent here. This should also include a brief history to understand the past, the present
and the future of Al.
A Brief History of Al: Historically, artificial intelligence predates the 21st century. Al truly
gains momentum in this century, but it is not a new phenomenon it has been evolving for the
past 70 years. It is believed that the term evolved in the 1950s through a theoretical
groundwork of era generative models by Alan Mathison Turing, British mathematician and
logician. In 1950, Alan proposed the “imitation game” known as “Turing Test” or “Intelligent
Machinery,” interrogating the possibility of machines thinking (Copeland, 2026a). Six years
later (1956), the trio of Allen Newell, Herbert Simon, and Cliff Shaw developed the “Logic
Theorist” as expounded in their publication, The Logic Theory Machine: A Complex Information
Processing System (Historyofinformation.com, 2025). The logic theorist seen today as the first
Al system, emphasizes that machines can perform tasks that were previously thought to
require human intelligence, particularly logical reasoning (Newell, et al., 1956). Meanwhile,
the Turing test continued to evolve. The Turing test is a practical test for computer intelligence
involving three participants of a computer, a human interrogator, and a human foil. Copeland
(2026a) observes that an American philanthropist, Hugh Loebner intorduced what he called
Loebner Prize. It was the first computer competition to pass the Turing test. Nobody passed
it until 2022 with the advent of the large language ChatGPT which only came close because
ChatGPT is a language model (Copeland, 2026a).

The early years of the 21st century (2000 - 2010s), artificial intelligence development
was dominated by data and deep learning. During that era, growth in computing power, large
data, and improved algorithms led to breakthroughs in deep learning (neural networks with
many layers) (Copeland, 2026a). There was significant improvement in deep learning in areas
of image recognition. Then in 2016, Al technologies started to thrive in speech recognition,
transaction and game playing(e.g., AlphaGo defeating a Go champion in 2016). The current
era of Al history, known as Generative Al and Modern developments, started in 2020 till
present. Here, Al is experiencing unimaginable growth with large scale models trained on vast
datasets that easily allow advanced language, image, and video generation. With the current
improved level, Al is not only widely used in science and engineering fields but also in media
and communication, education, healthcare, transportation, entertainment, and warfare.

What then is AI? Russell and Norvig (2020) publish a textbook titled Artificial
Intelligence: A Modern Approach (AIMA), which comprehensively and explicitly deals with the
subject of Al. Al is defined as the study of intelligent agents - systems that perceive and act
rationally, and that Al covers reasoning, learning, perception, and decision-making (Russell
& Norvig, 2020). Simon (1996), The Science of the Artificial (34 Ed.), perceives Al as designed
systems that mimic human problem-solving. Simon connects Al with cognitive science and
decision theory. The book was first published in 1969 (57 years ago), suggesting that the
concept of artificial intelligence is an old phenomenon as it predates the 21st century, but has
continued to evolve. Mitchell’s (2019), Artificial Intelligence: A Guide for Thinking Humans,
gives an overview of Al technology, but criticizes proponents of Al for overestimating the
capabilities of Al. The book clearly provides a modern but critical view of both Al abilities and
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limitations by expatiating on what can be done or not done by real-world contexts. It is
noteworthy that in today’s world, digital technology which brought about artificial
intelligence, is always evolving. Since that Mitchell’s publication, there has been significant
development and growth of Al technology. Winston (1992) also publishes 3t Edition of his
book, Artificial Intelligence. The first edition was in 1977. Winston construes Al as machines
that reason, learn and perceive - character traits exclusively for humans beings.

Gil de Zuniga et al. (2024) in their study titled, A Scholarly Definition of Artificial
Intelligence (Al): Advancing Al as a Conceptual Framework in Communication Research which
“introduces a wide-ranging working Al scholarly definition in communication research.” The
study does not only provide a conceptual framework for researching on Al particularly in
media and communication studies, but also expatiates that Al is a system capable of
autonomy, adaptation, and decision-making. Thus, the study defines Al as “the tangible real-
world capability of non-human machines or artificial entities to perform task [sic] solve,
communicate, interact, and act logically as it occurs with biological humans” (Gil de Zuniga
et al, 2024). Similarly, Kuhl et al. (2020) did a study on Machine Learning in Artificial
Intelligence: Towards a Common Understanding that focused on two related but different
areas: machine learning and AIl. According to the study, both concepts are used
interchangeably at some times, and differently at some other times. Therefore, Kuhl et al.
(2020) clarified the connections and the variations between the terms. According to the study
(citing Koza et al.), “machine learning describes a set of techniques that are commonly used
to solve a variety of real-world problems with the help of computer systems which can learn
to solve a problem instead of being explicitly” (Kuhl et al., 2020). Learning machines are not
Al though Al has learning feature as one its many cognitive feature. The study, on the other
hand, delineated Al into weak and strong. While strong Al depicts a mind with mental states,
weak Al refers to the type that only pretends to think (Kuhl et al., 2020).

Conceptualising Multimedia: Conceptualization in multimedia-based research such as this
current study, “Convergence of Artificial Intelligence and Multimedia: A New Twist in Media
and Communication,” is important because it enables transformation and demystification of
abstract and complex ideas and concepts. This is also done together with empirical and
literature review. Jordan (1998), in his research, Defining multimedia, corroborates that:
Multimedia is variously and often ambiguously defined. While most
people might accept a mix of voice, text and graphics, they might
resist calling a live lecture on titled work of art a multimedia presentation.
On the other hand, many definitions focus entirely on technology:
multimedia seems to be defined by the hardware required rather
than by the user’s experience (Jordan, 1998).
Jordan  (1998) therefore outlines five core characteristics: integration, interactivity,
hypermedia, immersion, and narrativity (narration). Integration includes aesthetic forms and
technology into a merged form of expression; interactivity entails users’ ability to influence
and affect their experience of media directly, and to communicate with others through media;
and hypermedia connects different media elements to create a trail of personal association.
For immersion, the knowledge of entering into the simulation or suggestion of a three-
dimensional environment; while narrativity includes artistic and conventional strategies
obtained from concepts resulting in nonlinear storytelling forms and media production
(Jordan, 1998). In clearer term, Jordan’s study views multimedia as a “meta-medium”
combining text, audio, video, and interactivity; and explains that the integration of art,
technology, and communication in multimedia development (1998).

For the study, The multimedia conceptual model, Tuan (2012) develops a conceptual
framework for multimedia systems, focusing on structure, interaction, and integration of
media components. The framework focuses on how multimedia systems are structured,
integrated, and interact with users as one entity. That is, despite engaging different elements
such as text, audio, images, graphics, video, and animation comparatively, Tuadn construes
multimedia as not separate media elements, but as an integrated singled system comprising
the various elements (2012). This implies that multimedia is multimodal production,
integrating text, audio, video, graphics, animation etc. This is also similar to the position of
Engebretsen (2006) in his scholarly article, Making sense with multimedia: A text theoretical
study of a digital format integrating writing and video, focuses on two multimedia elements -
text writing and video. Engebretsen (2006) explores five functional features of text and video,
which he calls “media typological traits of writing and video.” It suffices to replicate the
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structural traits in this study because they are pertinent to contemporary multimedia
studies. They include: form of representation, basic unit of syntax, grammar, structuring
principles, and reception. Form of representation describes the format and method applied
to process multimedia content (data, messages and information), the way data are structured
and conveyed by users through the various multimedia elements. The basic unit of syntax
refers to the set of rules, considered to be the smallest free form (the word) which defines how
individual multimedia elements are structured to create efficient multimedia contents.
Engebretsen observes that in multimedia, the word or the concept is the basic building block,
serving as a connect between “a particular linguistic expression and a particular idea (2006).
Grammar in the study describes a set of principles that govern how the various multimedia
elements are combined to create effective multimedia. Structural principles are the
architectural guideline that are used to organise content to maximise clarity and learning,
while reception denotes how audience of multimedia content actively interpret and make
meaning.

From a media and communication perspective particularly, a study, Defining
Multimedia Journalism: A Systematic Literature Review by Tufa and Cela (2023) synthesizes
22 definitions of multimedia and identify five elements as core components of multimedia:
text, audio, video, graphics and animation, thus; conceptualising multimedia as the
integration of multiple media forms for communication. The study outlines three key
perspectives on the use of multimedia: computer sciences, educational sciences, and
communication sciences, leading to the various theoretical and practical developments in
communication and media (Tufa & Cela, 2023). Oki et al. (2015) in their work, Multimedia
and global communication of scientific concepts: An example using animal reproductive science,
observe that right exploit of multimedia increases understanding and essentially decreases
delivery time, multimedia can be affective for teaching important concepts to a wide variety
of audiences, ranging from students to the general public, and multimedia can be use for
individual concepts or full virtual programmes (Oki et al., 2015). Therefore, the study
conceives multimedia as means for worldwide knowledge communication and for
demystifying complex concepts into accessible formats.

THEORETICAL FRAMEWORK

The study is hinged on media convergence, technological determinism, and diffusion
of innovation theories for theoretical underpinning. The media convergence theory mainly
originated from Henry Jenkins’s views contained his 2005 popular book, Convergence
Culture. According to Manovich (as cited in Ufot, et al. 2023, p. 94), the concept of media
convergence “may be understood as confluence of written text (titles and credits),
photography, animation, and audio recording.” To Chakaveh and Bogen (2007, p. 811 ), the
theory focuses on how and why communication media are merge and made to become one,
as a result of emerging media technologies. The underlining arguments of the theory include:
integration of traditional and digital media, flow of contents across multiple platforms,
audience participation and interactivity, and blurring boundaries between media producers
and consumers. The theory helps to explains how Al and multimedia convergence reshape
media and communication. However, the technological determinism theory views technology
as the determining agent driving cultural, societal, and historical change, and that existing
technology in a given society and culture transforms how individuals think and act in that
particularly environment. Although the views of the German philosopher and economist -
Karl Mrax - influenced the build up of the theory, an American sociologist and economist,
Thorstein Veblen (1857 - 1929) coined the term “technological determinism” (Asemah et al.
2017, p. 294). Marshal McLuhan was also a key proponent of the theory with his famous
ideas of “the medium is the message” and “the global village.” According to Oladele and
Asemah (2022, p. 26), there are two identifiable hypotheses of the technological determinism
theory, which include: “a. The technology of a given society is a fundamental influencer of
the various ways in which a society exists. a. Changes in technology are the primary and
most important source that leads to change in the society.” The theory is relevant because
both Al and multimedia are creations of technology particularly digital technologies, helping
to explain how the convergence of Al and multimedia is transforming the world of media and
communication. The diffusion of innovation (DOI) theory, on the other hand, was propounded
by Everest M. Rogers in 1962 to provide explanation to “how, overtime, an idea or product
gains momentum and diffuses or spread, through a specific population or social system. The
end result ... is that people, as part of a social system, adopt a new idea, behaviour or product”
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(Asemah et al. 2017, pp. 108 - 109). The theory therefore, assumes that the media and the
audiences negotiate meanings and effects as they interact. The theory is relevant to the study
in understanding how the convergence of Al and multimedia is bringing about a new twist in
media and communication.

METHODOLOGY

The study adopts a conceptual and analytical approach, also known as concept
analysis methodology. This is a qualitative research method that is used “to create new
knowledge by building on carefully selected sources of information combined according to a
set of norms” (Jaakkola, 2020). According to Hupcey and Penrod (2005), this approach
“demands the researcher to analyse scientic meaning (not everyday notions) and to think
critically (not imaginatively) ...” (as cited in Smith & Morelius, 2021). This mainly entails
analysing data ferreted and scouted out from secondary sources. The focus is to demystify
complex concepts or ideas, i.e. making meanings out of them, and critically evaluating facts
and information - focusing on cause-effect relationship between Al and multimedia.

ANALYSIS AND DISCUSSION
Convergence of Artificial Intelligence and Multimedia: A New Twist in Media and
Communication

The foregoing conceptualisation, empirical and literature review shows that both
artificial intelligence (AI) and multimedia are innovations of science and technology,
particularly digital technology. The rapid constant rise in the evolution of digital technologies
has significantly transformed the landscape of media and communication. This buttresses
the assertion of Komiti (2022, p. 380) that “modern revolution, majorly driven by steady
technological advancement and globalisation, has affected every discipline known to
mankind, including journalism and globalisation.” Digital technologies enable media
practitioners to depict the world and interact with the environment like never before,
particularly connecting technologies with hyperlinking and mixing media, and transforming
the production of media messages and contents (creation of meaning) (Engebretsen, 2006).
The two veritable forces driving the transformation in media and communication are Al and
multimedia. While Al entails computer-based digital systems simulating human capabilities
seamlessly, such as intelligence, logic, and interactivity, multimedia enriches communication
and its production through the integration of several multimedia elements: text, audio, video,
graphics etc. The study perceives the convergence of Al and multimedia as a redefining
catalyst for a turn-around in media and communication. This implies to how information are
created, processed, distributed and consumed, and how they are now being influenced by the
Al-alliance multimedia.

Al as shown in the available literature, describes the ability of digital technologies to
accomplish complex tasks that typically demand, most often, rare human efforts and
intelligence, such as learning reasoning, problem-solving, interaction, and decision-making.
Most available data are in tandem with this definition of Al. For instance, Gil de Zuhiga et al.
(2024) rightly construe Al “as the tangible real-world capability of non-human machines or
artificial entities to perform, task solve, communicate, and act logically as it occurs with
biological humans.” It is pertinent to note that Al can be studied and examined using two
dimensions known as level of performance and level of autonomy, and drawing from the
former, Al should be able to perform tasks, take decision or make prediction, whereas at the
level of autonomy, focuses are on “the degrees of human input, interaction, or supervision”
(Gil de Zuniga et al., 2024). However, Al can be seen as core domain of digital technology and
computer science. Some of the features of artificial intelligence are:

i. Al has intelligence, the type attributed to human beings.

ii. Al is digitized because it converts data first in numerical matrices for analysis and
prediction.

iii. Al performs human-like tasks.

iv. Al is a form of computing. It is a core domain within Computer Science.

v. Al is machine learning (ML), which equips computer systems to learn from data patterns.
vi. Al has natural language processing (NLP) that enables it to understand and generate
human language effectively.

vii. Al has computer vision which helps it to correctly interpret images and videos.

viii. Al entails deep learning by using neural networks for complex decision-making tasks.
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Ostensibly, in understanding and defining Al, the inclusion of intelligence is
significant, and without manifest meaning of intelligence, such machines and digital systems
are not in any form near Al. Intelligence involves a variety of capabilities. Copeland (2026)
corroborates this viewpoint by emphasizing that “Psychologists generally characterize human
intelligence not by just one trait but by a combination of many diverse abilities. Research in
Al has focused chiefly on the following components of intelligence: learning, reasoning,
problem solving, perception, and using language.” These five features of intelligence are also
what make the inclusion of intelligence in conceptualising Al fundamental. See figure 1 below.

JJ Problem Solving |  Language (NLP)
_ Al fam)
it =9 K@

« Improves from data * Logical thinking « Finds solutions « Interprets sensory data « Understands
« Uses ML models « Decision making » Planning steps « Vision human language
« Sound * Speech
« Communication

Figure 1: Al traits of intelligence. Source: Al-generated using ChatGPT (OpenAl, 2026)
Generally, learning is the process of acquiring new knowledge or skills, gaining new
perspectives. Learning can also be perceived as a relatively permanent change in knowledge
and behaviour resulting from experience, practice, or training. It involves cognitive,
emotional, and environmental influences, leading to the acquisition of new skills, knowledge
or attitudes. Learning in Al varies, including: learning by trial and error, role learning etc.
(Copeland, 2026). Al is a veritable learning too that learns and be learned from. Reasoning is
the cognitive process
of using logic and empiricism to form conclusions or judgments. Reasoning entails inferring
meaning equal to the situation, and it can be deductive or inductive (Copeland, 2026). It is
the cognitive process of using logic and empiricism to form conclusions or judgments. Al can
give accurate conclusions and judgments based on available data (evidence, body of
knowledge and empiricism) to it. Al is perceived to be intelligence because of its feature of
problem solving. Al helps to identify a challenge and the same time factoring solutions.
Copeland emphasises that in Al, this “may be characterized as a systematic search through
a range of possible actions or in order to reach some predefined goal or solution” (2026).
Perception is all about the ways in which people perceive information. To perceive is to
understand and interpret or accept and reject. Perception is making sense out of something.
A high level of perception connotes a high intelligence quotient (IQ). Copeland further explains
that Al “perception is sufficiently advanced to enable optical sensors to identify individuals
and enable autonomous vehicles to drive at moderate speeds on the open road” (2026). On
the other hand, language includes a system of meaningful symbols that encapsulates written,
oral, non-verbal data etc. In Al, languages are mainly known as programming languages.
According the writer of Lenovo. (n.d), programming languages of artificial intelligence are
“languages used in the development of artificial intelligence (Al) systems. These languages are
specifically designed to enable machines to learn, reason, and perform tasks that traditionally
require human intelligence. They provide the foundation for creating Al-powered applications
and services.” Just as biological humans have popular languages, such as English, French,
Chinese, Urhobo, Yoruba, Igbo etc., so is with Al having widely used language - Python for
its simplicity and vast libraries. Other commonly used Al languages are R, Java, Lisp, Prolog,
and Jula (Lenovo, n.d). Al can also be characterised by the following eight features: deep
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learning, natural language, computer vision, robotics, expert systems, neural networks, data
analysis, and machine learning, as seen in Figure 2 below.

FEATURES or ARTIFICIAL INTELLIGENCE
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Figure 2: Features of Al Source: Al-generated using ChaatGPT (OpenAl, 20263a).

From Figure 1 above, the machine learning helps computers to learn from data and
improve their performance without being explicitly programmed. The deep learning is a
specialised form of machhine learning that uses layered neural networks to solve complex
problems, e.g. image and speech recognition. The natural language processing enables
machines to understand, interpret, and generate human language, such as chatbots and
voice assistants. The feature that allows machines to correctly interpret and analyse visual
data like images and videos is the computer vision. While the data analysis examines large
datasets to identify patterns, trends, and useful information for decision-making, the neural
networks comprise computational models inspired by the human brain that helps Al systems
to recognise patterns and make prediction. The robotics is the application Al to machines so
that they perform physical human tasks independently or semi-independently. The expert
systems entail Al programmes configured to imitate the decision-making capability of human
expertise in specific fields. From the foregoing, therefore, artificial intelligence can be defined
as computer-based digital technology designed that banks on algorithms, machine learning
techniques, and large datasets to perform intelligent tasks, like humans do, in order to
simulate cognitive processes, such as learning, reasoning, and decision-making.

In reiteration, multimedia is another broad area that the continuous evolution digital
technologies has impacted media and communication. Until recently, what was commonly
known about multimedia was merging of text with audio and video. However, the continuing
rise in digital technologies, multimedia has evolved to accommodate various multimedia
elements, such as graphics, animations, slide, interactivity. Inobemhe et al. (2024) argue that
“Multimedia as a concept is suggestive of an advancement in digital technology whereby a
number of media formats are enabled in information dissemination and communication.”
Similarly, Vincent and Shepherd (1989) (as cited in de Sousa et al, 2017), “the term
multimedia was introduced in the 1960s to describe the combined use of several media, such
as text, film, video, still images, and audio.” The above definitions are limited in that,
conceptualising multimedia without the inclusion of digitalisation or digitisation renders the
process inaccurate. Digitalisation enables user-generated content and immersiveness in
communication. Thus, there is now prosumer - consumers of media contents are now also
active'producers of media contents through digitalisation. Today, what essentially drives
multimedia is digital technology. Apart from digitalisation, other core elements of multimedia
are: text, graphics, audio, video, animation, and interactivity. See the infograph (figure 3)
below for lucid illustration.
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ELEMENTS OF MULTIMEDIA

Multimedia combines several elements to create engaging,
informative and interactive experiences.
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Figure 3: Elements of multimedia I. Source: Al-generated using ChatGPT (OpenAl, 2026b)

Text entails the written part of a multimedia productions, in forms of titles, labels,
instructions or subtitles in movies and documentaries. Text is used to provide more
information, e.g. to translation and to support hearing. Audio is the spoken and oral part,
which may be speech, voice-over, music interlude, background sound, sound effects etc.
Video is a combination of more motion pictures and some audio or sound. Videos are
described as recorded moving images. Videos can also be live or live-streamed. Graphics in
the context of multimedia include visual elements, such as photographs (still pictures),
drawings, charts, icons, or diagrammes, for visual enhancement of multimedia. Animation is
simulated graphics that creates the illusion of movement. Kehr (2026) describes animation
as “the art of making objects appear to move. Animation is an artistic impulse that long
predates the movies." It enables for production of creative and visual ideas that are difficult
to depict through graphics. Interactivity as an element describes the unique feature that
allows multimedia users to be actively engaging with multimedia content, thus making it
user-friendly through clicking and navigating buttons, menus or prompts. Digitalisation, on
the hand, describes the application of digital technologies to enhance production and
accessibility of media. Note, there is difference between digitisation, which has to do with
conversion or transformation of information from physical form to digital form. Both
digitalisation and digitisation.

In today’s world of media and communication, instead of just using one or two
ingredients (text, audio, graphics, animation, video, interactivity, and digitalisation cum
digitisation), multimedia combines all or several to create media contents that are exquisite,
refined and engaging, thus making communication process seamless, fun and captivating.
The concept can be construed in two different ways: various media forms are placed in clear
sequence for ease of information dissemination and reception and the usage of many forms
of digital media to make the process of communication coherent and efficient (Inobemhe et
al., 2024).

The convergence and the new twist: Oxford Learner’s Dictionaries (2026) define
convergence as “the process of moving together from different directions and meeting; the
point where this happens.” In the context of this study, Al and multimedia convergence
describes the blending of Al technologies with multimedia systems; merging Al features with
multimedia capabilities to create intelligent, accommodative, and interactional media and
communication processes. Al and multimedia convergence entails using Al tools or devices
together with multimedia devices at the same time to produce efficient media and
communication. Al tools are software applications and hardware systems powered by Al to
simulate human-like intelligence so as to automate tasks, analyse data, and generate media
content. However, multimedia tools are electronic hardware and software components used
for creating, storing, processing, and presenting various forms of multimedia to allow for
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consumption, creation and interaction of digital media contents (Hafidh, 2023). Al tools
include: Google Geminin, ChatGPT, Copy.ai, H20.ai, Caffe, Gramarly, ChatSonic, Al Infras,
OpnNN, Fireflies, Wordtune, Jasper Al, ChatFlash etc. Multimedia tools are ebook, tablet,
laptop, smart clocks, projectors, video camera, navigation for games, signal communication,
and desktop computers. Others are smartphones, digital clocks, internet routers, USB cables,
keyboard, printer, memory cards, headphones, batteries etc., and software for editing, Al
generation, and designs. Table 1 below illustrates the features of Al and multimedia devices.
S/n Feature Al Devices Multimedia

1 Similarity Software and hardware, digital Software and hardware,

technologies digital technologies
2 Purpose Intelligeenge and automation Media creation and
presentation
3. Automation High - very high Low - moderate
4 Function Learning, reasoning, prediction, Designing, editing,
analytics presentation
S Output Smart and automated results Creative media and

communication content

6 Core Deep learning, natural language, text, graphics, audio,
elements computer vision, robotics, expert video, animation, and
systems, neural networks, data interactivity
analysis, and machine learning

7 Examples ChatGPT, TensorFlow, Google Smartphones, Photoshop,
Geminin Premiere Pro,

Table: Features of Al and Multimedia Devices. Source: Author

The convergence of Al and multimedia has brought about significant transformation
in media and communication, for instance, by allowing and facilitating efficiency in media
production, improved user experience, increased individualization, decreased in media
production and operation costs, enhanced global accessibility and reach. This is in tandem
with the submission of Ajisafe and Doyinsola (2025) that “the evolving intersection between
artificial intelligence and media convergence in the 21st century, with a focus on how
intelligent technologies are reshaping media production, distribution, and audience
interaction.” This alliance of Al with multimedia is now being referred to as “multimedia
intelligence” to imply the involvement of Al capabilities or features, such as machine learning
(ML) and neural works in multimedia production. Ajisafe & Doyinsola outline the following
areas of new twist due to the convergence: transformative impacts on media production
through generative Al and creation of media content, algorithmic journalism, multimedia,
multimedia personalisation, and advanced editing and post-production (2025). Thus, the
infusion of Al into multimedia has allowed robotic journalism and news writing, Chatbots for
audience interaction, speech identification and voice and sound assistants, fake content
detection and fact-checkers. Media professionals do not always have to carry hand-held
cameras, tripods, or outside broadcasting van (OBV). With the aid of the convergence, there
are now dominant deployment of drones in news and content gathering, seamless editing as
there may not be need for human editor and proofreaders because of the availability of Al
software doing it almost better. There are now various Al tools generating news stories,
creating graphics, and videos with great verisimilitude to the original or where there is no
original, invent it. Example of such Al tools is HeyGen. Others are: Nano Banana (Gemini 3)
unique for speed and semantic accuracy, Flux.2 for exquisite photorealistic precision and
technical control, GPT-Image 1.5 (ChatGPT) for logical prompt following and iteration, Grok-
3 (xAl) for real-time social media assets, and Adobe Firefly 5 for enterprise legal safety
(Abyssale, 2026). In another view point, the convergence has enabled analysis f user
behaviour to deliver customized news feeds, personalized advertisements, and streaming
recommendations. This is interactivity.
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From the foregoing interrogation of Al alliance with multimedia and the attendant
impact, it can be deciphered that the convergence depicts a major twist in today’s media and
communication milieu. Al and multimedia integration is now transforming how media
content is produced, disseminated and received. distributed, and consumed. This perspective
agrees with the underlining argument of the media convergence theory that convergence
enhances media and communication. It also aligns with the technological determinism theory
which assumes technology as the determining agent driving cultural, societal, and historical
change, and that existing technology in a given society and culture, transforming how
individuals think and act in that particularly environment. The study establishes that both
Al and multimedia thrive through technological advancement, particularly digital
technologies. From the available data, there have been changes in the production and
reception of media content recently. Similarly, it is pertinent that no matter what
technological devices that are applied or innovated in media and communication, the process
of diffusion is dynamic and speedy. This is the position of the diffusion of innovation theory
as that “overtime, an idea or product gains momentum and diffuses or spread, through a
specific population or social system. The end result ... is that people, as part of a social
system, adopt a new idea, behaviour or product” (Asemah et al. 2017, pp. 108 - 109). In the
context of this study, the convergence of Al and multimedia has truly facilitated a new twist
in media and communication. It is however noted that the new twist (transformation and new
way of doing things) in media and communication, may have created serious needs for
reviewing extant ethics of media and communication practices in Nigeria.

Conclusion and Recommendations

The convergence of Al with multimedia has significantly enhanced the functionality of
practitioners of media and communication, especially in the areas of media content
production, dissemination and reception. The transformation orchestrated by the integration
of Al with multimedia transcends all fields of media and communication. The alliance
facilitates hyper automation, intelligent media creation and dissemination, and real-time
interactive user experiences. With the convergence driven by the continuing evolving of
relevant digital technology, the entire process of media production and delivery now seems
seamless, bringing efficiency, automation and inclusiveness due to multimedia intelligence -
manifest of Al in multimedia communication. The study therefore, recommends that:

1. Local media practitioners and researchers, engineers and technologists should
concentrate on the convergence of Al and multimedia with a view to having adequate
indigenous practical and theoretical expertise in the area.

2. National Universities Commission (NUC) and National Board for Technical
Education (NBTE) respectively, should include Al and multimedia in the curricula of the
respective courses and disciplines of media and communication studies.

3. The respective professional bodies, associations, and agencies of media and
communication field and adjuncts should fine-tune necessary means of reviewing ethical
standards to meet with the current twist in the industry.
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Abstract
The Special Panel on Artificial Intelligence and Research examines the transformative role of
Artificial Intelligence (AI) in advancing knowledge production, interdisciplinary research, and
evidence-based policymaking. The study was prompted by the rapid integration of Al tools in
global research and the need to assess their relevance, applications, challenges, and ethical
implications within the African context. Guided by Diffusion of Innovations (DOI) Theory, the
Technology Acceptance Model (TAM), and the Algorithmic Accountability Framework, the
paper employs a qualitative content analysis of scholarly literature, case studies, and policy
reports. Findings reveal that Al facilitates efficient data collection, predictive modeling,
natural language processing, and knowledge synthesis across health, agriculture, social
sciences, and legal research. However, challenges persist, including data bias, lack of
transparency, infrastructural limitations, skills gaps, and regulatory constraints. Ethical
considerations, particularly privacy, fairness, accountability, and cultural sensitivity, are
critical for responsible Al adoption. The study highlights the need for African researchers and
institutions to strategically integrate Al, combining technological capacity with ethical
governance, to enhance research outcomes, strengthen global competitiveness, and inform
policy interventions.
Keywords: Artificial Intelligence, Research, Diffusion of Innovations, Technology Acceptance
Model, Algorithmic Accountability, Ethics, Africa

Introduction

Artificial Intelligence (AI) represents one of the most transformative technologies of the 21st
century, with profound implications for research across disciplines. Broadly defined, Al is the
simulation of human intelligence processes by machines, particularly computer systems,
encompassing capabilities such as reasoning, learning, problem-solving, perception, and
natural language understanding (Russell & Norvig, 2021). Over the past few decades, Al has
evolved from theoretical concepts into practical tools that are increasingly integrated into
academic, scientific, and policy-oriented research. Its relevance has been amplified in the
digital era, characterized by unprecedented growth in data generation, the proliferation of
computational tools, and the demand for rapid, evidence-based decision-making.

In research contexts, Al offers the capacity to process large volumes of structured and
unstructured data with speed and precision that far exceeds traditional methods. For
example, in the social sciences, Al-powered text and sentiment analysis allow researchers to
examine societal trends, public opinion, and behavioral patterns at scale, facilitating insights
that were previously unattainable. In the natural and applied sciences, Al enhances
predictive modeling, simulation, and experimental design, accelerating innovation in fields
such as healthcare, agriculture, environmental studies, and energy research. These
applications demonstrate Al’s role as not merely a supportive tool but as a central pillar in
modern knowledge production.

The integration of Al into research is particularly significant for Africa, where institutions are
increasingly seeking technological solutions to bridge resource constraints, enhance research
productivity, and address complex societal challenges. African researchers are beginning to
leverage Al in areas such as disease surveillance, agricultural optimization, legal analytics,
and climate change modeling. Despite these advances, the continent faces unique challenges,
including limited access to high-performance computing infrastructure, gaps in technical
expertise, and insufficient regulatory frameworks to govern ethical Al use . These challenges
necessitate a careful, context-sensitive approach to Al adoption, ensuring that the technology
is deployed responsibly and inclusively.

Moreover, Al in research raises critical ethical and legal questions. Issues such as data
privacy, bias in algorithmic decision-making, intellectual property rights for Al-generated
outputs, and accountability for research findings require scholars and institutions to adopt
robust governance frameworks. The responsible integration of Al into research, therefore,
demands a multidisciplinary perspective, combining technical understanding with legal,
ethical, and societal considerations
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This paper seeks to explore the intersection of Artificial Intelligence and research, focusing
on its applications, challenges, and implications within both global and African contexts. The
study aims to provide insights for researchers, policymakers, and institutions, highlighting
strategies to harness Al’s potential while mitigating associated risks.

Specifically, it addresses the following objectives:

e To examine the relevance and applications of Al in contemporary research.

e To identify the challenges and limitations of integrating Al into research practices.

e To analyze the ethical, legal, and policy considerations surrounding Al-driven research.

e To propose recommendations for effective and responsible adoption of Al in African research
contexts.

Through a detailed exploration of these themes, the paper emphasizes Al’s transformative
potential while underscoring the necessity of governance, capacity-building, and ethical
diligence in research.

Historical Background of Al in Research

Artificial Intelligence (AI) as a field of study emerged in the mid-20th century, with
foundational concepts introduced by pioneers such as Alan Turing, John McCarthy, Marvin
Minsky, and Herbert Simon. Turing’s seminal question, “Can machines think?” laid the
philosophical groundwork for computational intelligence, while McCarthy’s coining of the
term “Artificial Intelligence” in 1955 formalized a research agenda that would explore
machines capable of performing tasks traditionally requiring human intelligence (Russell &
Norvig, 2021). Early Al research focused on problem-solving, symbolic reasoning, and rule-
based systems, with applications largely confined to logic and mathematics.

The 1960s and 1970s saw the emergence of expert systems—AI programs designed to mimic
human decision-making in specific domains. These systems were applied in scientific
research for diagnostic purposes in medicine, chemical compound analysis, and
mathematical theorem proving. By the 1980s, Al research expanded into machine learning,
enabling systems to learn patterns from data rather than relying solely on pre-programmed
rules. This shift marked the beginning of Al’s integration into more dynamic research
contexts, facilitating automated data analysis, predictive modeling, and experimental
simulations.

Globally, the early 2000s marked a significant turning point for Al in research, driven by
three converging factors: the exponential growth of digital data, advances in computational
power, and the development of sophisticated algorithms such as deep learning and neural
networks. These innovations transformed Al from a niche theoretical pursuit into a practical
tool for conducting large-scale, interdisciplinary research. In domains such as genomics,
climate modeling, and social network analysis, Al has become indispensable for processing
complex datasets, identifying patterns, and generating insights that inform policy and
practice (Jordan & Mitchell, 2015).

In the African context, the adoption of Al in research has been gradual but increasingly
impactful. Early initiatives were often constrained by limited access to computational
infrastructure, scarce funding, and a shortage of technical expertise. Nonetheless, several
institutions and research centers began experimenting with Al-driven methodologies in the
2010s. For example, Al has been applied in healthcare research for disease surveillance, such
as predicting malaria outbreaks in West Africa using machine learning algorithms . Similarly,
in agriculture, Al models have been deployed to optimize crop yield predictions and monitor
soil health, addressing critical food security challenges. These applications illustrate the
continent’s growing recognition of Al as a transformative tool for research, capable of
addressing context-specific challenges.

Additionally, Al has found application in African legal and social research. Law faculties and
policy institutes are experimenting with Al-based legal analytics to streamline case law
analysis, identify trends in judicial decisions, and enhance access to legal information. In
social sciences, Al is increasingly utilized for media content analysis, sentiment tracking on
social media, and the study of behavioral patterns in urban populations. These developments
underscore Al’s potential not only to advance research but also to inform evidence-based
policymaking in diverse sectors.

Despite these advances, Africa’s engagement with Al research remains uneven. While some
countries, such as South Africa, Nigeria, Kenya, and Ghana, have invested in Al research
centers and capacity-building initiatives, many others face infrastructural and human capital
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limitations. The historical trajectory of Al adoption in research thus reflects both global
technological trends and local socio-economic realities, highlighting the need for targeted
investments, ethical frameworks, and collaborative approaches to maximize Al’s research
potential.

The historical development of Al in research illustrates a journey from theoretical inquiry to
practical application, with distinct phases characterized by symbolic reasoning, expert
systems, machine learning, and deep learning. In Africa, this evolution has been shaped by
both global technological shifts and local contextual factors, setting the stage for
contemporary applications that address pressing societal challenges. Understanding this
historical trajectory is crucial for situating Al within the broader discourse on research
innovation, ethical responsibility, and policy relevance.

Theoretical Framework

The integration of Artificial Intelligence (Al) into research practices represents not only a
technological shift but also a conceptual and behavioral transformation that requires
theoretical grounding. To provide a structured understanding of how Al is adopted, utilized,
and governed in research contexts, this study is anchored on the Diffusion of Innovations
Theory, the Technology Acceptance Model (TAM), and the Algorithmic Accountability
Framework. These frameworks collectively explain patterns of adoption, user behavior, and
the ethical-legal implications of Al-driven research.

Diffusion of Innovations Theory

The Diffusion of Innovations Theory, developed by Rogers (2003), explains how new ideas and
technologies spread within a social system over time. According to the theory, the adoption
of an innovation is influenced by key attributes such as relative advantage, compatibility,
complexity, trialability, and observability (Rogers, 2003).

This theory is particularly relevant to understanding the adoption of Al in research, especially
in African contexts. While Al offers clear advantages—such as enhanced data processing,
predictive modeling, and research efficiency—its adoption across African institutions has
been uneven. Factors such as infrastructural limitations, lack of technical expertise, and
institutional resistance contribute to slower diffusion rates. The theory helps explain why
some institutions act as early adopters of Al technologies, while others remain late adopters
or laggards.

Furthermore, diffusion processes are facilitated through communication channels such as
academic conferences, scholarly publications, and international collaborations, which play a
crucial role in spreading awareness and encouraging adoption (Rogers, 2003). Thus, the
Diffusion of Innovations Theory provides a useful lens for analyzing how Al technologies are
introduced and integrated into research systems.

Technology Acceptance Model (TAM)

The Technology Acceptance Model (TAM), proposed by Davis (1989), explains users’
acceptance and use of technology based on two primary variables: perceived usefulness and
perceived ease of use. Perceived usefulness refers to the extent to which a user believes that
a system enhances performance, while perceived ease of use reflects the degree to which the
system is free of effort (Davis, 1989).

In the context of Al in research, TAM helps explain how researchers perceive and adopt Al
tools such as machine learning platforms, data analytics software, and natural language
processing systems. Studies have shown that researchers are more likely to adopt digital
technologies when they perceive them as useful and easy to use (Venkatesh & Davis, 2000).
This model is particularly relevant in explaining the skill gap observed in many African
research institutions. Even where Al tools are available, adoption may be hindered by lack of
training, technical complexity, and limited institutional support . Therefore, TAM underscores
the importance of capacity-building, user-friendly systems, and institutional investment in
promoting Al adoption in research.

Algorithmic Accountability and Ethical Al Framework

The Algorithmic Accountability Framework provides a critical perspective on the ethical and
legal implications of Al systems. This framework emphasizes principles such as transparency,
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fairness, accountability, and responsibility in the development and deployment of Al
technologies (Diakopoulos, 2016; Floridi et al., 2018).

In Al-driven research, algorithms are central to data analysis and decision-making processes.
However, these algorithms may embed biases, lack transparency, and produce outcomes that
are difficult to interpret. This raises concerns about the validity, fairness, and accountability
of Al-generated research findings (Floridi et al., 2018).

Within the African context, where regulatory frameworks for Al are still evolving, the need for
algorithmic accountability is particularly critical. Researchers must ensure that Al systems
are designed and applied in ways that are transparent, inclusive, and ethically sound. This
includes addressing issues of data bias, ensuring explainability, and complying with data
protection regulations (Diakopoulos, 2016).

Relevance of Al to Contemporary Research

Artificial Intelligence (Al) has become an indispensable tool in contemporary research due to
the unprecedented volume and complexity of data generated in the modern world. Traditional
research methods, which rely on manual data collection, coding, and analysis, often struggle
to cope with large-scale datasets, especially in social, health, environmental, and
technological studies. Al, through its computational power and advanced algorithms,
provides the capacity to process vast quantities of structured and unstructured data
efficiently, enabling researchers to uncover patterns, generate predictive models, and derive
insights that were previously inaccessible (Russell & Norvig, 2021; Jordan & Mitchell, 2015).
One of the most significant contributions of Al to research is its ability to accelerate the pace
of knowledge production. In scientific disciplines, Al algorithms enhance the speed and
accuracy of experiments. For instance, in medical research, machine learning models are
used to analyze patient data, predict disease outbreaks, and optimize treatment protocols. In
Africa, Al-based epidemiological modeling has been applied to predict malaria and COVID-19
patterns, providing critical information for public health planning (Ogundepo et al., 2022;
Nishant et al., 2020). This demonstrates that Al is not merely a supportive tool but a strategic
instrument for evidence-based decision-making and policy formulation.

In the social sciences and humanities, Al has transformed data analysis by enabling large-
scale textual and multimedia data processing. Natural Language Processing (NLP) allows
researchers to analyze social media posts, news articles, and other textual content for
sentiment, trends, and public opinion. Studies have shown that NLP techniques can
effectively extract insights from digital communication networks and online discourse (Bail,
2016; Nishant et al., 2020). For example, scholars across African contexts have applied Al
tools to study social media discourse surrounding elections, social movements, and public
policy debates. These insights are invaluable for understanding societal behaviors,
communication patterns, and the effectiveness of governance initiatives. Al thus expands the
research horizon, providing both breadth and depth in analysis.

Another area where Al demonstrates relevance is in interdisciplinary research. Modern
challenges, such as climate change, urbanization, and public health crises, require
approaches that integrate multiple fields. Al facilitates this integration by combining data
from diverse sources—satellite imagery, census statistics, social media, and economic
indicators—into coherent models. For instance, Al-driven climate and agricultural models
have been used to analyze environmental patterns and improve decision-making in
developing regions (Ayanlade et al., 2020; Kamilaris & Prenafeta-Boldu, 2018). Similarly, in
legal research, Al is employed to analyze large databases of case law, statutes, and regulatory
texts, thereby supporting comparative law studies and evidence-based legal reform initiatives
(Ashley, 2017; Surden, 2019).

The relevance of Al also extends to enhancing research quality and reproducibility. Al
algorithms can identify inconsistencies in datasets, detect errors, and provide standardized
methods of analysis, thereby improving the reliability and validity of research findings
(Jordan & Mitchell, 2015). Additionally, Al assists in the synthesis of large bodies of literature,
making literature reviews more comprehensive and efficient. Al-driven tools enable
researchers to navigate the rapidly expanding body of scholarly publications, enhancing
knowledge discovery and academic productivity (Nishant et al., 2020).

In the African research context, Al’s relevance is further underscored by its potential to
address resource constraints. Many African research institutions face limitations in funding,
personnel, and infrastructure. By automating repetitive tasks, optimizing data analysis, and
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facilitating remote collaboration, Al helps mitigate some of these challenges (Akeredolu-Ale &
Adeyemo, 2021). Moreover, Al-driven research can support local innovation, enabling
scholars to develop solutions tailored to Africa’s unique socio-economic and environmental
conditions.

AT’s relevance to contemporary research is multifaceted. It accelerates knowledge production,
enhances the quality and reproducibility of research, facilitates interdisciplinary studies, and
provides scalable solutions for complex societal challenges. For African researchers, Al offers
both a transformative opportunity and a strategic imperative, enabling them to participate
more fully in the global knowledge economy while addressing local research priorities.
Recognizing and harnessing this relevance is critical for ensuring that Al contributes
positively to research development, policy formulation, and societal advancement on the
continent (Nishant et al., 2020).

Applications of Al in Research

Artificial Intelligence (Al) has revolutionized research across multiple disciplines by providing
innovative tools for data collection, analysis, and knowledge generation. Its applications
extend from the natural and social sciences to law, humanities, and policy research. Al
enhances efficiency, accuracy, and depth of research while allowing scholars to explore
complex phenomena at scales previously unattainable (Russell & Norvig, 2021; Jordan &
Mitchell, 2015).

1. Data Collection and Management

Al facilitates automated data collection, reducing the time and labor required in traditional
research. Techniques such as web scraping, sensor networks, and Internet of Things (IoT)
devices allow researchers to gather structured and unstructured data from diverse sources.
In Africa, Al-driven tools have been used for environmental monitoring, such as tracking
deforestation patterns in the Congo Basin using satellite imagery combined with machine
learning algorithms (Ayanlade et al., 2020; Kamilaris & Prenafeta-Boldu, 2018). Similarly, in
public health, Al-powered mobile applications collect real-time data on disease outbreaks,
enabling authorities to respond promptly to emerging health threats (Ogundepo et al., 2022;
Nishant et al., 2020). These technologies ensure that research is grounded in up-to-date,
high-quality data.

2. Data Analysis and Predictive Modeling

Machine learning and Al algorithms enable researchers to process and analyze large datasets
efficiently. Predictive modeling, for instance, helps anticipate outcomes based on historical
data. In African agriculture, Al models have been employed to predict crop yields and optimize
irrigation schedules, enhancing food security (Adeyemi & Oladipo, 2020; Kamilaris &
Prenafeta-Boldu, 2018). In social research, Al algorithms analyze demographic, economic,
and social indicators to forecast migration trends, urbanization patterns, and policy
outcomes (Bail, 2016; Nishant et al., 2020). Predictive analytics also support legal research
by identifying patterns in case law and judicial decisions, aiding comparative law studies and
legislative reform (Ashley, 2017; Surden, 2019).

3. Natural Language Processing (NLP)

Natural Language Processing (NLP) is a branch of Al that enables machines to understand,
interpret, and generate human language. Researchers use NLP to conduct sentiment
analysis, media monitoring, and text mining. In West Africa, scholars have leveraged NLP to
examine social media discourse around elections, public health campaigns, and social
movements ( Bail, 2016). For example, NLP algorithms can detect misinformation trends
during election periods, providing data for policy intervention and media regulation. NLP also
supports translation of scholarly works into African languages, broadening accessibility and
fostering inclusive research practices (UNESCO, 2021).

4. Research Assistance and Knowledge Synthesis

Al assists researchers in literature reviews, hypothesis generation, and data visualization.
Tools such as Al-powered search engines, summarizers, and citation managers streamline
the process of identifying relevant research, synthesizing findings, and generating insights
(Russell & Norvig, 2021; Nishant et al., 2020). This is particularly valuable in contexts with
limited access to comprehensive academic databases. In Nigeria, Al platforms have been used
to analyze health policy literature and synthesize research findings for policymakers,
enhancing evidence-based decision-making (Ogundepo et al., 2022).

5. Al in Scientific and Experimental Research
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In laboratory and field research, Al supports simulation, modeling, and experimental design.
In healthcare research, Al models analyze patient datasets to predict disease progression,
optimize treatment protocols, and identify risk factors. For example, Al-driven diagnostics
have been applied in Nigeria and South Africa to predict the spread of infectious diseases,
such as malaria and COVID-19, providing actionable insights for intervention (Ogundepo et
al., 2022; Eweoya et al., 2023). In environmental research, Al models simulate climate change
scenarios, predict natural disasters, and guide mitigation strategies, enhancing the reliability
and scope of scientific studies (Ayanlade et al., 2020; Kamilaris & Prenafeta-Boldu, 2018).
6. Interdisciplinary Applications

Al’s versatility enables interdisciplinary research, combining datasets from multiple fields for
comprehensive analysis. In urban studies, Al integrates data from satellite imagery,
demographic surveys, and social media to study urbanization patterns in African cities
(Nishant et al., 2020). In legal research, Al tools analyze statutory texts, judicial decisions,
and case precedents to support comparative law, legislative drafting, and access to justice
initiatives (Ashley, 2017; Surden, 2019). In policy research, Al models synthesize economic,
social, and environmental data to inform evidence-based policies that address local
challenges.

Case Studies

Healthcare

Al-driven models in Nigeria have been used to predict COVID-19 spread patterns and support
healthcare planning. Machine learning and deep learning approaches, including hybrid
models, demonstrated strong predictive capacity for infection trends and resource needs,
thereby informing government and hospital responses (Ogundepo et al., 2022; Eweoya et al.,
2023).

Agriculture

In African contexts, including Ghana, Al algorithms have been applied to forecast crop
diseases and predict yield outcomes. Machine learning models using environmental and soil
data have improved agricultural decision-making, enabling farmers to optimize production
and reduce losses (Kamilaris & Prenafeta-Boldu, 2018; Ayanlade et al., 2020).

Social Research

Al-based sentiment analysis and Natural Language Processing (NLP) techniques have been
used in Kenya and other African countries to analyze social media discourse and public
perception of government policies. These tools allow researchers to extract large-scale
behavioral and attitudinal data from digital platforms (Bail, 2016).

Legal Research

In South Africa, Al tools are increasingly applied in legal research to analyze case law, identify
judicial patterns, and support legal scholarship. Legal analytics powered by machine learning
enhance access to legal information and improve the efficiency of legal research processes
(Surden, 2019; Ashley, 2017)

Al Tools Commonly Used in Research

The successful integration of Artificial Intelligence (Al) in research depends not only on
concepts and methodologies but also on the practical tools available to researchers. Al tools
provide platforms, software, and frameworks that enable automated data analysis, predictive
modeling, natural language processing, and research assistance (Russell & Norvig, 2021;
Jordan & Mitchell, 2015). Globally, a wide range of Al tools have been developed to support
different stages of the research process, and African researchers are increasingly adopting
these platforms to address local research challenges (Akeredolu-Ale & Adeyemo, 2021).

1. Machine Learning and Statistical Analysis Tools

Machine learning (ML) is central to Al research applications, enabling systems to learn from
data and make predictions. Tools such as TensorFlow, PyTorch, and Scikit-learn provide
researchers with frameworks to build and deploy ML models (Jordan & Mitchell, 2015;
Russell & Norvig, 2021).

TensorFlow: An open-source framework widely used for deep learning and predictive
modeling, supporting neural network development, image and speech recognition, and large-
scale data analysis.
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PyTorch: Known for flexibility and dynamic computation graphs, it allows researchers to
experiment with complex Al models, especially in natural language processing and computer
vision tasks.

Scikit-learn: A Python library for traditional ML tasks such as classification, regression,
clustering, and dimensionality reduction.

In Africa, researchers have applied these tools for applications ranging from crop yield
prediction in Ghana to disease surveillance in Nigeria (Kamilaris & Prenafeta-Boldu, 2018;
Ogundepo et al., 2022), demonstrating their utility in resource-constrained environments.

2. Natural Language Processing (NLP) Tools

NLP tools enable researchers to process and analyze textual data efficiently. Examples include
NLTK (Natural Language Toolkit), SpaCy, and GPT models (Russell & Norvig, 2021).

NLTK: A Python library for text mining, tokenization, and linguistic analysis.

SpaCy: Provides advanced NLP pipelines for named entity recognition, part-of-speech tagging,
and dependency parsing.

GPT Models: Al language models such as OpenAl’s GPT series assist in text summarization,
sentiment analysis, and research writing support.

African scholars have leveraged NLP tools to study social media discourse, monitor
misinformation, and analyze public perception of policy initiatives (Bail, 2016).

3. Data Visualization and Analytics Platforms

Visualization tools help researchers interpret complex datasets and communicate findings
effectively. Key Al-supported platforms include Tableau, Power BI, Matplotlib, Seaborn, and
Plotly (Russell & Norvig, 2021). These tools are particularly useful in public health and
environmental research in Africa, where data needs to be interpreted for policy planning and
community-level interventions (Ayanlade et al., 2020; Kamilaris & Prenafeta-Boldu, 2018).
4. Research Assistance and Knowledge Management Tools

Al-powered platforms enhance literature review, citation management, and knowledge
synthesis. Examples include Zotero, Mendeley, Research Rabbit, and Semantic Scholar
(Russell & Norvig, 2021). Such tools are increasingly being used in African universities to
support postgraduate research, particularly where access to physical libraries is limited
(Akeredolu-Ale & Adeyemo, 2021; Nishant et al., 2020).

S. Al for Specialized Domains

Certain Al tools target specific research domains:

Bioinformatics: Tools like AlphaFold and DeepVariant support genome analysis and protein
folding (Jordan & Mitchell, 2015).

Geospatial Analysis: Platforms such as Google Earth Engine and ArcGIS Al integrate Al for
satellite imagery analysis, crop monitoring, and urban planning (Kamilaris & Prenafeta-
Boldu, 2018).

Legal Research: Al tools like ROSS Intelligence and CaseText enable automated analysis of
statutes, case law, and legal precedents (Ashley, 2017; Surden, 2019).

In Africa, bioinformatics tools support research on infectious diseases, while geospatial Al
platforms monitor deforestation, urbanization, and climate patterns (Ayanlade et al., 2020;
Ogundepo et al., 2022).

Challenges of Integrating Al in Research

While Artificial Intelligence (AI) offers immense opportunities for enhancing research
capabilities, its integration into academic and scientific inquiry is not without significant
challenges. Researchers, particularly in Africa, face a range of technical, ethical,
infrastructural, and socio- economic barriers that limit the full realization of Al’s potential.
Understanding these challenges is critical for developing strategies to implement Al effectively
and responsibly (Russell & Norvig, 2021; Jordan & Mitchell, 2015).

1. Data Bias and Quality

One of the most pressing challenges in Al- driven research is the issue of data bias. Al
systems rely heavily on the datasets used for training, and if these datasets are
unrepresentative or skewed, the results produced by Al algorithms can be misleading or
discriminatory. Algorithmic bias has been identified as a key concern in artificial intelligence
systems, particularly where datasets fail to reflect diverse populations or socio- economic
realities (Pasipamire & Muroyiwa, 2024; Floridi et al., 2018). For example, predictive models
developed with urban- centric data may not accurately represent rural settings, leading to
flawed predictions in agricultural, health, or social studies (Pasipamire & Muroyiwa, 2024).
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Poor data quality—such as missing values or inconsistent entries—further undermines the
credibility of Al- generated insights.

2. Lack of Transparency and Explainability

Al algorithms, especially deep learning models, are often described as “black boxes” because
their internal processes are not easily interpretable. For researchers, this lack of transparency
poses a significant challenge, particularly when results must be validated, reproduced, or
explained to policymakers and stakeholders (Diakopoulos, 2016; Floridi et al., 2018). In legal
and policy research, the inability to clearly explain Al outputs can hinder the adoption of
Al- based recommendations and reduce trust in research findings (Ashley, 2017; Surden,
2019).

3. Infrastructure and Resource Constraints

Effective Al integration requires substantial computational infrastructure, including
high- performance servers, GPUs, and reliable internet connectivity. In many African
research institutions, such infrastructure is limited or expensive, creating a barrier to
widespread Al adoption (Akeredolu- Ale & Adeyemo, 2021; Pasipamire & Muroyiwa, 2024).
Restricted access to high- quality datasets due to cost, licensing, and privacy concerns
further compounds these challenges. As a result, researchers may be forced to rely on
simplified models or limited data, reducing the depth and accuracy of research outcomes.

4. Skill Gap among Researchers

Another significant challenge is the shortage of trained Al professionals in African research
institutions. Ai integration requires expertise in programming, machine learning, advanced
statistics, and data management. While global universities produce large numbers of Al
specialists, many African institutions still face a shortage of faculty and researchers with
advanced Al skills (Akeredolu- Ale & Adeyemo, 2021; Nishant et al., 2020). This skills gap
limits the ability to develop, deploy, and maintain sophisticated Al research tools, hindering
innovation and broader adoption.

5. Legal and Regulatory Barriers

Al- driven research raises complex legal issues, including questions of intellectual property,
data ownership, and compliance with privacy laws. In many African countries, comprehensive
Al regulations are still emerging, leaving researchers uncertain about the legal implications
of collecting, processing, and analyzing personal or sensitive data (African Union, 2014;
UNESCO, 2021). These regulatory gaps can deter researchers from fully leveraging Al
technologies, especially in areas such as healthcare research, social media analysis, and
governance studies where data privacy protections are critical.

6. Socio- Economic and Ethical Challenges

Beyond technical and legal barriers, integrating Al in research also involves socio- economic
and ethical considerations. Unequal access to Al tools can exacerbate disparities between
well- funded and resource- constrained institutions, contributing to a digital divide in
research capacity (Floridi et al., 2018; Pasipamire & Muroyiwa, 2024). Ethical concerns such
as algorithmic bias, manipulation of research outcomes, and accountability for Al- generated
insights must be addressed to ensure equitable and responsible use of Al in research contexts
(UNESCO, 2021; Floridi et al., 2018).

Ethical Considerations in Al Research

The deployment of Artificial Intelligence (Al) in research introduces profound ethical questions
that extend beyond technical capabilities. While Al enhances efficiency, accuracy, and the
scope of research, it also raises concerns related to privacy, fairness, accountability, and
societal impact. Ethical governance is therefore essential to ensure that Al is applied
responsibly and inclusively, particularly in African research contexts where regulatory
frameworks are still emerging (Floridi et al., 2018; UNESCO, 2021).

1. Privacy and Data Protection

Al systems often rely on large datasets, including personal, medical, or social information.
The collection and processing of such data raise significant privacy concerns, particularly in
contexts where data protection laws are underdeveloped or unevenly enforced. Researchers
must ensure that Al-driven studies comply with existing data protection frameworks, such
as the African Union Convention on Cyber Security and Personal Data Protection (Malabo
Convention) (African Union, 2014). Ethical Al research also requires informed consent from
data subjects and robust mechanisms to secure sensitive information against breaches or
misuse ( UNESCO, 2021).
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2. Fairness and Bias

Algorithmic bias remains a major ethical concern in Al research. AI models trained on
datasets that underrepresent certain populations or reflect historical inequalities may
produce discriminatory outcomes (Obi & Okonkwo, 2021; Floridi et al., 2018). For example,
predictive models in healthcare or social policy may fail to account for rural or marginalized
communities, perpetuating inequities in access to resources or services. Researchers must
adopt strategies to identify and mitigate bias, such as diversifying datasets, auditing
algorithms, and ensuring inclusive representation in research design (Pasipamire, N., &
Muroyiwa, A, 2024).

3. Accountability and Transparency

Al research challenges traditional notions of accountability. When Al systems generate
predictions, recommendations, or insights, determining responsibility for errors or
misinterpretations can be complex. Lack of transparency—particularly with deep learning
models—can obscure decision-making processes, making it difficult to evaluate and validate
research findings (Diakopoulos, 2016; Floridi et al., 2018). Ethical research practice requires
clear documentation of Al methodologies, explainable Al models, and mechanisms for
accountability when Al-driven decisions affect individuals or communities (Russell & Norvig,
2021; Ashley, 2017).

4. Impact on Human Subjects

In research involving human participants, Al can affect individuals directly and indirectly.
Ethical considerations include avoiding harm, respecting autonomy, and ensuring that Al
applications do not exploit or manipulate vulnerable populations. For instance, Al-driven
social media monitoring must balance research objectives with respect for individual privacy
and freedom of expression (Bail, 2016; Chukwuma & Adeyemi, 2022). Researchers should
adopt ethical review processes, engage communities in decision-making, and maintain
transparency regarding the purpose and scope of Al-driven studies (UNESCO, 2021).

5. Societal and Cultural Considerations

Al research does not occur in a vacuum, it interacts with societal norms, cultural values, and
local contexts. In Africa, cultural sensitivity is critical when designing Al research projects.
For example, language models trained primarily on Western datasets may fail to capture
nuances in African languages, leading to misinterpretation or exclusion of local perspectives
(Chukwuma & Adeyemi, 2022; Ezeani, 2023). Ethical Al research must respect cultural
diversity, incorporate local knowledge, and ensure that research outcomes benefit
communities rather than reinforce existing inequities (Floridi et al., 2018; UNESCO, 2021).
6. Ethical Frameworks and Best Practices

Several frameworks have been proposed to guide ethical Al research globally. The principles
of Fairness, Accountability, Transparency, and Ethics (FATE) provide a foundation for
responsible Al use (Floridi et al., 2018). African institutions are beginning to adopt similar
guidelines, emphasizing compliance with local laws, participatory research practices, and
ongoing monitoring of Al impacts. Practical measures include:

Conducting bias audits and algorithmic impact assessments (Obi & Okonkwo, 2021)
Ensuring robust data anonymization and security (UNESCO, 2021)

Engaging multidisciplinary ethics review committees

Incorporating explainable Al models to enhance transparency (Diakopoulos, 2016; Floridi et
al., 2018)

Legal and Policy Frameworks for Al in Research

The rapid integration of Artificial Intelligence (Al) into research has outpaced the development
of legal and regulatory frameworks, both globally and in Africa. Ensuring that Al-driven
research is compliant with legal standards is essential to protect participants, safeguard data,
and promote responsible innovation. Legal and policy frameworks serve as a foundation for
ethical, transparent, and accountable Al research.

1. International Legal Context

Globally, Al research is guided by a combination of general data protection laws, intellectual
property regimes, and emerging Al-specific regulations. Key examples include:

General Data Protection Regulation (GDPR) — European Union regulation that sets stringent
standards for data privacy and consent, influencing Al research involving personal data
worldwide.
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OECD Al Principles — Guidelines emphasizing transparency, accountability, and human-
centric Al deployment.

UNESCO Recommendation on the Ethics of Artificial Intelligence (2021) — Provides global
standards for ethical Al use in research, emphasizing fairness, inclusion, and sustainability.
These frameworks underscore the need for informed consent, protection of personal data,
and accountability in Al-driven research, offering guidance for African researchers working
in international collaborations.

2. African Legal and Policy Initiatives

Several African countries have started developing policies and legal instruments to govern Al
and data-driven research:

African Union Convention on Cyber Security and Personal Data Protection (AUCC) -
Establishes principles for data privacy and security across member states, including
provisions relevant to Al research.

National Al Strategies — Countries like Nigeria, Kenya, and South Africa have published Al
policies emphasizing innovation, ethical Al deployment, and research capacity-building.
Data Protection Acts — Various countries have enacted legislation regulating the collection,
processing, and storage of personal data, which directly affects Al research practices.

While progress has been made, many African nations still face gaps in legal coverage,
enforcement capacity, and harmonization across borders, which can pose challenges for
multi-country Al research projects.

3. Intellectual Property and AI-Generated Research

Al research raises complex questions about intellectual property (IP). Key issues include:
Ownership of Al-generated outputs — Determining whether the Al developer, the researcher,
or the institution holds rights to outputs produced by Al.

Patentability of Al models — Legal systems are still evolving in defining what aspects of Al can
be patented.

Copyright of datasets — The use of proprietary data in Al research requires careful navigation
to avoid legal disputes.

Addressing these issues requires clear institutional policies, contracts with Al service
providers, and awareness of both national and international IP laws.

4. Governance and Compliance Mechanisms

Effective Al governance involves policies, institutional guidelines, and oversight mechanisms
that ensure ethical and legal compliance in research:

Establishing Al ethics review boards to oversee research projects.

Conducting algorithmic impact assessments to evaluate potential social, ethical, and legal
risks.

Developing standard operating procedures for data collection, storage, and analysis.
Promoting cross-border collaboration to align with international standards and facilitate
responsible research.

Future Directions of Al in Research

Artificial Intelligence (Al) continues to evolve rapidly, offering new possibilities for research
across disciplines. The future of Al in research is shaped by technological innovation,
interdisciplinary collaboration, and a growing emphasis on ethical and inclusive practices.
African researchers, in particular, are poised to leverage Al to address local and global
challenges, provided that infrastructural, regulatory, and capacity-building needs are met.
1.Explainable and Transparent Al

A major future trend is the development of explainable Al (XAI). These models aim to provide
transparency in decision-making processes, enabling researchers to understand how Al
reaches conclusions. Explainable Al is critical for fostering trust among researchers,
policymakers, and participants, and it enhances the reproducibility of research findings. In
African contexts, XAl can be particularly useful in healthcare, policy analytics, and legal
research, where stakeholders must comprehend and act on Al-generated insights.

2. Federated Learning and Privacy-Preserving Al

Privacy concerns remain a significant barrier to Al adoption. Federated learning and other
privacy-preserving Al approaches enable models to be trained across decentralized datasets
without sharing sensitive information. This technology allows African institutions with limited
access to centralized data repositories to participate in collaborative research while
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maintaining data security. For example, federated learning could support multi-institutional
health studies without violating patient privacy laws.

3. AI-Human Collaboration

Future research is likely to emphasize Al-human collaboration, where Al tools complement
human expertise rather than replace it. Al can handle repetitive and computationally
intensive tasks, while humans provide context, critical thinking, and ethical judgment. In
fields such as law, social sciences, and policy research, this collaboration enhances research
quality, improves decision-making, and ensures that outcomes remain socially relevant.

4. Democratization of Al Tools

The availability and accessibility of Al tools are expanding, making Al research increasingly
inclusive. Open-source platforms, cloud-based Al services, and low-code Al applications lower
the barriers to entry for researchers in resource-constrained environments. African
universities and research centers are beginning to adopt these platforms, enabling broader
participation in Al-driven studies. This democratization fosters innovation, supports
capacity-building, and reduces disparities in research productivity.

S. Interdisciplinary and Global Collaboration

The future of Al research will be characterized by greater interdisciplinary collaboration,
integrating insights from computer science, social sciences, humanities, and natural
sciences. African researchers can benefit from global collaborations, sharing datasets,
expertise, and methodologies. Cross-border Al research initiatives, particularly in healthcare,
climate science, and agriculture, offer opportunities to address continent-wide challenges
while contributing to global knowledge production.

6. Emerging Al Technologies

Emerging technologies are expected to redefine research methodologies:

Generative Al for creating synthetic datasets and simulating experiments.

Al-powered robotics for automating laboratory procedures and field data collection.
Cognitive computing for complex problem-solving and decision support in policy and
governance research.

These innovations have the potential to enhance the efficiency, accuracy, and creativity of
research projects, while also introducing new ethical and regulatory considerations that must
be addressed proactively.

Recommendations for Effective Al Integration in Research

The transformative potential of Artificial Intelligence (Al) in research can only be fully realized
if institutions, researchers, and policymakers adopt strategic and context-sensitive
approaches. Based on the analysis of applications, challenges, and ethical considerations,
the following recommendations are proposed:

1. Invest in Infrastructure

African research institutions should prioritize investments in high-performance computing
infrastructure, cloud services, and reliable internet connectivity. Adequate infrastructure is
essential to support Al-driven data processing, machine learning, and simulation tasks,
enabling researchers to conduct high-quality and scalable studies.

2. Capacity Building and Skills Development

Training programs, workshops, and postgraduate courses in Al, machine learning, and data
analytics should be expanded across African universities. Partnerships with global Al centers,
online courses, and mentorship programs can help bridge the skills gap, ensuring that
researchers are equipped to design, implement, and evaluate Al-driven research projects.

3. Promote Ethical Al Practices

Institutions must establish AI ethics committees to review research proposals, assess
potential risks, and monitor compliance with ethical standards. Researchers should be
trained to identify and mitigate algorithmic bias, ensure data privacy, and adopt transparent
methodologies. Embedding ethical considerations into Al research from the outset will
enhance credibility, trust, and social relevance.

4. Strengthen Legal and Regulatory Frameworks

Governments and research institutions should develop and harmonize policies that address
data protection, intellectual property, and Al governance. Clear legal frameworks will provide
guidance for responsible Al research, protect participants, and ensure compliance with
international standards.

5. Encourage Interdisciplinary and Collaborative Research
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Al research should be encouraged across disciplines, combining technical expertise with
insights from social sciences, humanities, and policy studies. Collaborative networks within
Africa and internationally can facilitate data sharing, joint innovation, and the development
of contextually relevant solutions.

6. Facilitate Access to Al Tools

The democratization of Al tools should be prioritized through the adoption of open-source
platforms, cloud-based services, and low-cost Al applications. Widespread access will enable
researchers in resource-constrained environments to participate in cutting-edge Al research,
fostering innovation and inclusivity.

7. Monitor and Evaluate Al Impact

Institutions should establish mechanisms for ongoing evaluation of Al applications in
research. This includes monitoring research outcomes, assessing the societal impact of Al-
driven studies, and adjusting practices based on lessons learned. Continuous evaluation will
ensure that Al integration remains responsible, effective, and aligned with research goals.
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Global South Perspectives on Governance of Al
Oghenekome Odhomor

ABSTRACT
This study on Global South Perspectives on Governance of Al, examines the governance of
artificial intelligence (AI) from the perspective of the Global South, with a focus on issues of
representation, equity, and structural inequality in global governance systems. Using a
library research method, the study draws on existing literature and policy discussions to
explore how current Al governance frameworks are structured and whose interests they
primarily serve. The findings indicate a growing concern about the legitimacy of global
governance systems, particularly in terms of transparency, accountability, and fair
representation. The study highlights the continued underrepresentation of Global South
regions in Al ethics and governance debates, where more economically advanced countries
dominate decision-making processes. It further shows how existing power imbalances affect
not only participation in governance but also the distribution of benefits derived from Al
technologies. Although Al has significant potential to drive global economic growth, its
advantages are unevenly shared, often reinforcing existing inequalities through concentrated
control and limited access. Guided by the assumptions of Dependency Theory, the analysis
reveals that many Global South countries remain largely consumers rather than producers
of Al technologies, which restricts their influence over governance structures. Without
intentional efforts to address these imbalances, Al governance may continue to reproduce
historical patterns of exclusion and marginalization. The study concludes by emphasizing the
need for more inclusive, participatory, and context-sensitive governance frameworks that
incorporate Global South perspectives to promote equitable and sustainable development in
the age of artificial intelligence.
Keywords: Artificial Intelligence Governance; Global South; Dependency Theory; Digital
Inequality; Inclusive Governance

INTRODUCTION

The rapid expansion of artificial intelligence (Al) technologies has generated significant
global interest in questions of governance, ethics, and regulation. While much of the
dominant discourse has been shaped by actors in the Global North, increasing attention is
being paid to the perspectives and realities of the Global South. Understanding these
perspectives requires moving beyond rigid geographic interpretations toward a more complex
conceptualization. As Mahler (2017) argues, the Global South can be understood as a
deteritorialised geography shaped by the externalities of global capitalism. This framing
highlights the structural inequalities and asymmetries that define the relationship between
technologically advanced economies and those still navigating developmental transitions.

Further deepening this perspective, Singh and Guzman (2021) conceptualize the
Global South not merely as a location but as an analytical imperative—one that centers the
lived experiences of marginalized populations who interact with data and Al systems in
everyday contexts. These populations are often excluded from decision-making processes
regarding the design and governance of such technologies, despite being significantly affected
by them. Consequently, governance frameworks that fail to incorporate these perspectives
risk reinforcing existing inequalities.

However, the Global South is not a homogeneous entity. Comaroff and John (2016),
alongside Weiss and Adriana (2014), emphasize its heterogeneity, noting variations in
political regimes, developmental trajectories, ideologies, and geopolitical interests. These
differences create challenges for unified governance approaches, as they engender regional
contestation and limit coordinated responses to global technological shifts. This diversity
complicates efforts to establish common frameworks for Al governance, as priorities and
capacities vary widely across countries.

The discourse on Al within the Global South reflects a spectrum of perspectives. On
one end lies optimism about the potential for Al to enable technological leapfrogging and
accelerate digital transformation. On the other hand, there is deep concern about the risks
of data exploitation, surveillance, and the emergence of new forms of digital colonialism
(Singh, 2021). These contrasting viewpoints underscore the dual nature of Al as both an
opportunity and a threat, particularly in contexts where regulatory frameworks remain
underdeveloped.
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Globally, Al is projected to be a major driver of economic growth, particularly in
industrialized economies (Purdy & Daugherty, 2016). This projection raises critical concerns
for the Global South, where unequal access to technological infrastructure and expertise may
widen existing development gaps. Without inclusive governance mechanisms, the benefits of
Al may remain concentrated in already advanced economies, further marginalizing developing
regions.

Defining the Global South itself remains complex and fluid. Parnell and Oldfield (2014)
note that its composition is dynamic, shaped by shifting economic, political, and social
factors. In this study, the Global South is understood in line with Kaul (2013) as a collective
of transitional economies that, despite internal differences, share a common interest in
influencing global economic systems. These countries engage in both labor- and capital-
intensive technological exchanges, particularly through North-South interactions, which
significantly shape their technological trajectories.

Given these dynamics, examining Al governance from a Global South perspective is
both timely and necessary. It allows for a more inclusive understanding of how global
technological systems can be structured to promote equity, justice, and sustainable
development. This study therefore seeks to explore how governance frameworks can better
reflect the realities, needs, and aspirations of Global South countries in the age of artificial
intelligence.

Statement of the Problem

The governance of artificial intelligence has emerged as a critical global concern, yet
existing frameworks are largely shaped by the priorities, values, and institutional capacities
of developed countries. This creates a significant gap in addressing the unique realities of the
Global South, where socio-economic conditions, political structures, and technological
capacities differ markedly. Despite being increasingly affected by Al-driven systems, many
Global South countries have limited influence over how these technologies are designed,
regulated, and deployed.

This imbalance raises concerns about the perpetuation of global inequalities through
Al Issues such as data exploitation, algorithmic bias, digital surveillance, and technological
dependency disproportionately affect marginalized populations within the Global South. At
the same time, the lack of robust governance structures in many of these countries makes
them vulnerable to the negative externalities of Al, including job displacement and erosion of
privacy rights.

Furthermore, the diversity within the Global South complicates the development of
unified governance strategies. Differences in political regimes, levels of development, and
national priorities hinder collective action and reduce the effectiveness of regional and
international cooperation. As a result, Global South countries often find themselves
navigating fragmented and externally imposed governance systems that do not adequately
reflect their needs.

The core problem, therefore, lies in the exclusion or marginalization of Global South
perspectives in global Al governance, which risks reinforcing existing power asymmetries and
limiting the potential of Al as a tool for inclusive development. Addressing this issue requires
a deliberate effort to integrate these perspectives into governance frameworks, ensuring that
Al technologies contribute to equitable and sustainable global progress.

Objectives of the Study

1. To examine the unique challenges and opportunities that artificial intelligence presents for
governance in the Global South.

2. To analyze how existing global Al governance frameworks reflect or exclude the perspectives
and interests of Global South countries.

3. To propose strategies for more inclusive and equitable Al governance that incorporates
Global South realities and priorities.

Literature Review

Recent scholarship highlights a growing crisis in global governance systems,
particularly concerning legitimacy, transparency, accountability, and equitable
representation (Chatham House, 2021). This crisis is especially pronounced in the
governance of artificial intelligence (Al), where decision-making structures are often
dominated by actors from the Global North. As a result, there has been increasing advocacy
for “Inclusive Al Governance,” driven largely by Global South stakeholders seeking to address
systemic inequalities embedded within existing frameworks.
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The issue of representation is central to this discourse. Jobin et al. (2019), in their
review of global Al ethics guidelines, reveal a significant underrepresentation of regions such
as Africa, South and Central America, and Central Asia. Their findings suggest that more
economically developed countries disproportionately shape AI ethics debates, raising
concerns about the marginalization of local knowledge systems, cultural diversity, and the
broader demands of global fairness. This imbalance reinforces existing power structures and
limits the inclusivity of governance mechanisms.

Expanding on this concern, Jasanoff and Hurlbut (2018) emphasize the importance
of critically examining participation in governance processes. They pose key questions
regarding who is included in decision-making spaces, what issues are prioritized or ignored,
and how power asymmetries influence outcomes. Similarly, Eugenio Vargas Garcia (2021)
explicitly questions the absence of the Global South in international Al governance,
underscoring the persistent exclusion of these regions from critical policy dialogues.

Institutional structures further compound these challenges. Dryzek (2012) argues
that global regulatory bodies are often led by bureaucratic elites who are disconnected from
the lived realities of those most affected by their decisions. This disconnect contributes to
governance frameworks that fail to adequately address the socio-economic and cultural
contexts of the Global South.

Economic narratives surrounding Al also warrant critical examination. Sampath
(2021) critiques the prevailing discourse that portrays Al and big data as universally
beneficial drivers of innovation and economic growth. Such narratives often obscure the
uneven distribution of benefits and the concentration of market power within a small number
of dominant actors. This dynamic aligns with the concept of the “Matthew effect” (Wade, 2004;
Fernandez-Villaverde et al., 2021), whereby advantages accumulate to those who are already
privileged, thereby exacerbating inequalities between the Global North and South.

Chan et al. (2021) further reinforce this argument by noting that those best positioned
to benefit from Al are entities with significant economic power. Consequently, without
deliberate intervention, Al is likely to deepen existing global disparities rather than alleviate
them. This concern is particularly significant in the context of the Fourth Industrial
Revolution, where Al is projected to generate approximately $13 trillion in additional
economic output by 2030, contributing to a 1.2% annual increase in global GDP (Bughin et
al., 2018). While this presents substantial opportunities, it also raises questions about
equitable distribution and inclusive participation.

Overall, the literature underscores the need for a more inclusive and equitable
approach to Al governance one that meaningfully incorporates the perspectives, needs, and
experiences of the Global South.

Empirical Review

Empirical studies on artificial intelligence (Al) governance in the Global South provide
important insights into the structural inequalities, institutional gaps, and opportunities
shaping participation in global Al systems. One notable study by Marie-Therese Png (2022)
examines the tensions between Global North and Global South approaches to Al governance.
The study adopts a critical and decolonial perspective to map the evolving landscape of Al
governance, focusing on the contributions of Global South stakeholders. It finds that
dominant Al governance frameworks are largely influenced by Global North institutions,
which often frame inclusivity in limited terms without addressing deeper structural
inequalities.

Png’s study identifies key gaps in mainstream Al governance discourse, particularly
the neglect of historical and geopolitical contexts that shape technological development. The
research highlights critical issues such as infrastructural monopolies, regulatory imbalances,
exploitative labor practices within Al supply chains, and the commercialization of data
resources. These challenges disproportionately affect Global South countries, reinforcing
dependency and limiting their agency in governance processes. Importantly, the study
proposes a restructuring of Al governance beyond superficial inclusion by outlining three
critical roles for Global South actors: as knowledge producers, as regulators shaping context-
specific policies, and as active participants in global decision-making platforms. This
empirical contribution aligns with the broader argument that meaningful inclusion must go
beyond representation to address systemic power asymmetries.

Similarly, Heng et al. (2022) provide an empirical analysis of Al ecosystems in the
Global South through qualitative case studies of Senegal and Cambodia. Their research
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focuses on understanding the readiness of these countries to adopt and utilize Al technologies
effectively. The findings reveal that while there is significant potential for Al to support
economic growth and innovation, several structural challenges hinder its effective
implementation. These include limited technical expertise, inadequate infrastructure, low
public awareness, and weak institutional coordination among key stakeholders.

The study emphasizes that successful Al adoption in the Global South requires a
balanced and context-sensitive approach that considers social, economic, and cultural
realities. It also underscores the importance of collaboration among government, academia,
and industry in building sustainable Al ecosystems. Furthermore, the research highlights the
need for increased investment in education, public awareness, and research capacity to
ensure that Al technologies are aligned with local needs and priorities.

Together, these empirical studies reinforce the central argument of this paper that
Global South countries face significant barriers in both the governance and adoption of Al.
They demonstrate that without addressing structural inequalities, capacity gaps, and
contextual realities, Al governance frameworks will remain exclusionary and ineffective.
These findings support the need for more inclusive, equitable, and context-driven approaches
to Al governance that empower Global South actors as key stakeholders rather than passive
recipients.

Theoretical Framework

This study is anchored in Dependency Theory, originally propounded by Andre
Gunder Frank (1967) and further developed by scholars such as Samir Amin and Fernando
Henrique Cardoso. Dependency Theory explains the persistent economic inequalities between
developed (Global North) and developing (Global South) countries by arguing that the global
economic system is structured in a way that perpetuates dependence of the periphery on the
core.

According to the theory, resources, capital, and technological innovations tend to flow
from the periphery (Global South) to the core (Global North), reinforcing a cycle of
underdevelopment. This framework is particularly relevant to the governance of artificial
intelligence, as Al technologies are largely developed, owned, and controlled by corporations
and governments in advanced economies.

In the context of this study, Dependency Theory helps to explain how Global South
countries may become consumers rather than producers of Al technologies, thereby limiting
their influence over governance frameworks. It also sheds light on issues such as data
extraction, digital colonialism, and unequal access to technological infrastructure. These
dynamics align with concerns raised in the literature about the marginalization of Global
South voices in Al governance and the risk of reinforcing global inequalities through
technological advancement.

By applying Dependency Theory, this study highlights the need for governance models
that address structural imbalances and promote technological sovereignty, capacity building,
and equitable participation of Global South countries in global Al decision-making processes.
Methodology
The researcher utilised library research method, which involves a comprehensive
examination and analysis of existing literature, scholarly articles, books, reports and online
resources pertaining to communication in the digital age (Asemah, Gujbawu, Ekhareafo &
Okpanachi, 2022; Arijeniwa, Pepple & Asemah, 2023; Asemah, Nkwam-Uwaoma & Sabo,
2023). This approach is well-suited for the study as it allows for the integration of scholarly
empirical evidence from a range of sources, offering valuable insights into the subject-matter
(Arijeniwa & Asemah, 2025).

Opinion Review

From an African perspective, particularly within the Nigerian context, the governance
of artificial intelligence (Al) presents both a critical opportunity and a profound challenge. The
arguments advanced in this study strongly resonate with the realities of many African
societies, where technological adoption often outpaces the development of appropriate
regulatory and institutional frameworks. Nigeria, as one of Africa’s largest economies and
most populous nations, exemplifies this dynamic.

In Nigeria, Al is increasingly being integrated into sectors such as finance,
telecommunications, security, and public administration. However, the governance
structures required to regulate its development and deployment remain relatively
underdeveloped. This reflects the broader concern identified in this research—that Global
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South countries are frequently positioned as consumers of technology rather than active
participants in shaping its rules and standards. As a result, Al systems deployed in Nigeria
are often designed externally, with limited consideration for local socio-cultural contexts,
linguistic diversity, and economic realities.

The issue of representation is particularly significant. Nigerian policymakers,
researchers, and civil society actors have limited presence in global Al governance platforms,
which means that local concerns such as data protection, digital rights, employment
displacement, and algorithmic bias are not adequately reflected in international frameworks.
This reinforces dependency and reduces the country’s ability to influence decisions that
directly affect its population.

Moreover, the economic implications of Al in Nigeria highlight existing inequalities.
While Al-driven innovations in fintech and digital services have created new opportunities,
the benefits are unevenly distributed, often concentrated among urban populations and
technology elites. Rural communities and informal sectors, which constitute a significant
portion of the population, risk being further marginalized. This mirrors the broader “Matthew
effect” discussed in the study, where advantages accrue to already privileged groups.

There is also the challenge of infrastructural and capacity limitations. Inconsistent
power supply, limited access to high-quality data, and inadequate investment in research
and development hinder Nigeria’s ability to fully harness Al. Additionally, there is a need for
stronger collaboration between government, academia, and industry to build a sustainable
Al ecosystem that reflects national priorities.

Despite these challenges, Nigeria holds significant potential to play a leading role in
Al governance within Africa. Its growing technology sector, youthful population, and
expanding digital economy provide a strong foundation for innovation. However, realizing this
potential requires deliberate efforts to shift from passive adoption to active participation in
global Al governance. This includes investing in local talent, strengthening regulatory
institutions, and promoting policies that prioritize inclusivity and social equity.

These perspectives advanced in this research are highly relevant to African societies,
particularly Nigeria. They underscore the urgent need for context-sensitive governance
frameworks that address local realities while engaging with global systems. Without such
efforts, Al risks deepening existing inequalities rather than serving as a tool for inclusive
development.

DISCUSSION

The findings from the literature align closely with the theoretical foundation of
Dependency Theory adopted in this study. The dominance of Global North actors in Al
governance reflects structural inequalities embedded within the global political economy.
These inequalities manifest not only in economic terms but also in epistemic and institutional
dimensions, where knowledge production and policy decisions are concentrated in developed
regions.

The concept of Inclusive Al Governance emerges as a necessary response to these
imbalances. However, its implementation remains limited due to entrenched power
asymmetries. As highlighted by Jobin et al. (2019) and Jasanoff and Hurlbut (2018), the
exclusion of Global South voices from decision-making processes undermines the legitimacy
and effectiveness of governance frameworks. This exclusion is not merely procedural but also
substantive, as it shapes the priorities, values, and outcomes of Al policies.

Moreover, the economic promises of Al, while significant, are unevenly distributed.
The projections by Bughin et al. (2018) illustrate the transformative potential of Al, yet the
critiques by Sampath (2021) and Chan et al. (2021) reveal that these benefits are likely to be
concentrated among already powerful actors. This reinforces dependency dynamics, where
Global South countries remain reliant on external technologies and expertise, limiting their
capacity for autonomous development.

The discussion also highlights the complexity and heterogeneity of the Global South,
as noted in the introduction. These differences present challenges for collective action but
also emphasize the importance of context-specific governance approaches. A one-size-fits-all
model is unlikely to address the diverse needs and realities of these regions.

Ultimately, the governance of Al in the Global South is shaped by a tension between
opportunity and risk. While Al offers the potential for economic growth and technological
advancement, it also poses significant challenges related to inequality, exclusion, and
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dependency. Addressing these issues requires a fundamental rethinking of global governance
structures to ensure greater inclusivity and equity.
Conclusion

This study has examined the governance of artificial intelligence from a Global South
perspective, highlighting the structural inequalities that shape current frameworks. The
analysis reveals that existing Al governance systems are largely dominated by Global North
actors, resulting in the marginalization of Global South voices and interests.

The literature demonstrates that this imbalance is reflected in both representation
and outcomes, with significant implications for equity, fairness, and development. While Al
presents substantial economic opportunities, these benefits are unevenly distributed and risk
reinforcing existing global disparities.

By applying Dependency Theory, the study underscores the need to address the
structural dynamics that perpetuate technological and economic dependence. Without
deliberate efforts to promote inclusivity, Al governance is likely to replicate and intensify
historical patterns of inequality.

In conclusion, achieving equitable Al governance requires a shift toward more inclusive,
participatory, and context-sensitive approaches that recognize and incorporate the
perspectives of the Global South.

Recommendations

1. Promote Inclusive Representation:

Global Al governance bodies should ensure meaningful participation of Global South
countries in decision-making processes, including representation in executive councils and
policy forums.

2. Strengthen Local Capacity:

Governments in the Global South should invest in education, research, and technological
infrastructure to enhance their ability to develop and govern Al systems independently.

3. Develop Context-Specific Policies:

Al governance frameworks should be tailored to reflect the socio-economic, cultural, and
political realities of Global South countries rather than adopting uniform global models.

4. Encourage South-South Collaboration:

Increased cooperation among Global South countries can help share knowledge, resources,
and best practices, reducing reliance on Global North actors.

5. Regulate Market Concentration:

International and national policies should address the concentration of power within the Al
industry to ensure more equitable distribution of benefits.
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Abstract

Artificial Intelligence (Al) has emerged as a transformative force in contemporary research
and political discourse, offering unprecedented capabilities for data collection, analysis, and
predictive modeling. In Africa, where research institutions face infrastructural and resource
constraints, Al provides opportunities to enhance evidence-based decision-making, optimize
policy interventions, and foster civic engagement. This study examines the multifaceted role
of Al in shaping research practices, political communication, and democratic processes
across the continent. Drawing on the Diffusion of Innovations Theory (Rogers, 2003), the
Technology Acceptance Model (TAM) (Davis, 1989; Venkatesh & Davis, 2000), and the
Algorithmic Accountability Framework (Diakopoulos, 2016), the study investigates the factors
influencing Al adoption, the ethical and regulatory challenges associated with its use, and its
implications for transparency, accountability, and citizen participation in governance.
Employing a mixed-methods approach, the research integrates qualitative interviews with
African researchers and policymakers, quantitative surveys of social media users, and Al-
assisted content analysis of political discourse to provide a comprehensive understanding of
AT’s impact. The study highlights both the opportunities and challenges of integrating Al into
African research and political ecosystems, including data bias, infrastructural limitations,
ethical concerns, and socio-economic disparities. Findings suggest that responsible
deployment of Al—supported by regulatory frameworks, capacity-building initiatives, and
ethical governance—can significantly enhance research productivity, policy formulation, and
democratic participation. By contextualizing Al within African socio-political realities, this
study contributes to the growing scholarship on technology adoption in developing regions,
providing actionable recommendations for policymakers, researchers, and technology
developers seeking to harness Al’s potential for sustainable development and good
governance.

Keywords: Artificial Intelligence, Research, Africa, Political Discourse, Civic Engagement,
Diffusion of Innovations, Technology Acceptance Model, Algorithmic Accountability

Introduction

Artificial Intelligence (Al) has rapidly evolved from a technical innovation into a
defining force in public life, reshaping political discourse and democratic processes across
the world. Political discourse—the public exchange of ideas, opinions, and information related
to governance, policy, and civic priorities—is increasingly mediated by Al systems embedded
in digital platforms. These systems employ machine learning, natural language processing,
recommendation algorithms, and automated content moderation to curate, filter, and rank
political content for users (Russell & Norvig, 2021; Jordan & Mitchell, 2015). As a result, Al
not only influences what information is made visible but also impacts how individuals
interpret events, form opinions, and engage with democratic institutions. Understanding Al’s
role in this arena is critical for scholars, policymakers, and civil society actors who seek to
safeguard democratic norms in an increasingly algorithmic public sphere.

Globally, Al technologies have transformed political communication by enabling targeted
messaging, sentiment analysis, and predictive modeling that guide campaign strategies and
voter outreach efforts. Advanced Al systems can analyze vast amounts of textual and
behavioral data to segment audiences, personalize content, and optimize political
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advertisements, thereby amplifying political actors’ ability to reach specific demographics
with tailored messages (Hassim & Mohamad Nasir, 2025). While this capacity can enhance
responsiveness and mobilize participation, it also raises concerns about microtargeting, echo
chambers, and the manipulation of public opinion. Al- driven platforms often prioritize
high- engagement content—whether fact- based or misleading—because engagement
metrics, rather than democratic values, increasingly drive algorithmic ranking and visibility
(Hassim & Mohamad Nasir, 2025).

In African contexts, where mobile phone penetration and social media use have surged
over the past decade, Al’s influence on political discourse is becoming especially pronounced.
Social media platforms such as Facebook, WhatsApp, Instagram, and X (formerly Twitter)
function as key arenas for political engagement, particularly among younger and urban
populations. These platforms have played significant roles in recent electoral cycles,
facilitating rapid dissemination of campaign messages, enabling real- time interaction among
political actors and citizens, and providing spaces for civic mobilization (Iloh et al., 2026;
Ajaegbu & Ajaegbu, 2024). At the same time, the algorithmic processes that underlie content
curation and recommendation can amplify misinformation, heighten polarization, and create
environments in which emotionally charged or sensational political content spreads faster
than nuanced debate, thereby complicating informed democratic engagement (Iloh et al.,
2026; Ajaegbu & Ajaegbu, 2024).

Al’s role in shaping political discourse also intersects with broader concerns about
transparency and accountability. When platforms use opaque Al models to determine what
users see, citizens are left uncertain about why certain political messages are elevated while
others are marginalized. This lack of explainability in algorithmic systems mirrors broader
concerns in Al governance, where decision- making processes are difficult to audit or contest,
even as they influence key democratic outcomes (Diakopoulos, 2016; Floridi et al., 2018). For
example, social media algorithms and automated bot networks have been shown to dominate
electoral conversations in several African countries, not only amplifying foreign or automated
voices but also blurring the line between organic political engagement and algorithmic
manipulation (Ndlela, 2020).

Countering these challenges requires both technological literacy and institutional
oversight. Al can also play positive roles in democratic processes by enhancing the efficiency
of information dissemination, providing tools for fact- checking and misinformation detection,
and enabling more inclusive civic participation through digital engagement platforms.
However, the dual nature of AI’s influence—its capacity to foster both democratic
participation and democratic distortion—highlights the importance of ethical Al governance
frameworks, transparent algorithmic design, and policies that promote fairness and
accountability in political communication (Floridi et al., 2018; Rymon, 2026). Only through
such comprehensive approaches can societies leverage Al’s potential to enrich democratic
discourse while mitigating risks that threaten electoral integrity and public trust.

Objectives of the Study
The overarching aim of this study is to examine the role of Artificial Intelligence (Al) in
shaping political discourse, democratic processes, and research development, with a
particular focus on the African context. To achieve this aim, the study is guided by the
following specific objectives:
1. To investigate how Al technologies are used in political communication and election
campaigns in Africa.
2. To examine the impact of Al on information dissemination, public discourse, and
democratic deliberation.
3. To identify the ethical, socio-economic, and regulatory challenges associated with Al
integration in political and research contexts.
4. To assess the role of Al in enhancing civic participation, governance accountability,
and evidence-based policy-making
5. To provide recommendations for responsible and effective Al deployment in political
communication and research
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Theoretical Framework

The theoretical foundation of this study draws on three complementary frameworks: the
Diffusion of Innovations Theory (DOI), the Technology Acceptance Model (TAM), and the
Algorithmic Accountability Framework. Together, these frameworks provide a robust lens
through which to understand the adoption, utilization, and governance of Artificial
Intelligence (Al) in African research and political contexts.

1. Diffusion of Innovations Theory

The Diffusion of Innovations Theory, developed by Rogers (2003), explains how new
technologies, practices, or ideas spread within a social system over time. According to DOI,
the rate and extent of adoption are influenced by the perceived relative advantage,
compatibility with existing practices, complexity, trialability, and observability of an
innovation. In the African research context, DOI helps to explain the uneven adoption of Al
across institutions. For instance, well-resourced universities in Nigeria and South Africa are
more likely to adopt Al tools for data analysis and predictive modeling, while smaller
institutions face constraints in infrastructure, funding, and skilled personnel (Akeredolu-Ale
& Adeyemo, 2021). DOI also provides a framework for understanding the role of opinion
leaders, early adopters, and institutional champions in promoting Al adoption, particularly
for research and governance applications.

2. Technology Acceptance Model (TAM)

The Technology Acceptance Model (TAM) proposed by Davis (1989) and later extended by
Venkatesh and Davis (2000) emphasizes two critical determinants of technology adoption:
perceived usefulness and perceived ease of use. In the context of Al research, TAM explains
how researchers and policymakers decide whether to integrate Al tools into their workflows.
Perceived usefulness reflects the extent to which Al improves efficiency, accuracy, and
decision-making in research, while perceived ease of use captures the level of technical skill
required to operate Al systems effectively. Empirical studies in Africa indicate that
researchers’ willingness to adopt Al is strongly influenced by training availability,
institutional support, and the perceived relevance of Al tools to solving local challenges in
healthcare, agriculture, and governance (Adeyemi & Oladipo, 2020; Chukwuma & Adeyemi,
2022). By applying TAM, this study investigates both the motivational and practical barriers
to Al adoption in African research institutions.

3. Algorithmic Accountability Framework

The Algorithmic Accountability Framework, as conceptualized by Diakopoulos (2016),
emphasizes the need for transparency, explainability, and ethical governance in algorithm-
driven systems. In the African context, where Al is increasingly used for research, policy
modeling, and political communication, algorithmic accountability is critical to ensure that
Al systems do not perpetuate bias, misinformation, or inequitable outcomes. This framework
provides criteria for evaluating Al-driven processes, including the transparency of algorithms,
traceability of outputs, mitigation of bias, and mechanisms for oversight. For example, the
application of Al in social media monitoring during elections in Nigeria and Ghana highlights
the necessity of algorithmic accountability to prevent manipulation of political discourse and
ensure ethical use of citizen data (lloh et al., 2026; Ndlela, 2020).

Al and Political Communication

Artificial Intelligence (Al) has fundamentally transformed political communication by
reshaping how messages are crafted, targeted, and disseminated. Political actors increasingly
rely on Al-powered tools to analyze voter behavior, segment audiences, and optimize
messaging strategies. Machine learning algorithms process large datasets derived from social
media activity, online surveys, and demographic information to generate predictive insights
about voter preferences and issue salience (Russell & Norvig, 2021; Jordan & Mitchell, 2015).
These insights enable campaigns to personalize communication and identify influential
opinion leaders, thereby amplifying reach and engagement.

In African democracies, social media platforms such as Facebook, WhatsApp, Instagram,
and X (formerly Twitter) are key sites where Al-driven political communication occurs. Al tools
monitor user interactions to determine trending topics, sentiment, and engagement patterns,
informing campaign strategies in real time (Iloh et al., 2026; Ajaegbu & Ajaegbu, 2024). For
example, during the 2023 Nigerian elections, political parties leveraged Al algorithms to
identify regions with high undecided voter populations and deploy targeted messages via
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WhatsApp broadcast groups, SMS campaigns, and social media ads. This practice
demonstrates the power of Al not only to distribute content efficiently but also to influence
public opinion on a scale that would be impossible through traditional communication
methods alone.

Natural Language Processing (NLP) tools are particularly influential in shaping political
discourse. By analyzing text, speech, and multimedia content, NLP enables researchers and
political strategists to detect sentiment, identify misinformation, and track discourse trends
across large populations. In Kenya and Nigeria, NLP algorithms have been applied to monitor
social media discussions during elections, detecting patterns of political polarization and
online misinformation (Ndlela, 2020). Similarly, Al-driven chatbots have been employed to
engage constituents, answer policy questions, and provide real-time updates on electoral
processes, further altering the traditional dynamics of political communication.

Al also influences political debate and agenda-setting. Algorithms that prioritize content
based on engagement metrics can inadvertently amplify sensationalist or emotionally charged
posts, shaping what issues receive attention in public discourse (Hassim & Mohamad Nasir,
2025). While this can increase civic engagement, it may also distort democratic deliberation
by promoting polarization, echo chambers, and selective exposure. African scholars have
noted that Al-driven content curation can exacerbate regional, ethnic, and socio-economic
divides if not monitored carefully (Iloh et al., 2026). This underscores the importance of
integrating ethical and regulatory frameworks to ensure Al promotes inclusive and equitable
political communication.

Al, Misinformation, and Democratic Risks

While Artificial Intelligence (AI) has enhanced political communication, it has also
introduced significant risks for democratic processes, particularly through the amplification
of misinformation, polarization, and algorithmically-driven echo chambers. Al-powered
systems, including recommendation algorithms and social media analytics tools, often
prioritize content that generates high engagement, regardless of its veracity. This can lead to
the widespread dissemination of false or misleading information, which undermines informed
decision-making and public trust in democratic institutions (Hassim & Mohamad Nasir,
2025; Iloh et al., 2026).

In African contexts, where social media usage has surged and regulatory frameworks are
still evolving, Al-driven misinformation poses distinct challenges. During the 2023 Nigerian
elections, automated bots and Al-curated content were observed to spread politically charged
narratives across WhatsApp and X (formerly Twitter) platforms. These interventions
manipulated public sentiment by amplifying rumors about candidates, potentially
influencing voter behavior (Iloh et al., 2026). Similar trends were noted in Kenya and Ghana,
where Al-driven tools exacerbated political polarization by reinforcing pre-existing biases and
selectively exposing users to ideologically aligned content (Ndlela, 2020).

Algorithmic bias also interacts with socio-cultural dynamics, creating ethical and
governance concerns. Al models trained on datasets that do not represent diverse populations
may unintentionally marginalize minority voices, amplifying the perspectives of dominant
groups while silencing others. For example, NLP-based sentiment analysis models applied to
political discourse often underrepresent rural or indigenous languages, resulting in skewed
interpretations of public opinion (Ajaegbu & Ajaegbu, 2024). Consequently, policymakers
relying on Al-generated insights risk making decisions based on incomplete or biased
information, further entrenching inequalities in political representation.

The rapid pace of Al content generation and dissemination challenges traditional
mechanisms 07 of accountability. Unlike conventional media, where content creation and
editorial oversight are centralized, Al systems can autonomously produce and distribute
information at scale. This decentralized, automated flow of content complicates fact-checking
and regulatory enforcement, increasing the likelihood of misinformation spreading
unchecked. African electoral commissions and media regulatory bodies are thus confronted
with the dual task of promoting access to digital platforms while mitigating the risks of
algorithmically amplified falsehoods (Hassim & Mohamad Nasir, 2025).

To address these challenges, scholars recommend adopting algorithmic accountability
frameworks and digital literacy initiatives. Algorithmic accountability involves auditing Al
models to assess their decision-making processes, detect biases, and ensure transparency.
Complementary interventions include the promotion of civic education, media literacy, and
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Al-aware training programs that equip citizens, journalists, and policymakers with the skills
to critically evaluate Al-mediated political content (Russell & Norvig, 2021; Ndlela, 2020).
When implemented together, these strategies can mitigate the negative effects of Al on
democratic participation while preserving its potential to enhance political communication.

Al and Political Communication

Artificial Intelligence (Al) has significantly transformed political communication by enabling
precise analysis, monitoring, and strategic messaging. Al tools such as Natural Language
Processing (NLP), machine learning algorithms, and social media analytics platforms allow
political actors to gauge public sentiment, identify trending issues, and craft messages that
resonate with target audiences (Bail, 2016). Unlike traditional polling methods, Al provides
real-time insights across large populations, enabling campaigns to respond promptly to
emerging political dynamics.

In the African context, social media has become a central arena for political discourse. In
Nigeria, platforms like Twitter and Facebook were extensively analyzed during the 2019
general elections, where Al-driven sentiment analysis helped parties track voter opinions,
evaluate candidate popularity, and monitor campaign narratives. Similarly, in Kenya, Al
algorithms were applied to assess public opinion during national elections, helping civil
society organizations identify misinformation, measure citizen engagement, and support
electoral integrity (Kobia et al., 2020). In South Africa, Al-powered analytics platforms have
been used to monitor political discussions, detect emerging social movements, and facilitate
engagement between policymakers and citizens (Arowolo et al., 2021).

Targeted political advertising is another area where Al demonstrates considerable
influence. Machine learning models process demographic, behavioral, and psychographic
data to create micro-targeted campaigns, delivering messages to specific voter groups. While
this enhances campaign efficiency, it also raises ethical concerns about manipulation,
selective exposure, and the creation of “filter bubbles” where voters only encounter
information that reinforces existing beliefs (Bail, 2016; Floridi et al., 2018). The dual potential
of Al—enabling effective communication while also presenting risks—makes its study in
political contexts critical.

Al further supports political communication through automated monitoring and reporting
systems. Bots and Al-powered monitoring tools can track the spread of political messages,
assess engagement metrics, and provide real-time dashboards for campaign managers. This
capability has been employed in Africa to detect fake news, monitor political debates, and
enhance transparency during elections. By integrating Al analytics into political
communication strategies, political actors and civil society organizations can make informed
decisions that improve citizen engagement, responsiveness, and governance outcomes.

AT’s role in political communication encompasses sentiment analysis, targeted messaging,
social media monitoring, and automated reporting. Its adoption in African elections
demonstrates both the transformative potential and the ethical challenges associated with
these technologies, underscoring the need for responsible use and regulatory oversight.

Al, Fake News, and Misinformation

Artificial Intelligence (AI) has significantly altered the landscape of information
dissemination in political environments, creating both tools for detection and mechanisms
that enable the rapid spread of false or misleading content. Fake news, defined as fabricated
information presented as truth, can be generated using advanced Al tools such as large
language models, deepfake creators, and automated bot networks. These tools are
increasingly used to fabricate political narratives, distort public perception, and undermine
democratic processes (Tomassi et al., 2024).

Al- generated disinformation becomes especially problematic when it affects electoral
contexts. Research focusing on misinformation in elections shows that fake news campaigns
influence voter perceptions and can potentially sway political outcomes by manipulating the
visibility and credibility of political actors and issues (Opreaa & Baraa, 2025). Al enhances
both the scale and realism of fabricated content, making it harder for individuals to
distinguish between authentic and manipulated information. The growing sophistication of
synthetic media, including deepfake audio and video, poses a substantial threat to democratic
deliberation because voters may be exposed to fabricated statements purportedly made by
public figures.
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In the African context, the risk of Al- driven electoral misinformation is increasingly
recognized. Analyses suggest that generative Al propaganda has been employed in several
countries, intentionally or unintentionally shaping political narratives and amplifying
misleading accounts during elections. These practices include coordinated misinformation
campaigns and Al- enhanced content that resonates emotionally with audiences, often
spreading more rapidly than corrective information (Okolo, 2024). Such incidents underscore
how disinformation can weaken trust in democratic institutions and complicate the process
by which citizens make informed voting decisions.

Bots and automated accounts further contribute to the spread of fake news by amplifying
false narratives across social media platforms. Al- powered bots can generate or share
misleading posts at high volume, creating the illusion of widespread support for certain
viewpoints and drowning out corrective voices. This computational propaganda not only
erodes the quality of political discourse but also heightens polarization and reinforces echo
chambers, where individuals are continually exposed to similar viewpoints rather than
balanced information (Olanipekun, 2025).

Detection technologies also use Al to combat misinformation. Transformer- based models
and natural language processing tools have been employed to classify and flag fake news and
toxic messages, particularly for low- resource languages in Africa such as Somali. By training
bespoke language models, researchers are working to bridge gaps in misinformation detection
that otherwise leave non- dominant language communities vulnerable to Al- generated
content (Mohamed et al., 2025).

Overall, Al’s dual role in enabling both misinformation spread and its detection highlights
the need for integrated strategies that leverage technological tools, media literacy campaigns,
and policy frameworks. Addressing Al- mediated fake news requires technological innovation,
regulatory oversight, and public education to safeguard democratic processes and ensure
that voters can distinguish between reliable and fabricated political content.

Policy Development and Governance

Artificial Intelligence (Al) is not only transforming political communication and voter
engagement but is also increasingly shaping how governments analyze citizen feedback,
design policy responses, and promote transparency. By leveraging machine learning, natural
language processing (NLP), and data analytics platforms, governments and public institutions
can process large volumes of citizen- generated data — including social media posts, public
comments, and survey responses — to understand policy sentiment and emerging public
priorities. This ability provides a systematic, data- driven foundation for more responsive and
inclusive policy formulation (OECD, 2021).

In many advanced democracies, Al tools have been integrated into governance mechanisms
to monitor public opinion, automate feedback aggregation, and detect early warning signs of
social unrest. For example, governments use Al to perform sentiment analysis of public
commentary on policy announcements, helping to gauge acceptance levels and identify areas
requiring clarification or revision (Jaidka et al., 2022). Such approaches enable policymakers
to design policy interventions that are better aligned with citizen expectations and societal
needs, enhancing legitimacy and accountability.

In the African context, Al has begun to play similar roles, albeit within varying institutional
capacities. Governments in South Africa and Kenya have explored Al- driven analytics to
support service delivery and citizen engagement platforms, enabling real- time tracking of
public concerns related to healthcare access, taxation policy, and urban infrastructure
planning (Muthoka, 2023). These applications demonstrate that even in
resource- constrained environments, Al can provide valuable insights for governance when
integrated with existing policy processes.

Moreover, Al- enabled e- participation platforms are expanding avenues for citizen
interaction with public institutions. Tools that allow citizens to submit feedback digitally,
participate in online consultations, or engage in deliberative forums help bridge the gap
between governments and communities, especially in contexts where physical engagement
may be limited by geography or infrastructure. This digital engagement contributes to greater
transparency, as public sentiment and policy responses become part of a more observable,
data- driven process (OECD, 2021).

Despite these positive developments, the use of Al in policy and governance also raises
ethical and regulatory concerns. Data privacy, algorithmic bias, and transparency are among
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the key challenges. For example, aggregating citizen feedback using Al may inadvertently
expose sensitive information if data protection safeguards are not robust or uniformly
enforced. To mitigate such risks, frameworks emphasizing ethical AI governance,
accountability, and explainability are increasingly recommended by international bodies and
research institutions (UNESCO, 2021).

Overall, Al's integration into policy development and governance has the potential to
strengthen democratic processes by promoting data- informed decision- making, enhancing
responsiveness to public needs, and enabling more transparent engagement between citizens
and governments. Effective deployment, however, requires robust legal frameworks, ethical
safeguards, and capacity- building within public institutions to ensure that AI supports
inclusive, participatory, and accountable governance.

Ethical, Legal, and Regulatory Challenges

The integration of Artificial Intelligence (AI) into political processes and governance
introduces complex ethical, legal, and regulatory challenges. While Al has the potential to
enhance policy responsiveness, citizen engagement, and electoral processes, its use can also
pose risks to privacy, fairness, transparency, and democratic integrity. Understanding these
challenges is critical for designing frameworks that ensure Al supports, rather than
undermines, political accountability and citizen trust.
Data Privacy and Protection

Al applications in politics often rely on the collection and processing of large datasets,
including personal, behavioral, and demographic information. The aggregation of such
sensitive data raises concerns regarding privacy breaches, unauthorized surveillance, and
misuse of personal information (UNESCO, 2021). African countries vary in the
comprehensiveness and enforcement of data protection legislation. For instance, the African
Union Convention on Cyber Security and Personal Data Protection (Malabo Convention)
provides a regional framework, but adoption and implementation remain uneven across
member states (African Union, 2014). Ensuring compliance with legal standards and
adopting robust data security measures is therefore essential for ethical Al deployment in
political contexts.
Algorithmic Accountability and Transparency

Al systems, particularly those employing machine learning and deep learning, often
function as “black boxes,” making their decision- making processes difficult to interpret. Lack
of transparency can hinder public understanding of how Al- driven political campaigns,
policy analyses, or election monitoring tools operate, creating accountability gaps
(Diakopoulos, 2016). Ethical governance requires explainable Al models, algorithmic audits,
and documentation of Al decision pathways to ensure that outcomes are interpretable,
reproducible, and auditable by independent observers.
Bias and Discrimination

Al models are highly dependent on the datasets used for training. If datasets reflect
historical inequalities, social biases, or skewed demographic representation, Al outputs can
inadvertently perpetuate discrimination or reinforce social inequities (Floridi et al., 2018). In
political campaigns, biased algorithms may favor certain voter groups or policy outcomes,
undermining fairness and democratic legitimacy. Mitigation strategies include careful dataset
curation, algorithmic fairness assessments, and continuous monitoring for discriminatory
patterns.
Ethical Risks in Political Engagement

The use of Al in political micro- targeting, recommendation systems, and sentiment
analysis can manipulate voter behavior and influence public opinion subtly (OECD, 2021;
Jaidka et al., 2022). Ethical considerations require transparency regarding Al-driven
messaging, avoidance of manipulative techniques, and adherence to norms that protect voter
autonomy. Moreover, the deployment of Al-generated content, such as deepfakes or synthetic
media, poses additional risks to misinformation and electoral integrity, highlighting the need
for regulatory oversight.
Regulatory and Institutional Gaps

Despite growing global attention to Al ethics, regulatory frameworks in many African
countries are still nascent. Existing legislation often lacks specific guidance on Al use in
political processes, leaving gaps in accountability, enforcement, and governance (African
Union, 2014; UNESCO, 2021). Developing robust Al policies requires collaboration between
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governments, civil society, researchers, and international organizations to ensure that legal
and ethical standards are clear, enforceable, and aligned with democratic principles.

The ethical, legal, and regulatory challenges of Al in political discourse center on privacy,
transparency, bias, manipulation, and weak institutional oversight. Addressing these issues
is crucial for safeguarding democratic norms, promoting fair elections, and ensuring that Al
serves the public interest rather than exacerbating political inequalities.

Opportunities and Potential Benefits of Al in Political Discourse

Artificial Intelligence (Al) offers numerous opportunities to enhance political processes,
democratic engagement, and governance. When ethically applied, Al can improve the quality
of political communication, increase citizen participation, and strengthen transparency and
accountability mechanisms. In African contexts, these opportunities are particularly valuable
given the growing adoption of digital platforms, mobile connectivity, and social media as
channels for political engagement.

Enhancing Civic Engagement

Al-powered tools, such as social media analytics and sentiment analysis platforms, enable
governments, political organizations, and civil society actors to understand public opinion
more accurately and in real time (Jaidka et al., 2022). By analyzing discussions, trends, and
concerns expressed online, policymakers can design initiatives that reflect citizen priorities.
Similarly, Al can facilitate interactive citizen engagement through chatbots, automated
surveys, and recommendation systems, making political participation more accessible and
responsive (OECD, 2021). In Africa, such applications can amplify voices from
underrepresented communities, improving inclusivity in political dialogue.

Improving Election Monitoring and Fraud Detection

Al has significant potential to enhance electoral integrity by automating the detection of
irregularities, misinformation, and potential fraud. Machine learning algorithms can analyze
voting patterns, social media narratives, and election reporting to flag anomalies that warrant
investigation (Russell & Norvig, 2021). In Nigeria, predictive models have been proposed for
election monitoring to identify high-risk areas for voter suppression or misinformation
campaigns, enhancing the credibility of electoral processes. Similarly, Al-driven tools can
support real-time monitoring of campaign messaging to ensure compliance with regulations,
minimizing unethical political practices (Floridi et al., 2018).

Supporting Inclusive Policy-Making

Al enables the synthesis of large-scale citizen feedback, demographic data, and socio-
economic indicators, supporting evidence-based policy decisions. For instance, natural
language processing (NLP) can analyze public commentary on social media or government
portals to identify emerging policy concerns, enabling policymakers to respond proactively
(Diakopoulos, 2016). By integrating diverse datasets, Al helps ensure that policies reflect the
needs and aspirations of multiple societal groups, fostering equity and inclusion in
governance processes.

Facilitating Political Research and Strategic Planning

Political parties, civil society organizations, and academic researchers can leverage Al to
study voter behavior, campaign effectiveness, and societal trends. Predictive analytics can
forecast the impact of proposed policies or political messaging, enabling data-driven decision-
making (Jaidka et al., 2022). This not only improves strategic planning but also promotes
transparency by allowing stakeholders to assess the rationale behind political actions and
campaign strategies.

Capacity Building and Knowledge Sharing

Al applications in politics provide opportunities for skill development and knowledge
transfer. As political actors, researchers, and civil society organizations adopt Al tools, there
is potential for cross-sector learning in data analytics, ethical Al deployment, and digital
literacy. African institutions that embrace Al in political discourse can become hubs for
innovation, research, and governance best practices (OECD, 2021).

Al presents multiple opportunities to strengthen political discourse and democratic
processes, ranging from enhanced civic engagement and electoral integrity to inclusive
policymaking and capacity building. However, realizing these benefits depends on responsible
implementation, adherence to ethical principles, and supportive regulatory frameworks that
protect citizens’ rights while promoting innovation in governance.
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Case Studies of Al in Political Discourse in Africa
Nigeria: Social Media Campaigns and Predictive Models

In Nigeria, Al has played a growing role in political campaigns, particularly through social
media monitoring and predictive analytics. Political parties and civil society organizations use
Al-powered tools to analyze trends on platforms such as Twitter, Facebook, and Instagram,
identifying topics that resonate with citizens and gauging public sentiment in real time
(Chukwuma & Adeyemi, 2022). Predictive models based on voter demographics, engagement
history, and socio-economic indicators help strategists forecast potential election outcomes,
tailor campaign messages, and identify regions requiring more targeted outreach. However,
these tools also raise ethical concerns about micro-targeting and voter manipulation,
highlighting the need for regulatory oversight (Russell & Norvig, 2021; Floridi et al., 2018).
Kenya: Al-Driven Analysis of Public Opinion

Kenya has leveraged Al to monitor public opinion during elections, combining natural
language processing (NLP) and machine learning algorithms to analyze social media discourse
and news content. For instance, Al platforms have been used to detect misinformation, track
emerging policy debates, and identify patterns of political polarization (Jaidka et al., 2022).
These tools enable government agencies, political actors, and researchers to respond
proactively to public concerns, design evidence-based interventions, and improve civic
engagement. While AI enhances transparency and citizen feedback, challenges remain
regarding algorithmic bias, data privacy, and equitable access to technology in rural areas.
South Africa: Al in Policy Feedback and Citizen Engagement

In South Africa, Al has been applied to facilitate citizen engagement in governance through
e- participation platforms. Machine learning algorithms analyze citizen feedback submitted
via online portals, social media, and mobile applications, summarizing public sentiment and
highlighting critical issues for policymakers (OECD, 2021). AI tools also support the
monitoring of public service delivery, enabling governments to identify areas of inefficiency or
inequity. The use of Al in policy research and decision-making demonstrates its potential to
strengthen democratic processes by making governance more responsive, transparent, and
data-driven. However, implementation must account for ethical considerations, including
privacy protection, algorithmic accountability, and inclusion of marginalized communities
(Floridi et al., 2018; Diakopoulos, 2016).

These case studies illustrate that Al can enhance political communication, civic
engagement, and policy development across African contexts. While opportunities abound,
they are accompanied by ethical, regulatory, and technical challenges that require careful
management. Lessons from Nigeria, Kenya, and South Africa highlight the dual nature of Al
in politics: it can empower democratic participation if applied responsibly, but it can also
undermine trust and equity if misused.

Ethical, Legal, and Regulatory Challenges of Al in Political Discourse

The integration of Artificial Intelligence (Al) into political processes brings not only technical
and strategic opportunities but also profound ethical, legal, and regulatory challenges. These
challenges are particularly significant in Africa, where rapid adoption of Al in elections and
governance often outpaces the development of legal and institutional frameworks (Floridi et
al., 2018; UNESCO, 2021). Understanding these challenges is critical to ensuring that Al
strengthens, rather than undermines, democratic norms.
1. Data Privacy and Protection

Al-driven political campaigns and governance systems rely heavily on personal data,
including demographic information, social media activity, and voting behavior. Collecting,
storing, and analyzing such data raises serious privacy concerns. In many African countries,
data protection laws are still evolving, and enforcement mechanisms may be weak, leaving
citizens vulnerable to misuse of their information (African Union, 2014; UNESCO, 2021).
Ensuring compliance with international and regional data protection frameworks, such as
the African Union Convention on Cyber Security and Personal Data Protection, is essential to
safeguard voter privacy and maintain trust in digital political systems.
2. Algorithmic Accountability and Transparency

Al algorithms, particularly those used for voter targeting, predictive modeling, and content
recommendation, often operate as “black boxes” with limited explainability. Lack of
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transparency can undermine public confidence, as citizens may be unaware of how and why
certain political content reaches them (Diakopoulos, 2016; Floridi et al., 2018). Algorithmic
accountability frameworks advocate for documentation, auditability, and explainability of Al
systems to ensure that automated decisions are fair, interpretable, and subject to oversight.
Without such measures, Al may inadvertently perpetuate bias, misinformation, or
manipulation.
3. Bias and Discrimination

AI models trained on biased datasets can reinforce existing social, political, or economic
inequalities. For instance, models that underrepresent rural or marginalized populations may
prioritize urban-centric messaging, exacerbating disparities in political engagement (Russell
& Norvig, 2021). Ethical governance of Al requires proactive mitigation strategies, including
diverse data collection, regular bias audits, and inclusive algorithmic design to prevent
discriminatory outcomes.
4. Manipulation and Misinformation

Al-powered tools, such as chatbots, deepfakes, and content recommendation algorithms,
can spread misinformation and manipulate voter perceptions. These technologies can create
echo chambers, amplify polarizing narratives, and undermine democratic deliberation
(Jaidka et al., 2022; Chukwuma & Adeyemi, 2022). Addressing these challenges requires
both technological solutions, such as Al-driven fact-checking, and policy interventions that
regulate the use of Al in political communication.
S. Regulatory Gaps

Many African countries lack comprehensive Al-specific regulations for political
applications. Existing electoral and data protection laws often do not fully address algorithmic
decision-making, predictive analytics, or Al-mediated campaign strategies (African Union,
2014; UNESCO, 2021). Developing adaptive regulatory frameworks that balance innovation
with accountability is essential to ensure ethical Al adoption in politics. Such frameworks
should incorporate public participation, continuous monitoring, and sanctions for violations
to uphold democratic norms.
6. Socio-Ethical Implications

Beyond legal and technical concerns, the socio-ethical implications of Al in politics must
be considered. Unequal access to Al tools can exacerbate power imbalances between well-
resourced political actors and smaller parties or independent candidates. Moreover, ethical
questions arise regarding the manipulation of voter behavior, consent in data usage, and the
broader impact on political deliberation and civic trust (Floridi et al., 2018; Diakopoulos,
2016). Ethical frameworks that emphasize fairness, transparency, accountability, and
inclusivity are therefore critical for responsible Al deployment.

Conclusion

Artificial Intelligence (Al) has emerged as a transformative force in political discourse and
the democratic process. Its ability to analyze massive datasets, predict voter behavior, and
provide real-time insights into public sentiment enables political actors, policymakers, and
civil society organizations to make more informed and timely decisions. Al tools, including
machine learning, natural language processing, and predictive analytics, have demonstrated
utility in enhancing civic engagement, improving election monitoring, supporting inclusive
policy-making, and strengthening governance transparency (Russell & Norvig, 2021;
Diakopoulos, 2016; Chukwuma & Adeyemi, 2022).

However, alongside these opportunities come significant challenges. Ethical concerns, such
as algorithmic bias, manipulation, privacy violations, and the amplification of
misinformation, threaten the integrity of democratic processes. The African context presents
additional complexities, including limited technical infrastructure, skill gaps among
researchers and policymakers, and evolving regulatory frameworks (Floridi et al., 2018;
UNESCO, 2021). Without proactive measures, Al’s potential benefits risk being overshadowed
by misuse or unintended negative consequences.

Recommendations

Ethical Implementation: Governments, political parties, and researchers should adopt Al
systems that are transparent, accountable, and designed to minimize bias. Algorithmic audits
and explainable Al models should become standard practice in political applications.
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Regulatory Frameworks: African governments should develop comprehensive Al policies that
address data privacy, cybersecurity, algorithmic accountability, and election integrity.
Aligning with international guidelines, such as UNESCO’s Al ethics recommendations, can
ensure that Al supports democratic norms while respecting local contexts.

Capacity Building: Investment in technical education, AI literacy, and training for
policymakers, election officials, and civil society actors is crucial. Developing local expertise
ensures that Al is deployed effectively and responsibly within African democracies.

Public Awareness and Digital Literacy: Citizens should be educated on Al-driven political
communication, including the risks of micro-targeting, filter bubbles, and misinformation.
Enhanced digital literacy empowers voters to critically assess Al-mediated content.
Collaborative Governance: Multi-stakeholder approaches involving governments, academia,
civil society, and technology providers can foster responsible Al deployment. Collaborative
platforms can ensure that Al applications reflect societal values and democratic principles.
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ABSTRACT

This study on Automation in news production and the changing role of the journalist,
critically examines the growing integration of artificial intelligence (AI) and automation in
news production and its implications for the evolving role of journalists, particularly within
African media ecosystems. Situated within the broader discourse of digital humanities and
the creative industries, the paper explores how Al-driven technologies are reshaping
journalistic practices, epistemologies, and professional identities in contemporary media
environments. The increasing adoption of automation tools such as natural language
generation systems, algorithmic content curation, and machine learning analytics has
significantly altered how news is gathered, processed, and disseminated to audiences.
Drawing on theoretical frameworks such as technological determinism, social construction
of technology (SCOT), and gatekeeping theory, the study interrogates the tension between
efficiency and ethical responsibility in automated journalism. The paper further situates
these transformations within the African context, emphasizing challenges such as
infrastructural limitations, digital inequality, and reliance on externally developed Al
technologies. It concludes that automation does not eliminate journalists but redefines their
roles into hybrid forms that combine editorial oversight with technological competence. The
study recommends the development of ethical frameworks, capacity building, and locally
grounded Al systems to ensure that automation supports rather than undermines the
credibility and sustainability of journalism in Africa.

KEYWORDS: Generative Al, artificial intelligence, news production, African journalists,
Automation.

INTRODUCTION

The rapid evolution of artificial intelligence (AI) has fundamentally transformed
various sectors of society, with journalism emerging as one of the most significantly affected
domains. As part of the broader field of digital humanities, Al-driven automation has
introduced new paradigms in knowledge production, dissemination, and consumption.
Journalism, traditionally grounded in human judgment, editorial expertise, and professional
ethics, is increasingly being reshaped by algorithmic systems capable of performing tasks
once considered exclusively human.

Automation in journalism often referred to as robot journalism or algorithmic
journalism has evolved from simple rule-based systems to highly sophisticated machine
learning models capable of generating complex narratives. Early implementations were
largely restricted to structured and data-intensive reporting such as financial earnings
reports, election results, and sports coverage (Graefe, 2016). However, advancements in
natural language processing and big data analytics have expanded the scope of automation
to include investigative journalism, real-time reporting, and multimedia storytelling
(Diakopoulos, 2019).

This transformation has significant implications for how knowledge is constructed
and validated within the journalistic field. As Lewis and Westlund (2015) argue, the
integration of big data and automation introduces new epistemological challenges,
particularly regarding what constitutes credible knowledge in an algorithm-driven
environment. The increasing reliance on computational tools raises questions about the role
of human agency, editorial authority, and the ethics of automated decision-making.

Scholars such as Diakopoulos (2015) emphasize the need for algorithmic
accountability, highlighting the importance of transparency in automated systems. Similarly,
Lewis, Guzman, and Schmidt (2019) conceptualize journalism as a form of human-machine
communication, where journalists collaborate with intelligent systems rather than compete
with them. Thurman, Lewis, and Kunert (2019) further note that automation introduces both
opportunities for efficiency and risks related to editorial control and professional
independence.

Within the African context, these transformations are particularly complex. While Al
offers opportunities for enhancing media reach, improving efficiency, and supporting
multilingual content production, it also exposes deep structural inequalities in technological
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access and infrastructure. Many African media organizations face challenges such as limited
funding, inadequate digital infrastructure, and dependence on Al technologies developed in
the Global North.

Furthermore, the adoption of automation raises important questions about cultural
representation and epistemic justice. If Al systems are trained primarily on non-African
datasets, there is a risk that African perspectives, languages, and narratives may be
underrepresented or misrepresented. This highlights the need for a decolonial approach to Al
in journalism—one that prioritizes local knowledge systems and cultural contexts.

This study therefore examines automation in news production as both a technological
innovation and a socio-cultural phenomenon. It seeks to understand how Al is reshaping
newsroom practices, redefining journalistic roles, and challenging traditional notions of
authority, credibility, and ethics. By situating the analysis within the African context, the
study contributes to ongoing debates about the future of journalism in an increasingly
automated world.

Statement of the Problem

The integration of artificial intelligence and automation into news production has
created significant uncertainty regarding the preservation of core journalistic values. While
automation offers clear benefits in terms of speed, efficiency, and scalability, it also raises
critical concerns about accuracy, transparency, and accountability principles that are
fundamental to credible journalism (Diakopoulos, 2015).

One of the most pressing issues is the opacity of algorithmic systems. Automated news
production often operates as a “black box,” where the processes through which information
is gathered, analyzed, and transformed into news content are not easily understood by
journalists or audiences. This lack of transparency complicates efforts to ensure
accountability and undermines public trust in media institutions (Broussard, 2018).

In addition, automation is disrupting the traditional role of journalists as gatekeepers
of information. Historically, journalists were responsible for selecting, verifying, and
presenting news to the public. However, with the introduction of algorithmic systems, these
responsibilities are increasingly shared with machines. This shift raises concerns about
professional autonomy, editorial control, and the future relevance of human journalists
(Carlson, 2015).

The situation is further complicated in African media environments, where structural
challenges such as limited technological infrastructure, inadequate funding, and dependence
on foreign Al systems persist. These conditions not only hinder the effective adoption of
automation but also risk reinforcing global inequalities in knowledge production and
dissemination.

Despite the growing importance of automation in journalism, there remains a significant gap
in research focusing on its implications within the African context. Most existing studies are
centered on Western media systems, leaving important questions about local adaptation,
cultural relevance, and ethical considerations largely unexplored.

This study addresses this gap by examining how automation is transforming news production
and journalistic roles in Africa, with particular attention to ethical, professional, and
epistemological challenges.

Conceptual Review
The transformation of journalism through automation and artificial intelligence (AI) has
generated significant scholarly attention, particularly in understanding how technological
systems interact with professional practices. To effectively examine automation in news
production and the changing role of journalists, this study adopts key conceptual variables,
including automation in journalism, imagined affordances, journalistic roles, and audience
engagement. Each of these concepts provides a distinct but interconnected lens for analyzing
how Al is reshaping contemporary media environments.
Automation in News Production

Automation in news production refers to the use of algorithms, machine learning, and
natural language generation technologies to perform journalistic tasks such as data
collection, content creation, editing, and distribution (Graefe, 2016). It represents a
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significant shift from traditional journalism, which relied primarily on human labor and
editorial judgment.

Initially, automation was limited to structured and repetitive reporting, such as
financial updates, sports summaries, and weather forecasts. However, advancements in Al
technologies have expanded its application to more complex journalistic functions, including
investigative data analysis, real-time reporting, and personalized content delivery
(Diakopoulos, 2019). This evolution has transformed newsroom workflows, enabling faster
production and broader content coverage.

Despite these advantages, automation raises important concerns about accuracy,
transparency, and accountability. Automated systems rely heavily on data inputs and
algorithmic processes, which may introduce errors or biases if not properly monitored. As a
result, the integration of automation into journalism requires careful consideration of its
implications for professional standards and ethical practices.

Imagined Affordances

The concept of imagined affordances provides a critical framework for understanding
how journalists interact with Al technologies. Traditional affordance theory focuses on the
functional possibilities offered by technology, but it has been criticized for overlooking the
role of user perception (Nagy & Neff, 2015). Imagined affordances address this limitation by
emphasizing how users interpret and assign meaning to technological tools based on their
expectations, experiences, and social contexts.

A key component of imagined affordances is perception of possibility, which highlights
how journalists view Al either as an opportunity or a threat (Davis, 2023). Journalists who
perceive automation as beneficial are more likely to adopt it, while those who see it as a risk
to their professional roles may resist its use. This perception significantly influences the
extent and manner of Al integration in newsrooms.

Another important dimension is social context and interpretation, which underscores
the role of institutional and cultural factors in shaping technological adoption (Carlson,
2018). Newsroom policies, organizational culture, and professional norms all influence how
journalists use automation. In African media environments, these factors are further shaped
by infrastructural constraints and varying levels of technological literacy.

The concept also includes dynamic interaction, which refers to the continuous
relationship between journalists and technological systems (McNair, 2017). Automation is
not a static tool but part of an evolving process where journalists adapt to and shape
technological use. This interaction highlights the collaborative nature of modern journalism,
where human and machine contributions are integrated.

Furthermore, influence on news practices examines how perceptions of Al affect
journalistic routines (Broussard et al., 2019). When automation is perceived as reliable, it
can lead to increased dependence on algorithmic systems, potentially altering traditional
practices and professional standards.

Finally, audience engagement reflects how audiences interact with automated news
content (Hermida, 2010). Digital platforms allow audiences to actively participate in news
consumption, and their perceptions of Al-generated content influence its credibility and
acceptance.

Changing Role of the Journalist

The role of the journalist has undergone significant transformation with the
introduction of automation. Traditionally, journalists functioned as gatekeepers, responsible
for selecting, verifying, and presenting information to the public (Shoemaker & Vos, 2009).
However, the rise of Al has redefined this role, shifting it toward a more collaborative and
supervisory function.

Journalists are increasingly required to work alongside automated systems,
interpreting outputs, verifying information, and ensuring adherence to ethical standards
(Lewis, Guzman, & Schmidt, 2019). This shift has led to the emergence of what is often
described as augmented journalism, where human expertise is complemented by machine
efficiency.

In addition, journalists are now expected to possess new skills, including data
analysis, algorithmic literacy, and technological proficiency. This transformation reflects a
broader change in professional identity, as journalists move from being sole content creators
to becoming mediators between technology and audiences.
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Audience Engagement in Automated Journalism

Audience engagement is a critical variable in understanding the impact of automation
on journalism. The digitalization of media has transformed audiences from passive recipients
of information into active participants who interact with news through comments, shares,
and other forms of engagement (Hermida, 2010).

In automated journalism, audience engagement is influenced by perceptions of
credibility and transparency. If audiences are aware that content is generated by Al, it may
affect their trust and willingness to engage with it. Conversely, if automated content is
perceived as accurate and reliable, it can enhance audience interaction and expand the reach
of news organizations.

In African contexts, audience engagement is shaped by factors such as internet
accessibility, digital literacy, and cultural attitudes toward technology. These factors play a
crucial role in determining how automated journalism is received and its overall impact on
media systems.

The concepts discussed above provide a comprehensive framework for analyzing
automation in news production and the changing role of journalists. By examining
automation, imagined affordances, journalistic roles, and audience engagement, this study
highlights the complex interplay between technology, professional practice, and social
context. These variables collectively explain how Al is transforming journalism and shaping
its future in both global and African contexts.

Empirical Review

Empirical studies on automation in news production show clearly how technology is
changing the way journalism is practiced and how journalists carry out their roles. One of
the early studies by Nicholas Diakopoulos looked at how algorithms are used in newsrooms.
He found that while automation makes data-driven reporting faster and more efficient, it also
raises concerns about transparency, especially when audiences do not know how the news
content is produced. His work points to the importance of being open about how automated
systems are used in order to maintain public trust.

In a similar way, research by Seth C. Lewis shows that automation is not completely
replacing journalists but is instead changing what they do. His findings explain that
journalists now work more closely with automated systems, particularly in areas like data
analysis and content production. This has created a new kind of working relationship in the
newsroom, where both human input and technology are important.

Further studies by Neil Thurman, Seth C. Lewis, and Jessica Kunert also support this
idea. Their research shows that many media organizations use automation mainly for routine
news stories. While this helps to speed up production and reduce costs, it also brings
concerns about who is in control of the content and whether journalists are losing some of
their independence. They observed that journalists often supervise the work done by
automated systems to ensure it is accurate and suitable for publication.

More recent research by Wasdahl and Srinivasan (2026) shows that automation is
now affecting how newsrooms are organized and how work is done. Although it makes
processes easier, it can also create uncertainty for journalists and raise doubts about the
authenticity of the news. Overall, these studies show that while automation has clear
advantages, it also comes with important challenges that journalism must address.
Theoretical Framework
This study is grounded in three key theoretical perspectives that provide a comprehensive
understanding of automation in journalism.

Technological determinism suggests that technological innovations drive social and
cultural change. In the context of journalism, this perspective views Al and automation as
transformative forces reshaping newsroom practices, professional norms, and audience
engagement (McLuhan, 1964). Automation influences not only how news is produced but also
how it is consumed and understood.

However, critics argue that technological determinism overemphasizes the role of
technology while neglecting human agency and social context. While automation introduces
new possibilities, its impact is mediated by institutional practices, cultural values, and
regulatory frameworks.

The SCOT framework emphasizes that technology is shaped by social, cultural, and
institutional factors (Bijker et al., 1987). In journalism, this means that the design and use
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of Al systems are influenced by newsroom practices, professional norms, and societal
expectations. This perspective is particularly relevant in Africa, where local conditions
significantly shape how automation is adopted and used. It highlights the importance of
developing context-specific technologies that reflect African realities.

Gatekeeping theory explains how information is filtered before reaching the public
(Shoemaker & Vos, 2009). With automation, gatekeeping is no longer solely a human function
but is increasingly performed by algorithms. This shift raises concerns about bias,
accountability, and transparency, as algorithmic decisions may not always align with
journalistic ethics.

Discussion of Findings

The findings of this study reveal that automation is significantly transforming
journalism, not only in terms of newsroom operations but also in redefining the role of
journalists and the nature of news production. These transformations can be effectively
understood through the conceptual variables discussed in this study.

First, the findings indicate that automation in news production has greatly improved
efficiency and speed. Automated systems enable news organizations to produce and
distribute content rapidly, particularly in data-driven reporting areas. However, this efficiency
comes with challenges related to accuracy and accountability, as reliance on algorithms may
introduce errors or biase if not properly monitored.

Second, the concept of imagined affordances helps explain how journalists respond to
automation. The findings show that journalists’ perceptions of Al significantly influence its
adoption. Those who view automation as beneficial are more likely to integrate it into their
work, while those who perceive it as a threat may resist its use. This demonstrates that
technological impact is shaped by human interpretation rather than determined solely by
technological capabilities.

Third, the findings highlight the changing role of the journalist. Journalists are no
longer solely responsible for producing news content but are increasingly involved in
supervising and interpreting automated outputs. This shift reflects a move toward hybrid or
augmented journalism, where human and machine contributions are combined. While this
enhances efficiency, it also raises concerns about professional identity and the potential loss
of traditional journalistic skills.

Furthermore, automation has a significant influence on news practices, altering how
news is produced, edited, and distributed. Journalists are required to adapt to new workflows
and acquire technological skills, which can create both opportunities and challenges. While
automation streamlines processes, it may also lead to over-reliance on technology, potentially
affecting editorial independence.

Finally, audience engagement plays a crucial role in shaping the impact of
automation. The findings suggest that audience trust is closely linked to transparency. If
audiences are aware of and understand the role of Al in news production, they are more likely
to trust and engage with the content. However, lack of transparency may lead to skepticism
and reduced credibility.

The findings demonstrate that automation is a complex and multifaceted
phenomenon that reshapes journalism at multiple levels. Its impact is not determined solely
by technology but by how it is perceived, interpreted, and integrated within specific social
and professional contexts. To ensure the sustainability of journalism, it is essential to balance
technological innovation with ethical responsibility and human oversight.

Conclusion

This study has examined the growing integration of automation and artificial
intelligence in news production and its implications for the changing role of journalists. The
analysis reveals that automation is no longer a peripheral tool but a central component of
contemporary journalism, fundamentally transforming how news is gathered, processed, and
disseminated. Through the application of key conceptual variables such as automation,
imagined affordances, journalistic roles, and audience engagement, the study provides a
comprehensive understanding of how technological innovation is reshaping the media
landscape.

One of the major conclusions of this study is that automation significantly enhances
efficiency and productivity in newsrooms. Automated systems enable the rapid generation of
content, particularly in data-driven reporting, thereby allowing media organizations to meet
the demands of a fast-paced digital environment. However, this efficiency is accompanied by
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critical challenges related to accuracy, transparency, and accountability. The reliance on

algorithmic systems introduces risks of bias and errors, which may undermine the credibility

of news if not properly managed.

The study also concludes that the role of the journalist is undergoing a profound
transformation. Rather than being replaced by technology, journalists are increasingly
repositioned as supervisors, interpreters, and ethical gatekeepers of automated content. This
shift reflects the emergence of a hybrid model of journalism, where human expertise and
machine capabilities are combined. While this transformation creates opportunities for
innovation, it also raises concerns about professional identity, skill requirements, and the
future of journalistic labor.

Furthermore, the concept of imagined affordances highlights that the impact of
automation is shaped by how journalists perceive and interpret Al technologies. These
perceptions influence the extent to which automation is adopted and integrated into
newsroom practices. Similarly, audience engagement plays a critical role in determining the
success of automated journalism, as trust and credibility remain essential to media
consumption.

In the African context, the study underscores the importance of addressing structural
challenges such as limited technological infrastructure, digital inequality, and dependence
on externally developed Al systems. Without deliberate efforts to localize and contextualize
these technologies, automation may reinforce existing inequalities in global knowledge
production.

In conclusion, automation represents both an opportunity and a challenge for
journalism. Its successful integration depends on achieving a balance between technological
innovation and the preservation of core journalistic values. The future of journalism will be
defined not by the replacement of human journalists, but by their ability to adapt, collaborate
with technology, and uphold ethical standards in an increasingly automated media
environment.

Recommendations

Based on the finding of this study, it is therefore recommended that:

1. Media organizations should ensure transparency by clearly disclosing when and how

automation is used in news production.

2. Journalists should undergo continuous training in artificial intelligence tools, data

analysis, and digital newsroom technologies.

3. Editorial control should remain with human journalists to verify automated content and

maintain accuracy and accountability.

4. Governments should establish clear ethical and regulatory frameworks guiding responsible

use of artificial intelligence in journalism.

S. African media institutions should invest in locally developed Al systems that reflect

indigenous knowledge and cultural contexts.

6. Collaboration between journalists, researchers, and technology developers should be

strengthened to create ethical and context-sensitive automation tools.

References

Diakopoulos, N. (2019). Automating the News: How Algorithms Are Rewriting the Media.
Harvard University Press.

Diakopoulos, N. (2015). Algorithmic accountability: Journalistic investigation of
computational power structures. Digital Journalism, 3(3), 398-415.

Guzman, A. L. 2018. “What is Human-Machine Communication, Anyway?” In Human-
machine Communication: Rethinking Communication, Technology, and Ourselves,
edited by A. L. Guzman, 1-28. New York, NY: Peter Lang.

Guzman, A. L., and S. C. Lewis. 2020. “Artificial Intelligence and Communication: A Human-—
Machine Communication Research Agenda.” New Media & Society 22 (1): 70-86.
https://doi.org/10.1177/ 1461444819858691.

Lewis, S. C., & Westlund, O. (2015). Big data and journalism: Epistemology, expertise,
economics, and ethics. Digital Journalism, 3(3), 447-466.

Lewis, S. C., Guzman, A. L., & Schmidt, T. R. (2019). Automation, journalism, and human-
machine communication. Digital Journalism, 7(4), 409-427.

Thurman, N., Lewis, S. C., & Kunert, J. (2019). Algorithms, automation, and news: New
directions in computational journalism. Digital Journalism, 7(8), 1079-1088.

102



Book of Proceedings for WAACLALS 9™ International Conference 2026

Hermida, A. 2010. “Twittering the News: The Emergence of Ambient Journalism.” Journalism
Practice 4 (3): 297-308.

Kunert, J. (2019). Automating journalism: News production, distribution, and consumption.
In N. Thurman, S. C. Lewis, & J. Kunert (Eds.), Algorithms, automation, and news.
Routledge.

Carlson, M. (2015). The robotic reporter: Automated journalism and the redefinition of labor,
compositional forms, and journalistic authority. Digital Journalism, 3(3), 416-431.

Anderson, C. W. (2013). What aggregators do: Towards a networked concept of journalistic
expertise. Digital Journalism, 1(1), 100-118.

Van Dalen, A. (2012). The algorithms behind the headlines: How machine-written news
redefines the core skills of human journalists. Journalism Practice, 6(5-6), 648-658.

Graefe, A. (2016). Guide to automated journalism. Tow Center for Digital Journalism, Columbia
University.

Clerwall, C. (2014). Enter the robot journalist: Users’ perceptions of automated content.
Journalism Practice, 8(5), 519-531.

Broussard, M. (2018). Artificial unintelligence: How computers misunderstand the world. MIT
Press.

Wasdahl, J., & Srinivasan, S. (2026). Generative Al and newsroom transformation: Workflow,
identity, and authenticity challenges in modern journalism. First Monday.

Pavlik, J. V. (2013). Innovation and the future of journalism. Digital Journalism, 1(2), 181-
193.

Wahl-Jorgensen, K. (2020). Emotional journalism and the implications of automation.
Journalism Studies, 21(9), 1235-1252.

103



